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Abstract 

Existing research literature shows that mental health care services are under-utilized 

among individuals who have mental health problems. In Canada, it is estimated that only 

40% of individuals who have mental health problems are provided with mental health 

care. Although some past research have examined predictors of mental health care 

utilization, there are gaps in our knowledge of how these predictors interact with one 

another and how these predictors specifically affect mental health care utilization in 

Canada. In this study, data from the 2007/2008 Canadian Community Health Survey 

(CCHS) were used with the goal of developing a more accurate picture of trends in 

mental health issues and care in Canada (N = 131,061, weighted N = 28,030,943). 

Guided by Andersen’s Behavioural Model of Health Care Use (2008), associations were 

examined between mental health care utilization (i.e., consultation with a psychologist, 

accessing mental health care services, and receiving care from a mental health specialist) 

and contextual factors (e.g., province of residence, health region), predisposing individual 

characteristics (e.g., gender, age, minority status), individual enabling factors (e.g., 

employment, income), individual need (i.e., stress, mental health well-being), general 

health behaviours (e.g., number of consults with health professional), and outcomes 

factors (e.g., satisfaction, difficulties getting services) were explored. Associations were 

observed between mental health care utilization and a variety of variables across most of 

the categories proposed by Andersen (2008). When tested as a model, the group of 

variables related to need generally showed the strongest influence on utilization. 

However, when examining individual variables contributing to the model, four predictors 

(perceived mental health, physician visits, income, and age) generally made the largest 
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contributions to the models. These predictors represented factors proposed in 

Andersen’s model. The models were statistically significant, however, both models were 

limited in the amount of variation explained for consultation with a psychologist and 

receiving mental health care (Nagelkerke R
2
  = .145 and Nagelkerke R

2
  = .271 

respectively). Clinical and theoretical implications and future research directions are 

discussed.   
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1. INTRODUCTION 

 Utilization is an important consideration for any organization that provides a 

service. Who is using the service? Are the people that want or need the service the most 

able to access it? If not, what are the barriers those potential users face? The utilization of 

health care services and mental health care services has been a topic of interest for 

researchers across multiple disciplines (Department of Health Services, 2009). Although 

numerous factors associated with service utilization (e.g., sex, age, SES) have been 

reported consistently in various studies both within Canada and the United States, there 

also exist differences in how these factors influence utilization. Similarly, although the 

systems of health care in Canada and the United States are quite different in nature (i.e., 

public versus private), there exist both commonalities and differences with regards to 

who is using mental health care within these two systems (Sareen et al., 2007; Vasiliadis, 

Lesage, Adair, Wang, & Kessler, 2007).  

 Examination of data collected for the Canadian Community Health Survey 

(CCHS) provides the opportunity to uncover trends in the mental health and mental 

health care utilization in Canada and to offer a clearer picture of the many issues related 

to utilization. With a large and stratified sample of over 130,000 Canadians, it is believed 

that any inference made to the Canadian population through the exploration and analysis 

of these data can be made with confidence. Further, having recently been released, data 

from the 2007/2008 version of the CCHS have not yet been thoroughly examined by 

researchers. 

 There were two phases to this project. The first phase involved exploring the 

CCHS data in an attempt to capture the status of mental health among Canadians and 
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mental health services across Canada. With the wealth of data available for analysis, 

there was a unique opportunity to not only explore various factors associated with mental 

health and mental health service utilization, but also to make accurate estimates of 

prevalence of these issues within the Canadian population. In this first phase, several 

factors and their relationship to mental health care utilization were explored.  

 Guided by Andersen’s Behavioural Model of Health Services Use (2008), these 

factors were then divided into four general categories: contextual factors (e.g., 

geographic location, health region), individual characteristics (e.g., age, sex, perceived 

mental health status, BMI), health behaviours (e.g., lifestyle, routine check-ups), and 

outcome factors (e.g., satisfaction with health care). Within the individual characteristics 

category, variables were further divided into three sub-categories: predisposing factors 

(e.g., age, gender); enabling factors (i.e., financial status, type of medical coverage); and 

need factors (both perceived and evaluated need). Within this initial phase, the following 

hypotheses derived from the literature review (discussed below) were tested: 

 Amongst contextual factors, rural living and residence in the smaller provinces 

(i.e., Maritimes) and territories would be associated with reduced mental health 

care utilization.  

 Within the predisposing individual characteristics, female gender, middle age, 

unmarried status, and Caucasian ethnicity would be associated with increased 

mental health care utilization. 

 Higher income, English and/or French language skills, and expanded health 

insurance coverage would be the enabling individual characteristics associated 

with increased mental health care utilization. 
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 Amongst the individual characteristics associated with need, increased 

perceived life stress, lower self-esteem, and BMI levels outside the normal range 

(i.e., increased likelihood of disordered eating) would be associated with an 

increased need and utilization of mental health services. 

 Positive general health behaviours (i.e., eating more fruits and vegetables, less 

frequent medical visits, exercising, and reduced sedentary activity) were predicted 

to be associated with decreased use of mental health services.  

 Within the outcome factors category, reported dissatisfaction and poor rating of 

previous health services were predicted to be associated with reduced mental 

health care utilization.  

The second phase of this project took the information learned from the first phase 

to develop a model of mental health care service utilization in Canada. In this phase, a 

model based on the Behavioural Model of Health Service Use (Andersen, 2008) was 

tested to examine the extent to which factors across three main categories
1
 (i.e., 

contextual, individual, and health behaviour) predicted mental health care use in Canada. 

Which factors have more influence on utilization and which factors have less or no 

influence?  

It has been suggested that developing strategies to address barriers to care is a 

critical task for both administrators and clinicians (Henshaw & Freedman-Doan, 2009). 

With a better understanding of the factors associated with mental health care utilization in 

                                                 
1
 There was insufficient data to test the fourth category proposed by Andersen (2008), 

outcome factors. 
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Canada, there is the potential to help guide health care policies (provincial, regional, or 

departmental) to better serve the public (Hunsley, Lee, & Aubry, 1999). This study 

contributes to the knowledge about what factors are associated with mental health care 

utilization in Canada and what potential barriers should be the focus of policy changes 

related to mental health care.   
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2. LITERATURE REVIEW 

The face of mental health care in North America has changed drastically in the 

past half century. As a result of deinstitutionalization, mental health care moved from 

long-term hospitalization to an outpatient-based model of service delivery (Pescosolido, 

Wright, Alegria, & Vera, 1998; Vasiliadis et al., 2007). Despite this change and other 

gains in mental health care services, numerous studies have demonstrated that mental 

health care services have failed to meet the needs of many people with psychological 

disorders (Hanson, Houde, McDowell, & Dixon, 2007; Henshaw & Freedman-Doan, 

2009; Hunsley et al., 1999; Leaf et al., 1988; Sareen et al., 2007). Further, there is limited 

understanding on how this move to community care influences initial and continued use 

of care (Pescosolido et al., 1998). Those in need of mental health care are often not 

receiving care; if they do receive care, they are not obtaining it soon enough. Considering 

that the length of time between the onset of the disorder and receipt of effective treatment 

has been shown to have an effect on treatment outcome, the importance of providing 

effective treatment earlier is crucial to improve outcomes (Aisbett, Boyd, Francis, 

Newnham, & Newnham, 2007).  

A rule of thumb is that one in five people will suffer from some form of mental 

disorder in their lifetime and that only half of those will receive help (Lesage et al., 

2006). Exploring data from cycle 1.2 of the CCHS, Lesage and colleagues examined 

mental health and mental health service in utilization in Canada in 2002. Data collected at 

that time focused on the mental health and well-being of 36,984 Canadian respondents. 

Of those surveyed, 10.9% (approximately 3,700 individuals) reported some form of 

mental health disorder within the previous year. Approximately 40% of those people 
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sought some form of help from a mental health care professional (e.g., physician, 

psychologist, nurse). That means the majority of respondents (60%) who reported 

suffering from mental health issues in the previous year had not received any treatment 

for their condition (Lesage et al., 2006).  

A lack of mental health care was also reported in a study that explored utilization 

by HIV-positive patients (Taylor, Burnam, Sherbourne, Andersen, & Cunningham, 

2004). Almost 30% of HIV-positive patients who required additional mental health care 

did not receive any form of therapy. This lack of care for those in need has also been 

reported for school-aged children. Of the 10% of children and adolescents that suffer 

from moderate to severe mental health problems, less than half receive the care they 

require (Power, Eiraldi, Clarke, & Mazzuca, 2005). It has been suggested that a lack of 

mental health treatment has many costs associated with it. In addition to the personal 

costs for individuals’ personal lives and the lives of their families, there are the economic 

costs associated with the overuse of primary care services for medical disorders that 

result from untreated mental disorders, loss of productivity in the workplace, and loss of 

wages (Henshaw & Freedman-Doan, 2009; Lim, Jacobs, Ohinmaa, Schopflocher, & 

Dewa, 2008).  

As a result of a limited number of studies with regards to mental health care 

utilization specifically, the following sections will highlight theories of and findings for 

both general health care and mental health care service utilization. These findings were 

used to guide the initial model of utilization of mental health care services proposed for 

this study.  
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2.1 The Behavioural Model of Health Services Use 

One model of health care utilization that has a long history and application in a 

variety of disciplines is the Behavioural Model of Health Services Use. The model 

developed by Andersen (1995, 2008) has gone through several modifications and testing 

since it was first proposed in the 1960s. This model has been applied to research in 

psychology, sociology, and health economics (Andersen, 1995). Further, the use of this 

model expands beyond health care use and it has been suggested that this model excels in 

predicting variability within psychiatric and substance abuse service utilization 

(Lemming & Calsyn, 2006).  

Initially, Andersen’s (1995) model focused more on individual- and family-level 

characteristics. Variables were divided into three categories: predisposing characteristics 

(e.g., demographic information, social structure, health beliefs); enabling resources (e.g., 

family, social factors); and need (e.g., perceived and evaluated need; Andersen, 1995). In 

addition to these components having an independent effect on the predicted use of health 

care services, they were also theorized to have an influence on each other. The initial 

model suggested that predisposing characteristics influenced enabling resources, which in 

turn influenced need. However, the study of health care utilization has since moved from 

a focus on predominantly individual factors towards a broader focus that takes into 

account influences by the individual, the health system, and the social environment 

(Goldsmith, 2002).  

As a result of this change to a broader understanding of the effects on health care 

utilization, the current iteration of Andersen’s (2008) Behavioural Model of Health Care 

Use (Figure 1) is more complex and is a good example of how several factors, both at 



 8 

Figure 1. Behavioural Model of Health Services Use (Andersen, 2008) 
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micro- and macro-levels, can be used in the development of a model of utilization. 

Although the initial three components (predisposing characteristics, enabling resources, 

and need) are still present in the current model, factors within the model have also been 

divided into four broad categories. The first category consists of contextual 

characteristics, or characteristics at a more macro-level. This category explores 

organizational factors that influence individual health and health care use. This category 

includes variables such as social beliefs and demographic makeup (predisposing 

characteristics), health policies and organizational finances (enabling resources), and 

population health indices and environmental characteristics (need; Andersen, 2008). 

The second category of variables falls into the individual characteristics category 

and includes more micro-level elements. This category consists of factors that were the 

focus of earlier utilization research, including demographic information, social factors, 

and personal beliefs (predisposing characteristics), personal and family finances 

(enabling resources), and perceived and evaluated health (need). In addition to 

influencing an individual’s health behaviours, these variables are influenced by the 

contextual characteristics as well as the individual’s health behaviours and health care 

outcomes. For example, an individual’s beliefs about health and health care are 

influenced by the society in which they live and the system available to them (contextual 

characteristics). These beliefs will play a role in an individual’s health practices and 

health care use (health behaviours). The outcome of health care use will in turn influence 

an individual’s beliefs about their health and the health care system available to them 

(Andersen, 2008). 

The third category consists of health behaviours and includes variables associated 
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with the individual’s personal health habits (e.g., personal health practices, process of 

medical care, use of personal health services; Andersen, 2008). These behaviours are not 

only influenced by the individual’s beliefs (i.e., individual characteristics), but they are 

also influenced by contextual characteristics (e.g., government anti-smoking campaign, 

availability of exercise equipment at work). Health behaviours can also be influenced by 

outcome variables or variables associated with an individual’s experience with the health 

care or mental health care system. Not only can these outcome variables include 

evaluated health, but also a patient’s satisfaction with their experience of the system. If a 

patient has a negative experience when they first meet a mental health professional, they 

may be less likely to seek therapy should their symptoms re-emerge. 

2.2 Factors Associated with Health Care and Mental Health Care Utilization 

As observed in Andersen’s (2008) Behavioural Model of Health Services Use, 

several factors have been identified as being related to health care utilization. These 

factors range from micro-level (i.e., individual) behaviours and characteristics to macro-

level (i.e., systematic or organizational) factors (Hanson et al., 2007). From this model, 

the three original variable groupings (i.e., predisposing characteristics, enabling factors, 

and need) have often been used in guiding research (Leaf et al., 1988). However, as 

reported above, the Behavioural Model Health Services Use has gone through several 

changes over the past few decades and its current iteration further categorizes variables 

into groups of contextual characteristics, individual characteristics, health behaviours, 

and outcomes (Anderson, 2008). A review of the research focusing on these factors is 

provided in the following sections.  
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2.2.1  Contextual factors. Contextual factors, unlike individual 

characteristics and health behaviours, generally fall outside of the individual level. Often 

these factors are more systemic in nature, and relate to accessibility and availability of 

health services (e.g., health insurance, service availability, health policies). In other 

words, these factors are related to where you live more so than whom you are.  

Health insurance coverage and its effects on utilization have received extensive 

research interest. When compared to Canadians who are covered under national health 

care insurance, Americans with their private health care system are one-third less likely 

to have a regular medical doctor, 25% more likely to have medical needs that are not 

being met, and over two times more likely than Canadians not to have access to 

prescription medication (Lasser, Himmelstein, & Woolhandler, 2006). With regards to 

mental health, Americans with no medical coverage are more likely than Canadians and 

Americans with private coverage to report unmet mental health care needs (Vasililiadis et 

al., 2007).  

Having health care coverage does not always result in greater access to 

specialized services. In a study of HIV-positive patients, Taylor and colleagues (2004) 

reported that privately insured patients faced more barriers to receiving specialized 

mental health care than people with disabled employment status covered under Medicare. 

The findings of this study suggest that even when Americans are covered by health 

insurance, private insurance companies can be reluctant to approve coverage for their 

clients to receive specialized mental health care (Taylor et al., 2004). 

In examining a publicly run health care system such as that in Canada, it is 

expected that the differences in health care utilization based on personal income observed 
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in studies of the privatized health system in America would not be replicated in 

Canada. However, there exist conflicting findings on disparities based on socioeconomic 

status (SES) with regards to mental health care utilization in Canada’s universal health 

care system (Steel, Glazier, & Lin, 2006). Therefore, even with universal health care 

coverage, income still appears to be a factor in health care and mental health care 

utilization.  

Mental health services covered by the Canadian Mental Health Act are often 

limited in availability and can require Canadians to pay out of their own pockets in order 

to receive timely care (Vasiliadis et al., 2007). Compared to Canadians, Americans have 

been shown to be more likely to use specialized mental health care services in lieu of a 

general practitioner for their mental health needs. It has been suggested that this finding 

could be the result of differences in cultural belief systems, but could also be due to 

policies that guide Canadian general practitioners to act as gatekeepers for referrals to 

specialized services (Vasiliadis et al., 2007). 

Geographic location is another contextual characteristic that has been associated 

with health service utilization. Based on the data from the CCHS – version 1.2, it was 

estimated that approximately 10% of Canadians had received some form of mental health 

care in the previous year (Lesage et al., 2006). There was variation in utilization rates 

across provinces, however, with residents in Newfoundland and Labrador having the 

lowest rate of use (6.7%), and residents of both British Columbia and Nova Scotia 

reporting the highest rates (11.3%; Lesage et al., 2006). Other studies have reported 

variations in mental health service utilization across cities in Canada. Bland and 

colleagues (2006) reported that 13% of the respondents in their study in Edmonton 
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reported using mental health services in the previous year (as cited in Lefebvre, 

Lesage, Cyr, Toupin, & Fournier, 1998). On the other hand, it was estimated using data 

from the Ontario Mental Health Survey that only 7.8% of Ontario residents between the 

ages of 15 and 64 had used mental health services in the year prior to the study (as cited 

in Lefebvre et al., 1998). 

Rural verses urban living is another contextual factor related to utilization; living 

in a rural community has a negative effect on mental health care utilization. One-in-five 

Canadians live in rural areas and many must travel to receive specialized mental health 

care (Hunsley, Ronson, & Cohen, 2012). Although rural people with intellectual 

disabilities are at a higher risk for developing a psychiatric disorder, for example, a 

limited amount of specialized services exist for this population. As a result, long waiting 

times and an inability to provide proper care are significant barriers to access for this 

population (Lunsky, Garcin, Morin, Cobigo, & Bradley, 2007). Similarly, a lack of 

qualified professionals in a rural region can lead to long waiting list times and patient 

frustration resulting in reduced rates of utilization in rural communities (Aisbett et al., 

2007). In a study of clients of Child and Adolescent Mental Health Services in Australia, 

rural participants reported a lack of transportation to and from the mental health clinic as 

a primary barrier to service (Aisbett et al., 2007).   

It has been suggested that there is a greater need for mental health care in rural 

areas. A lack of mental health care professionals has resulted in less use of mental health 

care services and an increased likelihood of psychotherapeutic prescriptions for mental 

health issues (Ziller, Anderson, & Coburn, 2010). Examining the number of 

psychologists and psychiatrists within the various geographical locations across Canada, 
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between-province differences and rural-urban differences in the number of mental 

health care professionals serving the population were reported (CPA, 1999). On average, 

there was one psychologist for every 2,579 Canadians, and one psychiatrist for every 

7,939 Canadians. Overall, urban ratios were similar to the overall ratios, with one 

psychologist for every 2,195 and one psychiatrist for every 6,342 urban residents. The 

ratios increase substantially for rural regions, with rural-based psychologists and 

psychiatrists serving a far greater population (1:9,619 and 1:67,336 respectively; CPA, 

1999).  

People in smaller rural communities have also reported a fear of rural gossip 

networks and potential stigmatization as other deterrents to seeking mental health care 

(Aisbett et al., 2007). Perceived stigma of mental illness is associated with perceived 

need for and confidence in treatment in younger age groups (Golberstein, Eisenberg, & 

Gollust, 2008), as well as increased likelihood of treatment discontinuation (Sirey et al., 

2001). Despite being physically distant from their neighbours, rural inhabitants are more 

proximate socially than urban habitants, and as a result have a greater fear of their health 

and mental health issues being known by others (Aisbett et al., 2007). In contrast, fear of 

stigmatization was not a reported issue in a study that examined large-scale populations 

in the United States, Canada, and the Netherlands (Sareen et al., 2007). 

Environmental needs are another set of variables that fall under Anderson’s 

(2008) category of contextual characteristics. Location of residence can play a role on the 

experiences faced by members of different communities. Whether these experiences are 

natural (e.g., environmental disasters) or man-made (e.g., political upheaval, financial 

crisis), mental health needs can be affected by location-specific factors. Many survivors 
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suffer from mental health issues following a major disaster. In a longitudinal study 

examining mental health care utilization after a fireworks disaster in the Netherlands, 

researchers reported that disaster survivors with mental health difficulties are less 

reluctant to seek assistance from mental health care services than those with mental 

health problems under normal circumstances (Van der Velden et al., 2006). In contrast, 

following the terrorist attacks on New York in 2001, mental health care utilization 

increased within 30 days of the attacks (Boscarino, Galea, Ahern, Resnik & Vlahov, 

2002). However, despite an overall increase in utilization, other factors such as age, sex, 

existence of a previous trauma or a stressful life event in last year, whether or not they 

were involved in the rescue efforts, and the presence of panic attacks during the attacks 

were all related to an increased likelihood of mental health care service utilization 

(Boscarino et al., 2002). 

Finally, social networks, or an individual’s community, have been suggested as a 

strong determinant of health and mental health care utilization. Interaction within a social 

network not only helps individuals recognize health or mental health problems, but also 

provides social supports that could delay or eliminate the need of professional care. 

Although severity of illness influenced the likelihood of care received, a study by 

Pescosolido (1998) suggested that the greater the size and perceived support one has in 

their community reduced mental health care utilization in Puerto Rico. These findings 

present a concern that this use of lay support may delay the onset of treatment from a 

professional in more serious cases, working against the notion of early intervention 

strategies in community care models (Pescosolido, 1998).  
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2.2.2  Individual characteristics. Individual characteristics historically have 

been the best predictors of utilization (Lemming & Calsyn, 2006). The people with the 

greatest level of disorder (either physically or mentally) are generally those who require 

and utilize the most care and attention. It has also been reported that similar to general 

health care utilization, need for mental health care (i.e., presence of a psychological or 

psychiatric disorder) is still one of the best predictors of mental health care utilization 

(Lefebvre et al., 1998; Vasiliadis, Lesage, Adair, & Boyer, 2005). The following section 

reviews research that has explored the effects of individual characteristics on the 

utilization of general health care and mental health care. 

Several studies have reported that a minority of individuals make up a 

disproportionate amount of psychiatric hospital use (Chaput & Lemel, 2007). Individuals 

who suffer from more chronic and severe disorders (e.g., schizophrenia) are likely to 

utilize mental health services more often (Bonin, Fournier, & Blais, 2007; Hunsley et al., 

1999). These high users have often been reported to have the greatest level of disorder 

and therefore the greatest level of need for care. Further, more frequent visitors to a 

Montreal mental health clinic were also more likely to be functioning at a lower level 

than less frequent users (Bonin et al., 2007). 

Individuals with chronic mental health disorders were reported in one study to be 

sixteen times more likely to have received mental health care in the previous year than 

those with no known disorder. Further, respondents with a co-morbid diagnosis were 

eleven times more likely to have received mental health care (Lefebvre et al., 1998). 

Enabling factors such as accessibility of care, continuity of care, and service adequacy 

are associated with mental health care utilization among patients with severe mental 



 17 

disorders. The use of psychiatric care is strongly dependent on access to specialized 

care services (Fleury, Grenier, Bamvita, and Caron, 2011). However, as reported above, 

far too often the people who need mental health care do not or cannot access it (Hunsley 

et al., 1999). Barriers to utilization can be the result of external causes such as economic 

limitations, lack of medical insurance coverage, or issues related to access to specialized 

care (Fasoli, Glickman, & Eisen, 2010).  

In addition to actual or evaluated need, perception of needs is also an important 

predictor of health care and mental health care utilization. Other than in cases of severe 

distress, the majority of mental health care services are sought on a voluntary basis. 

Models of help-seeking behaviour have described stages individuals pass through before 

seeking mental health services. Potential patients will first experience symptoms and 

evaluate the severity and consequences of these symptoms. They will then evaluate their 

need for treatment and then decide whether to pursue treatment or not (Goldberg & 

Huxley, 1980 cited in Sareen et al., 2007). 

An individual’s perception of their mental health is a strong predictor of whether 

or not they seek treatment. In one study, individuals who rated their mental health as fair 

were over three times more likely to seek mental health care services than those who 

rated their mental health as very good in one study (Lefebvre et al., 1998). In another 

study comparing the United States, Canada and the Netherlands, attitudinal barriers (e.g., 

belief that a problem would get better on its own) were more commonly reported than 

structural barriers (e.g., long waiting lists) to seeking care (Sareen et al., 2007). 

Other individual characteristics such as age, gender (female), and marital status 

have also been shown to be good predictors of both need and utilization (Goodwin & 
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Andersen, 2002; Hunsley et al., 1999). In a study of mental health care service 

utilization by impoverished people in Montreal, socio-demographic characteristics (e.g., 

female gender and middle age), illness characteristics (e.g., substance abuse disorder), 

and social networks were all predictors of increased mental health services use (Bonin, 

Fournier, & Blais, 2007). Further, although the attacks on New York in 2001 were a 

contextual factor related to an increased use of mental health services, individual 

characteristics such as female gender, age (45-64 years of age) and previous trauma were 

also predictive of an increased use of mental health services (Boscarino, Galea, Ahern, 

Resnik & Vlahov, 2002).  

Numerous studies have demonstrated gender differences in both health care and 

mental health care service utilization, with women generally more likely to seek health 

care and mental health care (Drapeau, Lesage, & Boyer, 2005; Iron & Goel, 1998; Lesage 

et al., 2006). Despite having similar levels of mental health disorder, women have been 

shown to be more likely than men to seek mental health care services (Lefebvre et al., 

1998). There have been numerous hypotheses for why these sex differences in utilization 

exist, from the different biological needs and issues between the sexes (e.g., reproductive 

needs) to more social/psychological/behavioural differences with regards to health (e.g., 

perception of health and response to health problems; Fischer & Manstead, 2000 cited in 

Cole, Stevenson, & Rodgers, 2009). When sex is considered alone, women in Canada 

were 2.9 times more likely to use general services for mental health needs. However, 

when social anchors (e.g., profession, parenting) were also considered, differences 

between sexes often became insignificant (Drapeau, Lesage, & Boyer, 2005). In a study 

using the 1990 Ontario Health Survey data, Iron and Goel (1998) found that although 
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medical need is still the most important predictor of health service utilization, women 

were more likely than men to be admitted to hospital and to seek the advice of a 

physician even after controlling for maternity care. Further, women’s rates of hospital 

utilization were more sensitive to other predisposing characteristics (e.g., marriage, 

income, employment, and language) than utilization rates in men. These findings further 

support the belief that health care utilization is affected by more than just an individual’s 

need alone (Iron & Goel, 1998).  

Age is another predisposing individual characteristic that has been demonstrated 

to be associated to mental health care utilization. When data from CCHS - version 2.1 

were explored, both younger and older Canadians were less likely to access mental health 

services (Lesage et al., 2006). Although it has been estimated that a little less than half of 

the children and adolescents who have moderate to severe mental health issues receive 

the services they need (Power et al., 2005), a study in Australia estimated that as few as 

25% of adolescents with mental health issues seek services (Aisbett et al., 2007). It has 

been suggested that children are less likely to be seen as in need or perhaps their 

dependence on their parents reduces their likelihood of obtaining treatment.  

Older adults have been shown to endorse fewer sources of treatment than the 

younger age groups. It has also been suggested that older adults are more likely to have 

stronger religious beliefs and will use clergy for support more so than other resources in 

the health system (Pickard & Guo, 2008). In another study, older adults (70 years or 

older) in Australia were less able than younger age groups in recognizing symptoms of 

depression and schizophrenia. Similarly, younger adults (18 – 24 years) were reported to 

often misidentify symptoms of schizophrenia as depression. These misidentifications 
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could result in these age groups being less likely to perceive the need for mental health 

care (Farrer, Leach, Griffiths, Christensen, & Jorn, 2008). Similarly, in their review of 

data from the CCHS - version 2.1, Lesage and colleagues (2006) reported that many 

respondents who reported having psychological distress but did not seek treatment or 

support reported either believing they could manage the problem on their own or felt that 

nothing could help them (Lesage et al., 2006). Therefore, not only is the actual need for 

mental health services an important predictor of utilization, so too is the perceived need 

and perceived effectiveness of mental health care.  

Disparities in health care service utilization based on ethnicity have been reported 

in both the United States and Canada. Although these disparities have been demonstrated 

in both countries, it has been reported that this problem appears to be “more pronounced 

in the United States” (Lasser et al., 2006, p. 1303). In a report entitled Race, Culture, and 

Ethnicity and Mental Health (2001), former United States Surgeon General David 

Satcher highlighted the racial and ethnic disparities in both treatment and access to 

mental health treatment. He suggested that bias and unwarranted views by practitioners 

towards people of different ethnic backgrounds could be one of the causes of this 

disparity. These biases could occur at any level of the mental health care system, from the 

practitioner to the community (as cited in Snowden, 2003). Bias towards health care 

amongst ethnic groups has also been hypothesized. Researchers have suggested that a 

distrust of the world outside of the family has contributed to decreased health care 

utilization amongst ethnic minority groups (Pescosolido, 1998).   

Several studies have shown that ethnic minorities with a higher level of adoption 

of American culture report a greater prevalence of substance abuse and psychological 
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problems. However, these Americanized minorities also demonstrate a greater 

likelihood than non-Americanized minorities (yet still less likely than Caucasians) of 

receiving treatment (Folsom et al., 2007). In other words, people of ethnic minorities who 

adopt a more American culture report higher rates of mental health problems and utilized 

mental health services more than ethnic minorities who maintain their culture of birth.  

In the United States, differences in points of first contact for mental health care 

services between English-speaking Latinos and Spanish-speaking Latinos were more 

evident than the differences between Caucasians and English-speaking Latinos (Folsom 

et al., 2007). Spanish-speaking Latinos were less likely to make first mental health care 

contact through the emergency department or prison system, but more likely to enter 

through outpatient services. These findings have led some to suggest that language more 

so than ethnicity plays a role in first contact with mental health care services use. In other 

words, language barriers are more important than cultural barriers with regards to 

accessing mental health care services. 

Within Canada, ethnic-based differences in the type of health services utilized 

have also been reported. Although there was no difference in the rate of use of general 

physicians or specialized services, people of ethnic minorities were less likely to have 

used hospital care and cancer screening services (Quan et al., 2006). These differences 

have led researchers to suggest that although language and cultural barriers might exist, 

people of ethnic minorities are still able to make use of many health services just as much 

as Caucasian Canadians. Further, these findings suggest that physicians showed no ethnic 

bias when referring patients to specialized services (Quan et al., 2006). 

Culture and beliefs can influence attitudes and beliefs about health and health care 
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(Cole, Stevenson, & Rodgers, 2009). In their study of Americans who served in the 

Afghanistan or Iraqi wars, Pietrzak and colleagues (2009) reported that individual 

attitudes played a strong role in whether or not veterans sought treatment. Within this 

military culture, an increased belief that seeking mental health services would result in 

stigmatization or having negative attitudes towards mental health care resulted in an 

increased belief in barriers to care and decreased use of mental health services (Pietrzak, 

Johnson, Goldstein, Malley, & Southwick, 2009). In another study that explored 

perceived stigma and treatment discontinuation, it was reported that younger patients 

perceive more stigma than older patients, but perceived stigma only influenced treatment 

discontinuation in older patients (Sirey et al., 2001).  

Personal income is another individual characteristic associated with access to 

health care or mental health care services. Income disparities are common in both the 

United States and Canada with regards to access to and quality of health care; however, 

low-income Americans are reported to have less access to quality health care services 

than low-income Canadians who are covered under universal health care (Lasser et al., 

2006). When controlling for other factors associated with SES and psychological disorder 

type, having low-income was shown to be a more common barrier to health care use in 

the United States than either Canada (Ontario) or the Netherlands, two countries that 

offer universal health care (Sareen et al., 2007).  

Homelessness and poverty have been the primary barriers of interest with regards 

to health care utilization, especially in the United States with their private health care 

system. It has been demonstrated that health is impacted directly by homelessness 

(Frankish et al., 2005 as cited in Forchuk, Brown, Schofield, & Jensen, 2008). The daily 
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struggle for nourishment and shelter tend to overshadow the pursuit of health care by 

the homeless (Folsom et al., 2005). However, Forchuk and colleagues (2008) question 

whether or not the homeless have more needs (i.e., mental and physical health problems) 

because they are homeless or because more vulnerable people are more likely to become 

homeless. Past studies have found that other factors such as gender (males), ethnicity 

(visible minority), and substance abuse problems are associated with an increased risk of 

homelessness (Folsom et al., 2005). 

Impoverished individuals have a higher need for mental health services than the 

general population, yet they are still less likely to receive help (Bonin, Fournier, & Blais, 

2007; Folsom et al., 2005; Jones et al., 2003). Folsom and colleagues (2005) reported that 

homeless participants were ten times more likely than non-homeless respondents to 

utilize crisis residential treatment and four times more likely to use emergency or 

inpatient psychiatric hospitalization. In an earlier study, Fournier (2001) reported that 

60% of people using services for the homeless had a history of mental disorder in their 

lifetime, with 72% of that group reporting having suffered from a serious disorder in the 

previous year. However, over half of those homeless who suffered from a serious 

disorder in the previous year reported that they did not receive mental health services 

(Fournier, 2001 as cited in Bonin, Fournier, & Blais, 2007).  

2.2.3  Health behaviours. The literature with regards to the relationship 

between health behaviours and mental health care utilization is limited. In exploring the 

effects of health behaviour and belief on mental health care utilization, Henshaw and 

Freedman-Doan (2009) used Rosenstock’s Health Belief Model as a guide. Originally 

developed to explain why individuals do not use preventative health measures for the 
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early detection of diseases, this theory suggested the extent that an individual engages 

in a given health-related behaviour is dependent on the degree of their perceived 

susceptibility to the disease, the perceived severity of the disease, the perceived benefits 

of the treatment, and perceived barriers to treatment (Henshaw & Freedman-Doan, 2009). 

For example, an individual who is concerned about the likelihood of developing a disease 

or the severity of the disease is more likely to seek medical services than someone with 

more nonchalant attitudes about the disease. Similarly, someone who does not see the 

benefit of a medical treatment (e.g., inoculation) is less likely to take the time to get the 

treatment than someone who believes that it would be beneficial.   

Based on these findings, Henshaw and Freedman-Doan (2009) suggested three 

general approaches to improving mental health care utilization. These approaches are: 1) 

increasing an individual’s perception of their chances of illness and the severity of 

symptoms, 2) removing the barriers (both physical and psychological) to obtaining 

treatment, and 3) increasing the perceived benefit in seeking help. These approaches are 

consistent with Andersen’s (2008) Behavioural Model of Health Services Use, with 

health behaviours being influenced by contextual characteristics (i.e., physical barriers to 

help), individual characteristics (i.e., perceived need), and outcomes (i.e., perceived 

effectiveness of treatment).    

2.2.4  Outcome factors. Similar to the perceived benefits or beliefs about the 

effectiveness of treatment, an individual’s actual experiences with the health care system 

can affect their future use of services. In other words, an individual who has had a 

negative experience with treatment might be reluctant to seek treatment should their 
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difficulties return. More so, an individual who had a negative experience with a 

therapist might generalize the one negative experience to therapy as a whole.  

One aspect of patient satisfaction is the nature of their relationship with their 

caregiver. However, research exploring the association between the patient-practitioner 

relationship and utilization has been limited. One study that examined the patient-

physician relationship and medical service utilization found that a patient’s opinion of the 

physician’s warmth, understanding, or honesty did not impact utilization (Lynch, 

McGrady, Nagel, & Wahl, 2007). In other words, patients’ perceptions of their health and 

health care needs had a greater impact on utilization of services than their perception of 

their physician or health care provider. With regards to mental health care, patients’ 

confidence in the competency of their caregiver has been associated with the continued 

utilization of services. Satisfaction with staff confidence was reported as one of the 

variables associated with the continuation of treatment in a study of community mental 

health centres in Austria (Berghofer, Schmidl, Rudas, Steiner, & Schmitz, 2002).  

2.3 Type of Services Received  

Although an understanding of the patients who are using mental health care 

services is important when discussing mental health care service utilization, so too are the 

types of services patients are using for their mental health care. There are many options 

for mental health care; both professional (e.g., general practitioners, psychologists, 

psychiatrists, social workers) and voluntary (e.g., support groups or religious/spiritual 

counselling). The service provider for mental health care can be both an indicator of type 

of care individuals will receive as well as the general beliefs in the population as to how 

to best deal with mental health issues. 
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A substantial proportion of mental health service is performed through general 

medical practice (Leaf et al., 1988). Analyzing data from the National Population Health 

Survey, Patten (2004) reported that 90% of individuals who suffer a major depressive 

disorder visited their family physician for treatment. Further, consultation with a health 

professional about mental health issues was shown to be a predictor of antidepressant use 

(i.e., psychopharmacological). Although the use of antidepressant medication increased 

in Canada in the 1990s, the frequency of physician consultation remained level (Patten, 

2004). These findings have led some to suggest a change in practice patterns for 

depression, with physicians prescribing antidepressant medication more often. However, 

the use of non-pharmacological treatments (e.g., psychologist, nurse, or social worker) 

also increased during that time. Despite this increase in use of non-pharmacological 

treatment, the frequency of visits to mental health professionals other than general 

practitioners remained relatively low when compared to the number of physician 

consultations (Patten, 2004). 

Based on data collected for the CCHS - version 2.1, General Practitioners (GPs) 

were seen most often for mental health concerns. The next most often seen mental health 

professionals were social workers, counsellors, or psychotherapists, followed by 

psychiatrists, then psychologists; self-help groups were used the least (Lesage et al., 

2006). This trend was consistent in all provinces except for Quebec, where psychologists 

were second only to GPs for mental health services utilized. The authors suggested that 

this deviation from the rest of Canada could be the result of different cultural beliefs in 

Quebec or an increased availability of psychologists in Quebec compared to other 

provinces in Canada (Lesage et al., 2006). Almost half of the time a GP was consulted in 
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Canada, another professional or mental health specialist was also involved (i.e., use of 

collaborative mental health care; Lesage et al., 2006). 

In a study of HIV-positive clients that received additional mental health care, just 

over half (54%) consulted with a mental health specialist whereas almost 16% received 

mental health care from their GP. Similar to previous findings in the literature, those who 

saw GPs for mental health care received fewer mental health visits than those who saw a 

specialist even when controlling for symptom severity (Taylor et al., 2004). These 

findings are consistent with previous concerns that many people in need of mental health 

care are not receiving adequate treatment for their mental health issues.  

2.4 Summary 

There have been several gains in our knowledge with regards to utilization of 

general health and mental health care. Despite these gains, there remain gaps and 

discrepancies in our understanding of the factors associated with utilization. Although 

often guided by Andersen’s Behavioural Model of Health Services Use, many studies 

have focused on one or more of the original division of factors (i.e., predisposing 

characteristics, enabling factors, and need) and not tested Andersen’s (2008) later 

divisions (i.e., contextual, individual, health behaviour, and outcome). 

Through the use of data provided by the CCHS – 2007/2008, a test of Andersen’s 

model is possible. The CCHS provides a wide range of variables to include in a model of 

mental health care utilization and enables the exploration of how these different 

categories of variables influence one another. Because health care systems vary from 

country to country, another benefit of the CCHS is that it provides an opportunity to build 

a truly Canadian model of utilization. A Canadian-focused model of utilization provides 
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the opportunity to identify how utilization is affected within our specific health care 

system. Finally, having just been released to the public, the CCHS - 2007/2008 allows the 

opportunity to test the model of utilization using the most current data available for our 

country. The following chapter outlines the methodology that was used in building this 

model of mental health care utilization.     
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3. METHODOLOGY 

3.1 Canadian Community Health Survey 

The Health Information Roadmap was proposed in response to a 1991 report 

provided by a national task force that identified several issues with the health information 

system in Canada. This Roadmap was a joint project between the Canadian Institute for 

Health Information (CIHI), Statistics Canada, and Health Canada. From this partnership 

and mandate, the CCHS was developed and launched in 2000 (Béland, 2002; Statistics 

Canada, 2006).  

The two primary goals of the CCHS were to “[p]rovide timely, reliable, cross-

sectional estimates of health determinants, health status and health system utilization 

across Canada” (Statistics Canada, 2006, p. 3) and to obtain health related data at the sub-

provincial level (i.e., by health region). In addition to the collection of data associated 

with the health of Canadians, it was hoped that the CCHS would also assist in providing a 

better understanding of how health status is related to the utilization of health care 

services. It was believed that this information could assist in guiding the development of 

public policy associated with health care in Canada (Statistics Canada, 2006). 

Data from the CCHS (specifically CCHS – 2007/2008) were used for this project. 

As a graduate student at the University of Regina, the CCHS database was available for 

use through the Data Liberations Initiative (DLI). Becoming a permanent program in 

April 2001, the primary goal of the DLI was to provide academic institutions with equal 

and affordable access to the vast amount of data collected by Statistics Canada (Statistics 

Canada, 2009a). Prior to this initiative, a project such as this would not have been 

possible due to the considerable cost to access these data.  
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3.1.1  Description of the CCHS. Originally, the CCHS was administered on 

a two-year cycle. The first year of the cycle, identified by the .1 suffix, was a large 

sample general health survey (i.e., approximately 130,000 participants); the second year 

of the cycle, identified by the .2 suffix, was a smaller sample survey (i.e., approximately 

35,000 respondents) addressing more specific topics (Béland, 2002; Statistics Canada, 

2006). In 2007, the CCHS underwent a redesign (Statistics Canada, 2009b). Two main 

objectives were listed as guiding this change. The first was to increase the content of the 

survey and the frequency of data release. Previously, CCHS data were released every two 

years. However, with the changes imposed in 2007, data are now released annually. The 

second objective was to use operational resources (e.g., staff) in a more efficient and cost 

effective manner (Statistics Canada, 2009b). 

This change in the implementation of the CCHS also resulted in a modification in 

how surveys are designated. Instead of cycling between a general population survey and a 

topical survey, both components of the CCHS began to be collected on an on-going basis. 

As a result, the “.1” and “.2” designations were dropped, with the general population 

surveys now being identified as the annual component (e.g., the CCHS – Annual 

Component, 2008 or CCHS – 2008) and the focused topic surveys now being designated 

by the topic covered (e.g., CCHS – Healthy Aging; Statistics Canada, 2009b). Data 

collected during 2007/2008 were used for this project. The CCHS – 2007/2008 consisted 

of approximately 20 minutes of core content questions and 10 minutes of theme content 

asked of all respondents (Table 1). There were also ten minutes of optional content 

questions and two minutes of optional region-selected questions (Table 2; Statistics 

Canada, 2009b). 
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Table 1  

CCHS - 2007/2008 Common Content Modules 

Core Content 

Age of respondent 
Height and weight –  

Self-reported 
Administrative information 

Alcohol use 
Maternal experiences - 

Breastfeeding 
Dwelling characteristics 

Chronic conditions 
Fruit and vegetable 

consumption 
Education 

Exposure to second-hand 

smoke 
Physical activities Income 

Flu shots Restriction of activities Labour force 

General health Smoking 
Socio-demographic 

characteristics 

Health care utilization  Pain and discomfort  

   

Theme Content 

Theme for 2007-2008: 

Healthy Living 

Theme for 2007: Health 

Services and Access Survey 

Theme for 2008: Prevention 

of Chronic Illness 

Changes made to improve 

health 
Access to health care services Blood test 

Food security Patient satisfaction – health 

care services 

PAP smear test 

Oral health 1 Mammography 

Physical activity – Facilities 

at work 
Wait times Spirometry 

Sedentary activities  Physical check-up 

  Colorectal cancer screening 
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Table 2  

CCHS - 2007/2008 Optional Content Modules 

Optional Content 

Eye examination Oral health 2 
Smoking – Stages of 

change 

Food choices PAP smear test 
Social Support – 

Availability Health care system 

satisfaction 

Patient satisfaction – Health 

care services 

Health utility index Patient satisfaction – 

Community based care 

Social Support – Utilization 

Health status Spiritual Values 

Home care services Problem Gambling Stress – Coping with stress 

Home safety Prostate cancer screening Stress – Sources 

Illicit drug use Psychological well-being 
Suicidal thoughts and 

attempts 

Injuries Stress – Recent life events Sun safety behaviours 

Insurance coverage Satisfaction with life 
Smoking – other tobacco 

products 

Mammography Self-esteem 
Use of protective 

equipment 

Mastery Sexual behaviour 
Voluntary organization – 

Participation 

Maternal experiences – 

Alcohol use during 

pregnancy 

Sleep Stress – Work Stress 

Smoking cessation methods Smoking – Youth smoking 

Maternal experiences – 

Smoking during pregnancy 

Smoking – Physician 

counselling 
 

Smoking – Nicotine 

dependence 
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The CCHS – 2007/2008 has a wide variety of variables, some of which are: 

demographic information; geographic information; general health and mental health 

status; chronic health conditions; medication usage; history of health care and mental 

health care utilization; substance use and abuse; and information about lifestyle, sexual 

behaviour and employment (see all common content modules in Table 1). When 

examining issues related to mental health, the CCHS provides data related to life 

satisfaction, sense of belonging, distress, depression, and stress at work and at home to 

name a few. With regards to health care and mental health care utilization, the CCHS – 

2007/2008 also included variables related to frequency of visits, required hospitalization, 

access, and type of professional seen (e.g., psychologist, physician, psychiatrist). 

Participants who were part of sub-sample were also of special interest to this project as 

these people reported on issues related to access to health care (i.e., availability of 

services and barriers to access), waiting time to receive services, and their level of 

satisfaction with their health care and health care service. 

3.1.2  Benefits of using Statistics Canada data. There are several benefits 

associated with the use of existing data such as those provided by Statistics Canada in 

lieu of collecting and interpreting data specifically for one’s research. One of the 

advantages of using a database such as the CCHS is the size of the sample. The database 

for the CCHS – 2007/2008 consisted of 131,061 participants. Such a large number of 

participants would require extensive resources to duplicate in the private sector and 

impossible to achieve as a graduate student. 

Another benefit of using data provided by Statistics Canada is the quality of the 

data. Statistics Canada (2006) reported that the use of computer assisted interviewing 



 34 

(CAI) provided two main strengths for data collection. First, the use of a computerized 

system provided a case management system that also allowed for the easy and secure 

transmission of data. The system collected, recorded, and reported important information 

associated with the management of the data collection process and provided an automatic 

call scheduler for the interviewer. A second advantage to the use of CAI is that it 

provided the ability to customize the interview for a respondent based on individual 

characteristics and how they responded to survey questions (Statistics Canada, 2006). 

The use of CAI helped improve the quality of the data collected and facilitated the 

reduction of reporting errors by prompting the interviewer when inconsistent responses 

were made by the respondent.  

Quality was also improved through the use of pilot testing to assess data 

collection techniques and evaluate any changes made to the questionnaire (Statistics 

Canada, 2006). Further, training sessions were provided to project managers to assist in 

interviewer training courses for their training staff. One of the primary goals of this 

training was to assist interviewers in minimizing non-responses (i.e., convincing reluctant 

people to participate in the survey; Statistics Canada, 2006). Other techniques to ensure a 

high quality of data and improve data collection included the use of internal measures to 

verify the performance of interviewers, and use of periodic reporting to monitor data 

quality and evaluate whether targets set out for data collection were being met. These 

reports assisted managers with the identification of problems arising with the data 

collection process so that these problems could be addressed in a timely manner 

(Statistics Canada, 2006). Like the size of the sample, the means to ensure the quality of 

the data provided by Statistics Canada would be difficult and costly to replicate in 
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traditional investigator-led research data collection. 

Finally, through the use of multi-stage cluster sampling and weighting of 

information (see section 3.1.6 for more information), there is an increased accuracy of the 

representativeness of the sample. As a result, the use of Statistics Canada data, such as 

the CCHS – 2007/2008, results in increased confidence in any inferences about the 

population made through findings in the study. However, in addition to these benefits, 

there are also some limitations. The following section provides an outline of some of the 

limitations to using the CCHS data for this project. 

3.1.3  Perceived limitations of using Statistics Canada data. Despite the size, 

quality and breadth of information available through the use of Statistics Canada data for 

this project, there were also some limitations to this approach. One such limitation was 

the passive role one must take in the information collected. When collecting their own 

data, researchers has the benefit of control of the information that is gathered in order to 

address their research question(s). In using existing Statistics Canada data, researchers 

have no input or control as to what questions were asked and what type of variable level 

was used (e.g., ordinal verses interval/ratio) during the interview process. As a result, 

there are some potential areas that the researcher might be interested in gathering 

information about or exploring further that cannot be accomplished when using these 

existing databases. Despite this limitation in control over data available, the 1195 

variables provided in the CCHS – 2007/2008 allowed for many options and flexibility in 

what research questions were addressed. 

In order to reduce the time demands on survey respondents, additional optional 

content question modules were asked of separate but overlapping subsets of respondents 
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(Table 2). Use of questions from these modules in an analysis reduced the sample size, 

and as a result, care was needed to include variables from one or more of these modules 

in the final model of utilization. However, despite the smaller sample sizes relative to the 

large size of the database, these modules still allow for the calculation of both provincial 

and national estimates (Statistics Canada, 2006).  

3.1.4  Sampling variability and the coefficient of variation. In their 

documentation, Statistics Canada recommends that the Coefficient of Variation (CV) be 

computed for all potential variables at an ordinal-level or higher to ensure that they meet 

the standards set out in their guidelines. The CV is a measure of variation relative to the 

sample mean, and provides a measure of the quality or stability of the statistical estimates 

produced with the data (Statistics Canada, 2006). The CV is derived by dividing the 

standard deviation (s) by the mean ( ) and multiplying the number by 100 (equation 3.1). 

         
 
            (3.1) 

 Statistics Canada suggests that variables with a CV of 16.5 or less are considered 

to be good quality and estimated within an acceptable degree of precision. Although 

variables with CVs between 16.6 and 33.3 are considered to be of marginal quality, they 

can still be used with appropriate qualification. However, it is suggested that these 

variables be interpreted with caution. Statistics Canada suggests that any variable with a 

CV greater than 33.3 not be included in analyses (Statistics Canada, 2006). 

3.1.5  Sampling and data collection. In order to be efficient, cost-effective, and 

balanced, sampling for the CCHS was performed using a multi-stage cluster sampling 

technique. This complex survey design involved a three-stage strategy in sample 

allocation, and was designed to give equal importance to providing accurate estimates at 
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the health region level and at a provincial level (Béland, 2002; Statistics Canada, 

2006). The first two stages involved the distribution of the sample amongst provinces 

with respect to their population sizes and the number of health regions within each 

province. The third stage consisted of allocating the sample of each province amongst its 

health regions in proportion to the square root of the estimated population within each 

health region (Béland, 2002; Statistics Canada, 2006). Refer to Table 3 for a breakdown 

of targeted and actual sample sizes by province or territory and number of health region 

sampled within each.  

 The CCHS – 2007/2008 was a cross-sectional survey and was targeted towards 

individuals 12 years of age and older who resided in private dwellings in the provinces 

and territories. Those excluded from the survey included persons living on Indian 

Reserves
2
 or Crown lands, residing in various institutions, living in remote regions, and 

serving in the Canadian Forces. It has been estimated that the CCHS is representative of 

98% of Canadians 12 years of age and older (Béland, 2002; Statistics Canada, 2006). One 

hundred and twenty-one health regions representing each province and territory were 

covered by the CCHS – 2007/2008 (Table 3). Data collection was completed using 

computer assisted interviewing (CAI), either in person (CAPI) or over the phone (CATI). 

3.1.1  Sample weighting. For Statistics Canada, one of the primary goals when 

gathering information for the CCHS was to obtain as an accurate picture as possible of 

the Canadian population on health related issues (Statistics Canada, 2006). Statistics 

Canada utilized multi-stage cluster sampling to help ensure that the diversity of the 

Canadian population was represented accurately.  

                                                 
2
 There have been separate health surveys specific to Aboriginal people living on 

reserves. 
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Table 3 

Targeted and Actual Sample Size and Number of Health Regions by Province/Territory  

Province/Territory 

Health 

Regions Targeted Sample Size Actual Sample Size 

Newfoundland and 

Labrador 
4 4,010 4,098 

Prince Edward Island 3 2,480 2,367 

Nova Scotia 6 5,040 5,152 

New Brunswick 7 5,160 5,509 

Quebec 16 24,290 23,545 

Ontario 36 44,460 43,958 

Manitoba 10 7,510 7,520 

Saskatchewan 11 7,720 7,819 

Alberta 9 12,210 11,925 

British Columbia 16 16,100 15,903 

Yukon 1 1,200 | 

3,265
3
 

| 

Northwest Territories 1 1,200 

Nunavut 1 700 

Total 121 132,080 131,061 

Source. Statistics Canada, 2009
c
  

                                                 
3
 Participants from the Yukon, Northwest Territories, and Nunavut were combined into a 

single territorial group. 
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To help correct for sampling bias and improve the accuracy of inferences about 

the population, Statistics Canada also provided a respondent weighting variable. This 

weighting variable allows for further refinement of population proportions and estimates 

of population means. Each participant included in the database was given a weight which 

denoted the number of individuals in the population (i.e., the number of Canadians) that 

they are projected to represent with similar demographics in a sampling frame or strata 

(Statistics Canada 2006).  

In addition to providing improved means of making inferences about the 

population being studied, weighting of data can also assist in correcting for the problem 

of biased sampling (R. MacLennan, session lecture, National Summer Institute, June 22, 

2009). For example, there is often an under-representation of young males in survey data 

(based on census data) as this group is often reluctant to participate in surveys. This 

disparity in response is evident when the unweighted data of the CCHS – 2007/2008 has 

males representing 45.5% of the sample, whereas Census data predicts that this 

proportion should be closer to 50% of the population. When sample weighing was 

applied, the projected proportion of males changed to a more accurate 49.3% of the 

population.  

Although the use of weighted data adjusted the sample to better represent the 

population for which it is based, applying the weight variable provided by Statistics 

Canada also adjusted the sample size. With the CCHS – 2007/2008 data, the actual 

sample size was 131,061; however, when data were weighted, the projected population 

size ballooned to 28,017,372. This inflation can be construed as a misrepresentation of 

the sample in reporting and has the potential to affect statistical significance testing (i.e., 
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increase likelihood of making a Type II error). Ideally, the use of an alternative weight 

variable could adjust for representativeness of the population while maintaining the 

original sample size (R. MacLennan, session lecture, National Summer Institute, June 22, 

2009; Data Library Services, n.d.). The adjusted weight variable would take the original 

weight provided by Statistics Canada and multiply it by the original sample size divided 

by the projected population size (Equation 3.2).  

Adjusted weight = Original weight x Sample size      (3.2) 

                                 Population size  

However, part of the security practices of Statistics Canada (see Section 3.3) includes the 

release of only weighted data. As a result, alternative means of reducing the effect of 

large sample sizes were implemented (see below).   

3.1.2  Bootstrapping. Although the application of the weighting variables 

adjusts for sampling bias and improves the accuracy of the proportions and means of the 

sample, it does not properly adjust the variances within the sample. The variance 

correction was addressed with a modified bootstrap method often performed by Statistics 

Canada as a method to estimate variance (Mach, Dumais, & Robidou, 2005). This 

method involved the sub-sampling of the original sample numerous times and calculating 

the variances for each sub-sample, which were then averaged to calculate the bootstrap 

estimates. This method also corrected for the use of stratified sampling as opposed to the 

random sampling that was the assumption of most the statistical procedures.  

Bootstrap estimates are available using secure datasets available through a 

Statistics Canada Research Data Centre (RDC) upon approval. Confidential information 

on the sampling procedures within these datasets is required to make bootstrap estimates.  

Once approval is obtained, there are two primary means of using the secure datasets. One 
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method is to apply for access to use the database at an RDC (nearest located in 

Saskatoon) and run the desired analyses there. Another method, the remote method of 

analysis, is done by submitting the SPSS syntax via email to Statistics Canada, with 

results being returned via email (Statistics Canada, 2007). 

In order to test and develop a program to be submitted, Statistics Canada provides 

sample dummy files. These dummy files replicate the corresponding secure datasets but 

data values are altered to protect respondent identity. Dummy files allowed for analyses 

to be tested prior to application on secure datasets. For this project, once testing had 

confirmed that the analyses are functioning properly, the syntax was brought to the RDC 

and used on the actual dataset. Results were then screened for confidentiality and 

reliability concerns before the output is returned (Statistics Canada, 2007). Using the 

bootstrap technique provided more accurate estimates of variances during analysis 

(Statistics Canada, n.d.). It is believed that taking this extra step with the secure dataset 

ensured that the findings reported were as accurate as possible. 

3.2 Analysis 

 The analysis of data in the first phase was performed using STATA – Version 12 

and Statistical Packages for the Social Sciences – versions 20 and 21 (SPSS). STATA 

was one of the applications recommended by the RDC as it provided the ability to 

perform the analysis of survey data (e.g., bootstrap)
4
. The model developed in the second 

phase was performed using logistic regression analysis of public use micro-data file 

(PUMF) data in SPSS. The following section outlines the process for analysis of CCHS 

data and the building of the model for mental health care service utilization in Canada.  

                                                 
4
 SPSS now supports bootstrapping, however this version was not available at the RDC. 
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3.2.1  Initial analyses and data screening. In addition to testing the proposed 

hypotheses, descriptive statistics, data transformations, data computations, data weighing, 

and statistical analyses were performed using STATA 12. Modifying do-file
5
 syntax 

provided by Gagné, Roberts, and Keown (2011), prepared the information (svyset) in 

order to use the svy: (survey analysis) prefix in STATA.  

Utilizing the svy: prefix allowed for the exploration of potential variables 

associated with mental health care utilization using cross-tabulation and comparison on 

means using the bootstrap method to control for the non-random sampling. These first 

phase analyses not only presented a clearer picture of the population characteristics but 

also provide an accurate estimate of mental health care utilization in the Canada. Another 

reason to perform these initial analyses was to assist in the development of the model to 

be examined in later analyses. By pre-screening potential variables through these initial 

analyses, it was hoped that complications could be avoided when building a model of 

mental health care utilization in the second phase.  

Finally, it should be noted that finding a relationship between a certain factor and 

mental health or mental health care utilization during the hypothesis testing did not 

guarantee its inclusion in the initial general model in Phase II. For a factor/variable to be 

included in the proposed model, there must exist research that supports its association 

with mental health or mental health care utilization. Further, with some questions only 

being asked within certain provinces, some variables had to be excluded because their 

pairing with variables from other modules resulted in a sample size of zero.  

                                                 
5
 Do-files are syntax files used by STATA. They are called so because their suffix is .do 

(e.g., file_prep.do).  
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3.2.2  Building a model of mental health care utilization. The second phase 

of the study involved building a model of mental health care utilization in Canada based 

on the findings of the first phase
6
. The first phase of the study helped narrow the field of 

data used in the second phase by identifying variables that had an association with 

utilization. The first phase of the study also helped test and ensure that these variables 

meet the assumptions of logistic regression. These assumptions include: 1) linearity or 

the assumption that the outcome has a linear relationship with the model’s predictors, 2) 

independence of errors or the assumption that cases of data are not related, and 3) 

multicolinearity or the assumption that the predictors are not highly correlated (Field, 

2009). Some variables that were found to be associated with utilization in the first phase 

could not be included in the model as a result of reduction in sample size when paired 

with other variables in the model.  

 This methodology is similar to that used by Goodwin and Andersen (2002) in 

testing the Behavioural Model of Health Care and the treatment of panic attacks in the 

community. In addition to testing Andersen’s model, Goodwin and Andersen (2002) used 

a database, the National Comorbidity Survey, similar to the CCHS used for this study. 

The methodology in this study included a hierarchical logistic regression, with each step 

including a group of predictors based on factors in Andersen’s (2008) model. The order 

of the groups in the step followed the order of factors in the model; health behaviours, 

individual need, enabling factors, and individual predisposition factors. Following the 

                                                 
6
 Logistic regression analysis was used in this phase as a result of the binomial measures 

of utilization (discussed in section 4.1.2). 
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initial hierarchical logistic regression, variables with less influence were culled and a 

second, more simplified model was tested. 

3.3 Research Ethics 

Although this project used data from human participants, these data were publicly 

available to members of the academic community and therefore Research Ethics Board 

approval was not required. However, a brief discussion of ethical considerations should 

be made. Issues related to privacy, confidentiality, and voluntary participation are some 

of the more important ethical issues that should be addressed when discussing the use of 

this type of data. 

Statistics Canada states that all the data they collect are protected by the Privacy 

Act and the Statistics Act. Through the Statistics Act, Statistics Canada has been granted 

the authority to “collect, compile, analyze, abstract and publish statistics” about various 

subject matters (s.22, Statistics Act, 1972). This Act also requires that respondents answer 

survey questions in an honest and accurate manner and must do so under risk of 

committing an offence under the act (s.19, Statistics Act, 1972). Statistics Canada is 

required to ask for permission to ask voluntary information and must inform participants 

of their authority to collect required information. However, unlike mandatory surveys 

like the Census, the participation in the CCHS is voluntary.  

To ensure protection of privacy, Statistics Canada has developed the Privacy 

Impact Assessment (PIA). The PIA is an on-going process that evaluates potential risks 

to privacy, confidentiality, or security risks (Statistics Canada, 2009
c
). In order to provide 

open access to the data while protecting the identity of the respondents, the data provided 

by Statistics Canada are a public use microdata file (PUMF). Some of the techniques 
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used to protect individuals’ identities in the PUMF include categorization and the 

capping of variables (Statistics Canada, 2007). Categorization is the process of using 

grouped variables instead of exact values (e.g., age groups instead of exact age). Capping 

is used to protect the identity of outliers (e.g., 110-year-old individual in a small town or 

someone with an income of $10 million). The modifications to the PUMF data help 

ensure identity protection for participants, but also lead to a decrease in the precision of 

the survey data and estimates of variance. These techniques provide a minimal trade-off 

between measurement precision and better privacy protection. 

To access secured data (i.e., actual CCHS data), an application for access was 

needed. A proposal was submitted to Social Sciences and Humanities Research Council 

(SSHRC) for review and it was determined that this study was appropriate to access data 

by the RCD Access Granting Committee (See Appendix A for letter of acceptance). This 

approval provided access to the RDC at the University of Saskatchewan, and later the 

RDC at the University of British Columbia. The Research Data Centre (RDC) Program 

was developed as part of collaboration between Statistics Canada, SSHRC, and a 

university consortium. The goal of the RDC was to further assist in improving the 

capacity of social research in Canada (Ministry of Industry, 2007a).  

 There is a culture of confidentiality within the RDC that is built on four general 

components. The first component is secure access and is related to the physical protection 

of the RDC. To achieve this protection, only those approved by the RDC are permitted to 

gain access. An approved researcher is provided with a security card that gains access to 

the specific RDC they are approved to access. Once in the RDC, the second component 

of confidentiality is secured data. The ban of the use of electronic devices and external 
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storage is the primary method to protect the data available within the RDC. In addition 

to this measure, the network within the centre is private and not accessible from outside 

servers. The third component of confidentiality is personal responsibilities of deemed 

employees who utilize the RDC. As an approved researcher, an individual is considered a 

deemed employee and is required to sign an oath before data analysis begins. The oath 

required the deemed employee to:  

Solemnly swear (or affirm) that I will faithfully and honestly fulfill my duties as 

an employee of Statistics Canada in conformity with the requirements of the 

Statistics Act, and of all rules and instructions thereunder and that I will not 

without due authority in that behalf disclose or make known any matter or thing 

that comes to my knowledge by reason of my employment. (Minister of Industry, 

2007a, p.15) 

 The final component of confidentiality consists of the disclosure analysis of 

output leaving the RDC. Staff at the RDC is required to approve all information that 

leaves the centre. Once data analyses are run, researchers are required to submit their 

output for vetting. In addition to providing a copy of the output, researchers are required 

to provide complete a request form and output using unweighted data corresponding to 

the weighted analyses that are being requested for release. The unweighted output helps 

to ensure that data being released are appropriate and not based on a small number of 

participants (i.e., less than 5). Once approved, data output is released to the researcher to 

be used in the project for which the output was approved. The following chapter provides 

an outline of the findings released through this process.  
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4. FINDINGS  

The following chapter provides an outline of the findings from the two phases of 

analysis of CCHS - 2007/2008 data. This chapter begins with a discussion of the reported 

statistics and defining mental health care utilization for the purpose of this study (section 

4.1), a review of the findings from the hypothesis-testing phase of the study (section 4.2), 

and concludes with an overview of the building and testing of a model for mental health 

care utilization in Canada (Section 4.3). In Chapter 5, findings are discussed and 

suggestions for the next steps for research in the utilization of mental health services are 

proposed. 

4.1 Defining Utilization  

A variety of variables were considered when determining how to define mental 

health care utilization for this study. Utilization variables fell under two general sub-

sections of the CCHS - 2007/2008: the Health Care Utilization section and the 

Consultation with a Mental Health Professional section. A breakdown of the weighted 

number of individuals from each province or territory in each of these sections is 

provided in Table 4
7
.  

Items within the Health Care Utilization section were part of the core CCHS - 

2007/2008 components and included questions asked of all respondents. These items 

explore how respondents used health care services for physical, emotional or mental 

health in the previous twelve months. Almost all Canadians (94%) reported receiving 

some form of health care in the previous year. Respondents were also asked whether or 

                                                 
7
 As discussed in Section 3.3, all findings are weighted in order to adhere to the security 

requirements of Statistics Canada. 
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Table 4 

Weighted Respondents by Province/Territory for CCHS Core Components and the 

Optional Mental Health Consultation Module  

 

Province/Territory Health Care Utilization (Core) 
Mental Health Consultation 

(Optional) 

British Columbia 3,759,258 (13.4%) -- 

Alberta 2,899,267 (10.3%) 2,781,248 (18.8%) 

Saskatchewan 796,207 (2.8%) -- 

Manitoba 949,994 (3.4%) -- 

Ontario 10,935,120 (39%) 10,449,147 (70.7%) 

Quebec 6,611,712 (23.6%) -- 

New Brunswick 641,782 (2.3%) 608,534 (4.1%) 

Nova Scotia 798,949 (2.9%) 771,846 (5.2%) 

Prince Edward Island 119,371 (0.4%) 116,151 (0.8%) 

Newfoundland & 

Labrador 
442,692 (1.6%) -- 

Yukon 27,036 (0.1%) -- 

NWT 34,129 (0.1%) 33,095 (0.2%) 

Nunavut 15,426 (0.1%) 14,592 (0.1%) 

TOTAL 28,030,943 (100%) 14,774,613 (100%) 

Note. Numbers are weighted based on data provided by Statistics Canada. 
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not they received care from a variety of professionals (e.g., physicians, nurses, social workers, 

psychologists). Three-quarters of Canadians (76%) reported receiving care from a family doctor 

or general practitioner. In stark contrast, only 3% of Canadians reported receiving care from a 

psychologist in the previous twelve months. Other professionals associated with mental health 

care (i.e., social workers or counsellors) were consulted by just 4.8% of the Canadian population. 

A breakdown of utilization rates by province for a selection of these health professionals is 

provided in Table 5. 

From the core content, it was determined that one of the measures of mental health care 

utilization would be whether or not respondents sought mental health care from a psychologist. 

One potential limitation related to the use of these data was the lack of specificity in the survey 

regarding the purpose of reported consultations. It is unclear from the data whether respondents 

sought care from a psychologist for a physical, emotional, mental health difficulty, or job 

requirement (e.g., aptitude testing, application screening). As a result, it would be impossible to 

determine mental health care utilization within the overall sample using these data. Further, 

using only data specifically about consultations with psychologists would likely not include 

many individuals who utilized mental health services through other professions (i.e., social work, 

mental health nurses). As a result, data from the Health Care Utilization section were limited and 

alternative measures of mental health care utilization were also explored and used.    

Several provinces (Prince Edward Island, Nova Scotia, New Brunswick, Ontario, and 

Alberta) and territories (North West Territories and Nunavut) utilized an optional module that 

asked respondents specifically about mental health consultations within the previous twelve 

months. These provinces and territories shall hereinafter be referred to as the Subsample. The 
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Table 5 

Percentage of Provincial Population from the Subsample Who Consulted with a Health Care Professional for Physical, Emotional or 

Mental Health in the Last Twelve Months  (N = 28,030,943) 

 

Province/Territory 

Family 

Doctor or 

GP 

Other 

Medical 

Doctor Nurse 

Dentist or 

Orthodontist Chiropractor 

Social 

Worker or 

Counsellor Psychologist 

Speech/ 

Audiology/ 

Occ. Therapist 

British Columbia 79.1% 25.4% 7.8% 65.7% 14.2% 5.1% 3.3% 1.8% 

Alberta 74.6% 22.0% 11.1% 64.3% 17.7% 5.0% 3.8% 1.8% 

Saskatchewan 77.3% 23.4% 10.5% 55.8% 16.9% 5.3% 2.3% 1.7% 

Manitoba 74.6% 25.1% 10.6% 61.7% 17.5% 6.1% 2.6% 2.2% 

Ontario 78.8% 30.1% 10.2% 69.5% 10.9% 5.2% 2.3% 1.7% 

Quebec 70.3% 32.0% 15.9% 60.1% 8.1% 3.8% 5.3% 2.6% 

New Brunswick 76.5% 27.6% 12.2% 54.1% 6.1% 4.5% 2.9% 2.1% 

Nova Scotia 80.7% 29.7% 9.7% 59.2% 5.5% 4.4% 3.3% 2.5% 

Prince Edward Island 79.6% 27.2% 12.6% 62.8% 2.9% 5.5% 1.1% 1.9% 

Newfoundland & 

Labrador 
78.8% 27.4% 11.2% 53.3% 4.4% 4.0% 1.9% 2.0% 

Yukon/NWT/Nunavut 66.1% 17.8% 30.6% 60.5% 5.3% 8.2% 2.4% 1.7% 

OVERALL 76.2% 28.6% 11.4% 64.6% 11.4% 4.8% 3.3% 2.0% 
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Subsample consisted of almost 14.8 million weighted respondents (approximately 131,000 

unweighted). The Consultation with a Mental Health Professional module included questions 

specific to mental health care utilization and explored the total number of mental health care 

consultations and the type of mental health professional consulted. Table 6 outlines the weighted 

percentage of Subsample respondents who reported consulting with a mental health professional 

and the various mental health professions within the twelve months prior to being surveyed. 

For this study, the reported use of mental health services in general (i.e., In the past 

twelve months, have you seen or talked to a health professional about your emotional or mental 

health?) was the variable of primary interest with regards specifically to mental health care 

utilization within the Subsample. One in ten weighted respondents (11%) within the Subsample 

reported seeking mental health care from a health professional, hereinafter referred to as 

receiving mental health care, in the previous twelve months. Of those respondents who reported 

that they had received mental health care, a second variable was derived to identify those who 

consulted a mental health specialist (i.e., a mental health professional other than a general 

practitioner or family physician). Of those respondents who reported receiving mental health 

care, over half reported consulting with a general practitioner or family physician (58%). The 

next highest professional utilized for mental health care was social work (21%), followed by 

psychiatry (18%), psychology (16%), and other professionals (5%), and finally nurses (4%)
8
. 

Overall, over half (55%) of the respondents who reported receiving mental health care reported 

seeing someone other than a general practitioner or family physician (Table 6). Despite being a  

                                                 
8
 There exists overlap in findings as respondents could report seeing multiple professionals for 

mental health consultations. 
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Table 6 

Percentage of Weighted Respondents Who Consulted a Mental Health Professional in the Last Twelve Months  (N = 14,774,613) 

Province/Territory 

Consulted a 

Mental Health 

Care 

Professional
9
 

 

Family Doctor 

or General 

Practitioner
10

 Psychiatrist Psychologist Nurse Social Worker 

Other 

Professional 

Ontario 10.9% 59.0% 20.1% 14.1% 3.5% 21.9% 5.4% 

Alberta 11.8% 53.4% 13.9% 23.0% 4.9% 20.3% 3.4% 

Nova Scotia 12.7% 61.1% 18.1% 19.2% 3.5% 13.2% 1.9% 

New Brunswick 10.2% 59.4% 12.0% 21.3% 3.6% 17.2% 4.8% 

Prince Edward 

Island 
8.1% 59.6% 22.2% 7.7% 2.9% 27.1% 3.0% 

Northwest 

Territories 
11.2% 50.1% 15.3% 12.0% 10.8% 23.2% 5.4% 

Nunavut 11.2% 32.1% 9.7% 7.2% 26.6% 43.3% 10.8% 

OVERALL 11.1% 58.0% 18.4% 16.4% 3.9% 21.0% 4.8% 

Note. Possible for respondents to consult with more than one mental health specialist. 

 

                                                 
9
 Percentage of Overall Weighted Respondents per Province 

10
 Percentage of Weighted Respondents who Reported Consulting a Mental Health Professional in the Previous Year  
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sub-sample of the overall population, it is believed that these two variables provide a 

good representation of mental health care utilization as findings were generally consistent 

with rates of consultation with psychologists across Canada.  

4.2 Hypothesis Testing 

The first phase of the analysis involved exploring the relationship between mental 

health care utilization and other variables that were believed to fall under one of the four 

main categories of factors associated with health care proposed by Andersen (2008). 

These four categories were contextual factors, individual characteristics, general health 

behaviours, and outcome factors. The goal of this phase was to test the proposed 

hypotheses of the study and determine the variables to be used in the second phase of the 

study, the development of a model of factors associated mental health care utilization in 

Canada. Based on these findings, appropriate variables are tested in the development of a 

model of factors associated with mental health care utilization in Canada.  

Results from the first phase of the study are reported using a variety of statistics. 

For tests of association within contingency tables, the associated chi-square statistics 

were converted and reported as the Rao-Scott second-order correction by STATA. The 

Rao-Scott correction, which is reported as an F-statistic, is based on the bootstrap 

estimate used to correct for the complex sampling used in the CCHS (i.e., non-random 

sampling; Rao & Scott, 1984; StataCorp., 2011). When testing the statistical significance 

of differences between two means, an adjusted Wald test was calculated by STATA to 

correct for the complex sampling (StataCorp., 2011). These statistics were converted and 

reported as t-tests for the purpose of this study.  

Given the large sample sizes within the CCHS data, statistical significance testing 



 54 

can be misleading and at risk of a Type I error (i.e., rejecting a true null hypothesis). 

As a result, effect sizes for statistically significant analysis were also reported
11

. To 

simplify the comparison of the various statistics used, all effect sizes were reported as 

correlation statistics (r). The magnitudes of the effects were interpreted using Cohen’s 

(1992) guidelines for the Social Sciences (i.e., .10 = small, .30 = medium, .5 = large). For 

comparisons of means, a point-biserial correlation (rpb) was calculated using equation 4.1 

below.   

  rpb =  
  

       
         (4.1) 

To calculate the effect sizes associated with the 2x2 contingency table tests, Chinn’s 

(2002) method of converting odds ratios into effect size was utilized (equations 4.2 and 

4.3) where  = pi (3.14159).  

        (4.2) 

 

         (4.3) 

For contingency tables larger than 2x2, Cramer’s V was calculated using SPSS. Since 

Cramer’s V equals r when a contingency table contains at least one variable with two 

categories, these effect sizes are also reported as a correlation (r).  

                                                 
11

 Effect sizes of non-statistically significant analyses were not reported because of their 

near-zero values. 

d =
ln(OR)

p
´ 3

42

2




d
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4.2.1  Contextual factors. The first group of independent variables tested 

included variables that were chosen to represent the category of environmental or 

contextual factors. These variables were not measures of individual characteristics, but 

rather related to factors associated with where an individual lived. Statistics Canada 

collected data on several potential contextual factors for the CCHS - 2007/2008, 

including province of residence, urban or rural residence, the population size group (i.e., 

the classification of the respondent in accordance to the population size of the urban area) 

and regional peer group, a classification derived by Statistics Canada based on several 

socio-economic variables. These variables were tested to determine which contextual 

factors had a strong association with mental health care utilization. It was hypothesized 

that amongst contextual factors, rural living and residence in the smaller provinces and 

territories with be associated with a reduction in rates of mental health care utilization.  

Overall, 3.3% of Canadians reported consulting a psychologist in the previous 

twelve months. Rates of consultation with a psychologist across provinces ranged from 

1.1% in Prince Edward Island to 5.3% in Quebec. As a result of this variability between 

provinces, there was an association observed between province of residence and 

consultation with a psychologist, F(7.7, 3839.84) = 38.65, p < .001
12

. This association 

resulted in a negligible association (r = .067) between province of residence and 

consultation with a psychologist (Table 7). To test the hypothesis that provinces with 

greater populations would have higher rates of utilization, the rates of consultation with a 

psychologist for the four largest provinces (i.e., Ontario, Quebec, British Columbia, 

Alberta) were compared to the rates of consultation of the four smallest provinces 

                                                 
12

 Partial degrees of freedom are the result of Rao-Scott correction.  
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(Northwest Territories, Prince Edward Island, Newfoundland, and New Brunswick). 

Rates of consultation with a psychologist were identical for the two groups (3.4%) and 

thus provincial population had no effect on consultation with a psychologist (r = .001).  

Within the Subsample, 11.1% of respondents reported receiving mental health 

care in the previous twelve months. Rates of reported utilization ranged from 8.1% in 

Prince Edward Island to 12.7% in Nova Scotia. An association between province of 

residence and receiving mental health care was observed, F(3.57, 1779.43) = 4.12, p < . 

01. Although statistically significant, this association reflected a negligible association (r 

= .019; Table 8). The rates of mental health care use were compared for the two 

provinces with the largest populations within the Subsample (i.e., Ontario, Alberta) to the 

two with the smallest populations (i.e., Northwest Territories and Prince Edward Island). 

The larger provinces had a rate of 11.1% compared to that of the smaller provinces, 

8.1%, resulting in population size having a negligible effect on mental health care use, r = 

.009. 

Of those respondents in the Subsample who reported receiving mental health care, 

54.5% reported that they consulted with a mental health care specialist. Rates of 

consultations with a mental health care specialist ranged from 49.3% in Nova Scotia to 

73.2% in Nunavut. Despite this difference in consultation rates, no association was 

observed between province of residence and consultation with a mental health care 

specialist in the Subsample, F(3.44, 1717.99) = 1.80, p > .05 (Table 9).  

  The second contextual factor tested was whether or not respondents lived in rural 

or urban areas. Only 2.7% of Canadians living in rural areas reported consulting with a 

psychologist in the previous twelve months. In comparison, Canadians living in urban 
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areas had a 3.5% rate of consultation with a psychologist, resulting in an association 

between urban living and a higher rate of mental health care from a psychologist, F(1, 

499) = 16.27, p < .001
13

. However, the association between urban/rural living and 

consultation with a psychologist was negligible (r = .070; Table 7). Within the 

Subsample, comparing the rate of mental health care utilization of respondents who lived 

in urban areas (11.3%) to those who resided in rural areas (10.1%), urban respondents 

had a slightly higher rate of mental health care, F(1, 499) = 8.22, p < .01. However, this 

association was also a negligible association (r = .035; Table 8). An association between 

urban or rural residence and consultation with a mental health care specialist was also 

observed (55.4% and 49.9% respectively), F(1, 499) = 7.32, p < .01. As with the other 

associations between mental health care utilization and urban/rural living, this association 

was also negligible (r = .061; Table 9). 

  

                                                 
13

 Degrees of freedom (1, 499) the result of the 500 bootstrap iterations of a 2x2 analysis.  
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Table 7 

Contextual Factors and Rates of Consultation with a Psychologist (N = 28,030,943) 

Variable 

Consulted a 

Psychologist Statistical Significance Test 

Effect 

Size 

Province of Residence  

F(7.7, 3839.84) = 38.65*** r = .067 

British Columbia 3.3% 

Alberta 3.8% 

Saskatchewan 2.3% 

Manitoba 2.6% 

Ontario 2.3% 

Quebec 5.3% 

New Brunswick 3.0% 

Nova Scotia 3.3% 

Prince Edward 

Island 
1.1% 

Newfoundland & 

Labrador 
1.9% 

Yukon 3.2% 

Northwest 

Territories 
2.2% 

Nunavut 1.8% 

Urban/Rural (2 groups)  

F(1, 499) = 16.27*** r = .070 
Rural 2.7% 

Urban 3.5% 

Urban/Rural (5 groups)  

F(3.74, 1866.81) = 8.49*** r = .022 

Rural 2.7% 

Urban (< 30,000) 2.8% 

Urban (30K to 

99,999) 
3.3% 

Urban (100K to 

499,999) 
3.3% 

Urban > 500K 3.7% 

Peer Group
14

  F(5.15, 2568.27) = 6.10*** r = .024 

Note. F-statistic is based on the Rao-Scott correction.   

***p < .001. 

                                                 
14

 See Table 11 for a breakdown of utilization rates across Peer Groups 
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Table 8 

Contextual Factors and Rates of Mental Health Care within the Subsample  

(N = 14,774,612) 

 

Variable 

Received 

Mental Health 

Care 

Statistical Significance 

Test Effect Size 

Province of Residence  

F(3.57, 1779.43) = 

4.12** 
r = .019 

Ontario 10.9% 

Alberta 11.8% 

Nova Scotia 12.7% 

New Brunswick 10.2% 

Prince Edward 

Island 
8.1% 

Northwest 

Territories 
11.1% 

Nunavut 11.2% 

Urban/Rural (2 groups)  

F(1, 499) = 8.22** r = .035 Rural 10.1% 

Urban 11.3% 

Urban/Rural (5 groups)  

F(3.4, 1679) = 4.44** r = .024 

Rural 10.1% 

Urban (< 30,000) 11.1% 

Urban (30K to 

99,999) 
12.4% 

Urban (100K to 

499,999) 
12.0% 

Urban > 500K 11.0% 

Peer Group
15

  F(4.4, 2174) = 3.91** r = .026 

Note. F-statistic is based on the Rao-Scott correction.   

** p <.01.  

                                                 
15

 See Table 11 for a breakdown of utilization rates across Peer Groups 
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Table 9 

Contextual Factors and Rates of Consultation with a Specialist within the Subsample  

(N = 1,644,690) 

 

Variable 

Utilized a 

Mental Health 

Care Specialist Significance Test 

Effect 

Size 

Province of Residence  

F(3.44, 1717.99) = 1.80 ns 

Ontario 54.6% 

Alberta 56.4% 

Nova Scotia 49.3% 

New Brunswick 50.7% 

Prince Edward 

Island 
56.9% 

Northwest 

Territories 
61.6% 

Nunavut 73.2% 

Urban/Rural (2 groups)  

F(1, 499) = 7.32** r = .061 Rural 49.9% 

Urban 55.4% 

Urban/Rural (5 groups)  

F(3.6, 1799) = 2.22 ns 

Rural 49.9% 

Urban (< 30,000) 56.3% 

Urban (30K to 

99,999) 
53.0% 

Urban (100K to 

499,999) 
55.0% 

Urban > 500K 55.8% 

Note. F-statistic is based on the Rao-Scott correction. ns equates to zero effect.   

** p <.01.   
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In expanding the urban/rural residential division, urban residents were further 

categorized by Statistics Canada into four groups based on the population size of their 

respective cities. As with the dichotomous division for area of residence (i.e., urban and 

rural), respondents in rural areas reported a consultation with a psychologist rate of 2.7% 

in the previous twelve months. Rates of consulting with a psychologist in the previous 

year increased slightly as the population of urban centres increased; from 2.8% those who 

lived in urban areas with populations less than 30,000 to rates of utilization of 3.7% for 

those living in urban areas with populations greater than 500,000. An association between 

the population size of the area where respondents lived and consultations with a 

psychologist was found, F(3.74, 1866.81) = 8.49, p < .001. However, this association was 

negligible, r = .022 (Table 7). 

Within the Subsample, a negligible association between geographical population 

size and receiving mental health care was also observed, F(3.4, 1679) = 4.44, p < .01; r = 

.021 (Table 8). However, these differences in utilization rates did not increase 

consistently in relation to growing population sizes. Rural rates of mental health care 

utilization were 10.1%. Rates increased as the population size increased up until the 

30,000 – 99,999 group when rates topped at 12.4% and declined for subsequent 

groupings of urban areas (Table 8). There was no association observed between 

geographical population size and consultation with a mental health care specialist, F(3.6, 

1799) = 2.22, p > .05 (Table 9). These findings suggest that although there is an 

association between population size and mental health care utilization in general, 

respondents who required mental health consultation had equal access to mental health 

care specialists regardless of the population size where they reside.  
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In an effort to assist in the comparison of health regions across Canada, 

Statistics Canada created a cluster of peer groups, or similar health regions, based on 

numerous socio-demographic variables collected (Table 10). These socio-economic 

indicators included: 1) population density; 2) percentage of population that identified as 

Aboriginal; 3) government transfer income (i.e., the proportion of all income that came 

from government transfers); 4) ratio of males to females; 5) population growth; and 6) 

internal migrant mobility (i.e., the proportion of the population that lived in a different 

municipality during the previous Census; McLeod, 2004). A map of the Peer Groups is 

available in Appendix B. 
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Table 10 

Description of Health Region Peer Group Classifications  

Peer Group Description 

Peer Group A 

Urban-rural mix from coast to coast. Average percentage of 

Aboriginal population. Low male population. Slow population 

growth from 1996-2001. 

Peer Group B 
Mainly urban centres with moderately high population density. Low 

percentage of government transfer income. 

Peer Group C 
Sparsely populated urban-rural mix from coast to coast. Average 

percentage of Aboriginal population. Negative population growth. 

Peer Group D 

Rural regions mainly in the central Prairies. Moderate Aboriginal 

population. Moderately high percentage of government transfer 

income. Almost equal numbers of men and women. Negative 

population growth. 

Peer Group E 

Mainly rural regions in Quebec, Ontario and the Prairies. High 

proportion of people recently moved to or within these regions since 

1996. Average percentage of Aboriginal population. Moderate 

population growth. 

Peer Group F 

Northern and remote regions. Very high Aboriginal population. 

Moderately high percentage of government transfer income. 

Slightly higher male population. Moderate population growth. 

Peer Group G 

Largest metro centres with an average population density of 3,934 

people per square kilometre. Low Aboriginal population. Moderate 

percentage of government transfer income. 

Peer Group H 
Rural northern regions. High Aboriginal population. High male 

population. Negative population growth. 

Peer Group I 

Mainly rural Eastern regions. Very high percentage of government 

transfer income. Negative population growth. Low percentage of 

people having moved to or within these regions since 1996. 

Note. From Statistics Canada (2008) Canadian Community Health Survey (CCHS): 

Derived Variable (DV) Specifications.  
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Table 11 

Rates of Consultation with Psychologist and Subsample Rates of Mental Health Care across Peer Groups 

Peer Group 

Weighted N of 

Overall Sample 

Consulted with a 

Psychologist 

(N = 28,012,835) 

Weighted N of 

Subsample 

Received Mental 

Health Care (N = 

14,774,612) 

Saskatchewan 

Regional Health 

Authorities Within 

Peer Group A 6,885,508 3.7% 2,251,499 12.3% Regina, Saskatoon 

Peer Group B 8,042,545 3.1% 6,282,267 11.4%  

Peer Group C 3,304,558 3.8% 1,354,580 11.2% Prince Albert Parkland 

Peer Group D 420,109 1.4% 15,945 5.5% 

Sun Country, Five 

Hills, Cypress, 

Sunrise, Heartland, 

Kelsey Trail 

Peer Group E 3,727,557 3.4% 3,343,227 11.0%  

Peer Group F 41,012 1.9% 14,592 11.2% 
Mamawetan/Keewatin

/Athabasca 

Peer Group G 4,468,971 3.4% 2,177,627 9.4%  

Peer Group H 650,542 2.1% 205,462 10.5% Prairie North 

Peer Group I 472,034 2.1% 229,414 11.0%  
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When exploring consultations with psychologists across the various Peer 

Groups, rates ranged from 1.4% for Peer Group D (i.e., rural regions in the central 

prairies; moderate aboriginal population; moderately high percentage of government 

transfer income; and negative population growth) to 3.8% for Peer Group C (i.e., sparsely 

populated urban-rural mix from coast to coast; average percentage of Aboriginal 

population; and negative population growth; Table 11). An association between Peer 

Group and rates of consultation with a psychologist were found, F(5.15, 2568.27) = 6.10, 

p < .001. However, this association was negligible, r = .021 (Table 7). Within the 

Subsample, a negligible association between peer groups and mental health care was also 

observed, F(4.4, 2174) = 3.91, p < .01; r = .026 (Table 8). Utilization rates ranged 

between 9.4% and 12.3% for most peer groups, with Peer Group D again standing out  

with the lowest rate of mental health care (5.5%; Table 11). Because of small cell 

numbers for some groups, a test of association between Peer Group and consultation with 

a mental health specialist could not be obtained. 

4.2.2  Predisposing individual characteristics. Predisposing individual 

characteristics are the first of three sets of variables within the individual characteristics 

category of factors related to health care utilization proposed by Andersen (2008). These   

factors include variables related to the individual that are less amenable to change. Based 

on data collected by Statistics Canada for the CCHS, predisposing factors tested included 

individual demographic differences (e.g., sex, age, race, sexual orientation), social factors 

(e.g., relationship status, education level), and individual beliefs (e.g., religiosity).  

In exploring sex differences in mental health care utilization within the overall 

population, a higher percentage of women (4.1%) than men (2.5%) reported consulting 
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with a psychologist in the previous twelve months, F(1, 499) = 100.02, p < .001. There 

was a small association between the sex of the respondent and whether or not they 

consulted a psychologist, r = .137 (Table 12). Similar findings were observed within the 

Subsample, with 15.1% of women reporting to have received mental health care 

compared to 7.1% of men, F(1, 499) = 426.09, p < .001; r = .228 (Table 13). However, of 

those within the Subsample who received mental health care in the previous year, a 

higher proportion of men (57.8%) reported also seeing a mental health care specialist 

when compared to women (53.1%), F(1, 499) = 5.73, p < .05. Despite this difference, the 

association between sex and the use of a mental health care specialist for mental health 

care needs was negligible, r = .052 (Table 14). 

The average age of Canadians within the overall sample was 43.3 years (SD = 

18.9). On average, respondents who consulted a psychologist were younger (M = 37.6, 

SD = 14.3) than Canadians who did not report consulting a psychologist in the previous 

twelve months (M = 43.51, SD = 19.02), t(499) = 17.88, p < .001. This difference 

resulted in a small effect, r = .176 (Table 12). Within the Subsample, respondents who 

reported receiving mental health care were 41.0 years old (SD = 16.0), younger than the 

average age of 42.7 years (SD = 18.8) for respondents who did not report utilizing mental 

health care services in the previous year, t(499) = 6.35, p <. 001. However, the effect of 

age on the use of mental health care was negligible, r = .048 (Table 13). Similarly, those 

who consulted a mental health care specialist were generally younger (M = 39.5, SD = 

15.8) than those who only saw a GP for mental health care (M = 42.8, SD = 15.3), t(499) 

= 6.02, p < .001. The effect of age on whether someone saw a specialist for their mental 

health care was small, r = .104 (Table 14). 



 67 

Table 12 

Individual Predisposing Characteristics and Rates of Consultation with a Psychologist 

(N = 28,030,943) 

Variable 

Consulted a 

Psychologist 

Statistical  

Significance Test 

Effect 

Size 

Sex  

F(1, 499) = 100.02*** r = .137 Male 2.5% 

Female 4.1% 

Age (Years)  

t(499) = 17.88*** r = .176 
Care 

M = 37.6 

SD = 14.3 

No Care 
M = 43.5 

SD = 19.0 

Visible Minority  

F(1, 499) = 107.96*** r = .308 Yes 1.4% 

No 3.7% 

Aboriginal  

F(1, 499) = 16.74*** r = .109 Yes 4.8% 

No 3.3% 

Sexual orientation  
F(1, 499) = 61.56*** r = .242 Homo-/Bi-Sexual 9.0% 

Heterosexual 3.9% 

In a Relationship  
F(1, 499) = 118.28*** r = .031 Yes 2.6% 

No 4.3% 

High School Graduate  
F(1, 499) = 1.77 ns Yes 3.6% 

No 3.2% 

Identified with a 

Religion 
 

F(1, 499) = 0.48 ns 
Yes 2.0% 

No 2.4% 

Religiosity  

 

F(2.6, 1296.77) = 0.72 
ns 

Very Religious 1.2% 

Religious 1.9% 

Not Very 

Religious 
2.5% 

Not Religious 2.2% 

Note. The F-statistic is based on the Rao-Scott correction. The t-score is based on the 

adjusted-Wald correction. ns equates to zero effect. 

***p < .001.  
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Table 13 

Individual Predisposing Characteristics and Rates of Mental Health Care within the 

Subsample (N = 14,774,612) 

Variable 

Received 

Mental 

Health Care 

Statistical 

Significance Test 

Effect 

Size 

Sex  

F(1, 499) = 426.09*** r = .228 Male 7.1% 

Female 15.1% 

Age (Years)  

t(499) = 6.35*** r = .048 
Care 

M = 41.0 

SD = 16.0 

No Care 
M = 42.7 

SD = 18.8 

Visible Minority  

F(1, 499) = 78.56*** r = .198 Yes 6.2% 

No 12.1% 

Aboriginal  

F(1, 499) = 58.61*** r = .159 Yes 18.0% 

No 10.9% 

Sexual orientation  

F(1,499) = 86.23*** r = .264 Homo-/Bi-Sexual 28.0% 

Heterosexual 12.6% 

In a Relationship  

F(1, 499) = 60.86*** r = .082 Yes 12.9% 

No 9.9% 

High School Graduate  

F(1, 499) = 2.20 ns Yes 11.7% 

No 12.7% 

Identified with a 

Religion 
 

F(1, 499) = 1.17 ns 
Yes 10.7% 

No 15.4% 

Religiosity  

F(2.10, 1048.13) = 1.02 ns 

Very Religious 13.5% 

Religious 7.7% 

Not Very 

Religious 
14.6% 

Not Religious 16.4% 

Note. The F-statistic is based on the Rao-Scott correction. The t-score is based on the 

adjusted-Wald correction. ns equates to zero effect. 

***p < .001.  
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Table 14 

Individual Predisposing Characteristics and Rates of Consultation with a Mental Health 

Care Specialist within the Subsample (N = 1,644,690) 

Variable 

Utilized a 

Mental 

Health Care 

Specialist 

Statistical  

Significance Test 

Effect 

Size 

Sex  

F(1, 499) = 5.73* r = .052 Male 57.8% 

Female 53.1% 

Age (Years)  

t(499) = 6.02*** r = .104 
Specialist 

M = 39.5 

SD = 15.8 

No Specialist 
M = 42.8 

SD = 15.3 

Visible Minority  

F(1, 499) = 2.63 ns Yes 49.4% 

No 55.1% 

Aboriginal  
F(1, 499) = 0.44 ns Yes 56.9% 

No 54.4% 

Sexual orientation  

F(1, 499) = 15.57*** 
r = .215 

Homo-/Bi-Sexual 72.1% 

Heterosexual 53.7% 

In a Relationship  

F(1, 499) = 33.60*** r = .117 Yes 49.5% 

No 60.0% 

High School Graduate  

F(1, 499) = 0.09 ns Yes 53.7% 

No 54.7% 

Note. The F-statistic is based on the Rao-Scott correction. The t-score is based on the 

adjusted-Wald correction. ns equates to zero effect. 

* p < .05. ***p < .001. 
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Nearly one-fifth of weighted respondents identified as a visible minority 

(17.0%). Respondents who identified themselves as a visible minority reported a lower 

rate of consultation with a psychologist (1.4%) than non-minority respondents (3.7%). 

This resulted in a medium association between minority status and consultation with a 

psychologist, F(1, 499) = 107.96, p < .001, r = .308 (Table 12). Within the Subsample, 

20% of the respondents described themselves as a visible minority. Those respondents 

also reported lower rates of mental health care than non-minorities (6.2% and 12.1% 

respectively). As a result, an association between minority status and mental health care 

was found, F(1, 499) = 78.56, p < .001. There was a small association between minority 

status and mental health care within the Subsample, r = .198 (Table 13). However, there 

was no association between minority status and consultation with a mental health care 

specialists (49.4% for minorities verses 55.1% for non-minorities), F(1, 499) = 2.63, p > 

.05 (Table 14).  

Only 3.4% of weighted respondents identified as First Nation (i.e., North 

American Indian, Métis, Inuit). Within the overall sample, First Nations respondents 

reported a higher rate of consulting with psychologists than non-aboriginal respondents, 

4.8% and 3.3% respectively. This difference in rates of utilization resulted in a 

statistically significant association between aboriginal status and consultation with a 

psychologist, F(1, 499) = 16.74, p < .001. However, this association was small, r = .109 

(Table 12). Similarly, those who identified themselves as First Nation within the 

Subsample had a higher rate of mental health care than those who did not identify as 

aboriginal (18.0% and 10.9% respectively), F(1, 499) = 58.61, p < .001. However, this 

was also a small association, r = .159 (Table 13). There was no association between 
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aboriginal status and consultation with a mental health care specialist, with aboriginal 

respondents (56.9%) and non-aboriginal respondents (54.4%) reporting similar rates of 

utilization, F(1, 499) = 0.44, p > .05 (Table 14).  

Respondents’ sexual orientation was also tested for a possible association with 

mental health care utilization. Within the larger sample, heterosexual respondents 

reported a lower rate of psychologist utilization than respondents who identified 

themselves as either homo- or bi-sexual (3.9% versus 9.0% respectively). A medium 

association was found between sexual orientation and consultation with a psychologist, 

with homo- or bi-sexual respondents being more likely to consult with a psychologist, 

F(1, 499) = 61.56, p < .001; r = .242  (Table 12). Similar differences in utilization rates 

were observed within the Subsample. Heterosexual respondents also reported a lower rate 

of mental health care than respondents who identified as homo- or bi-sexual (12.6% and 

28.0% respectively), F(1,499) = 86.23, p < .001. This finding suggested a medium 

association, r = .264 (Table 13). With regards to rates of consultation with mental health 

care specialist, 53.7% of heterosexual respondents reported seeking mental health care 

from a professional other than their GP. This rate was lower than the 72.1% rates 

reported by gay or bisexual respondents, F(1, 499) = 15.57, p < .001. A medium 

association between sexual orientation and the use of a mental health care specialist was 

observed, r = .215 (Table 14).  

 The first social-related predisposing individual characteristic explored was 

respondents’ current relationship status. Utilization rates for respondents who reported to 

be in a relationship (i.e., married or common-law) were compared to respondents who 

were not in a relationship (i.e., widowed, separated, divorced, or single). Within the 
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larger sample, over half of Canadians (57.9%) reported being in a relationship at the 

time of the survey. Respondents in a relationship had a lower rate of consultation with a 

psychologist than respondents who were single, divorced, or widdowed (2.6% and 4.3% 

respectively). As a result, an association between being in a relationship and consulting 

with a psychologist was found, F(1, 499) = 118.28, p < .001. However, this association 

was negligible, r = .031 (Table 12). Within the Subsample, respondents who were 

currently in a married or common-law relationship had a lower rate of mental health care 

use than those who were not in a relationship, 9.9% and 12.9% respectively, F(1, 499) = 

60.86, p < .001. This association was also negligible, r = .082 (Table 13). Similarly, a 

higher rate of respondents who were not in a relationship saw a mental health care 

specialist than those who were in a relationship (60.0% and 49.5% respectively). As a 

result, an association was also observed for relationship status and consultation with a 

mental health care specialist, F(1, 499) = 33.60, p < .001. This association between 

relationship status and the use of a mental health care specialist was small, r = .117 

(Table 14).   

 The next individual characteristic tested for an association with mental health care 

utilization was level of education, specifically, whether or not a respondent completed 

high school. Of the 91.4% of overall respondents who had completed high school, 

approximately 3.6% reported consulting a psychologist in comparison to 3.2% of those 

who had not completed high school. There was no association between high school 

education and consultation with a psychologist in the previous year, F(1, 499) = 1.77, p > 

.05 (Table 12). Similar findings were observed within the Subsample, with no differences 

in rates of mental health care between high school graduates (11.7%) and non-high 
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school graduates (12.7%), F(1, 499) = 2.20, p > .05 (Table 13). No association was 

observed between care from a mental health care specialist, F(1, 499) = 0.09, p > .05, 

with both high school graduates (53.7%) and non-high school graduates (54.7%) 

reporting similar rates of use of a mental health care specialist (Table 14).   

 The final predisposing individual characteristics tested were association with a 

religious group and religiosity (i.e., whether or not an individual described themselves as 

religious). A majority of the overall sample (82.1%) reported affiliation with a religious 

group. These respondents had similar rates of consulting with a psychologist than those 

who denied any religious association (2.0% and 2.4% respectively; F(1, 499) = 0.48, p > 

.05). Similar findings were observed when respondents were asked to rate their level of 

religiosity on a 4-point Likert scale, with rates of consulting with a psychologist being 

generally consistent across all levels, F(2.6, 1296.77) = 0.72, p > .05 (Table 12). Within 

the Subsample, no association mental health care and religious association were 

observed, F(1, 499) = 1.17, p > .05, or level of religiosity, F(1, 499) = 1.02, p > .05 

(Table 13). Cell sizes were too small to explore the relationship between religious 

association and religiosity with the use of a mental health care specialist. 

4.2.3  Enabling individual characteristics. The second sub-category of 

individual characteristics proposed by Andersen (2008) associated with health care 

utilization is enabling individual characteristics. These factors are believed to be 

associated with an increase in an individual’s ability to seek health care and further 

reduce possible barriers to receiving care. For the purpose of this research, variables 

associated with an individual’s employment, income, language spoken, and insurance 
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coverage were the variables selected to represent enabling individual characteristics 

associated with mental health care utilization.  

 It was hypothesized those who were employed and had a higher income were 

more likely to receive mental health care services. Contrary to the hypothesis, in 

comparing the hours worked in a typical week for those who consulted a psychologist (M 

= 36.7 hours, SD = 13.2) to those who did not (M = 38.8 hours, SD = 14.3), there was a 

statistically significant but negligible difference between groups, t(499) = 4.82, p < .001, 

r = .075 (Table 15). Similar findings were found within the Subsample, with those who 

reported receiving mental health care in the past year reporting slightly lower hours of 

work per week, M = 36.9, SD = 14.3, than those who did not receive care, M = 39.6, SD = 

14.3, t(499) = 8.05, p < .001. However, the effect of hours worked and whether or not a 

respondent received mental health care was also negligible, r = .090 (Table 16). Once 

receiving care, there was no difference in the average hours worked per week of those 

who only saw a general practitioner (M = 37.4, SD = 13.3) and those who saw a mental 

health care specialist (M = 36.5, SD = 14.0), t(499) = 2.09, p > .05 (Table 17).  

 Simplifying employment status to whether or not the respondent was classified as 

working full-time (i.e., 30 or more hours worked in a typical week) or part-time (i.e., less 

than 30 hours of work in a typical week) also suggested an association between 

employment status and mental health care utilization. The majority of respondents 

(83.4%) identified as working full-time. Those who identified as working full-time had a 

slightly lower rate of consultation with a psychologist than those working part-time 

(3.3% and 4.2% respectively). This difference in rates of consultation resulted in an 

association between working fulltime and consulting with a psychologist, F(1, 499) =   
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Table 15 

Individual Enabling Factors and Rates of Consultation with a Psychologist  

(N = 28,030,943) 

 

Variable 

Consulted a 

Psychologist 

Statistical  

Significance Test 

Effect 

Size 

Hours Worked per Week  

t(499) = 4.82*** r = .075 
Care 

M = 36.7,  

SD = 13.2 

No Care 
M = 38.8,  

SD = 14.3 

Fulltime  

Employment 
 

F(1, 499) = 9.02* r = .066 
Yes 3.3% 

No 4.2% 

Household Income 

Group (10 Groups)
16

 
 F(9.85, 4913.61) = 3.94*** r = .028 

Household Income - 

Decile
17

 
 F(8.64, 4308.9) = 3.38*** r = .029 

English and/or  

French Speaking 
 

F(1, 499) 29.06*** r = .404 
Yes 3.4% 

No 0.7% 

Insured for Prescription 

Medication 
 

F(1, 499) = 0.38 ns 
Yes 2.9% 

No 3.3% 

Insured for Hospital 

Charges 
 

F(1, 499) = 0.13 ns 
Yes 3.2% 

No 3.0% 

Note. The F-statistic is based on the Rao-Scott correction. The t-score is based on the 

adjusted-Wald correction. ns equates to zero effect. 

* p < .05. ***p < .001. 

 

  

                                                 
16

 See Figure 2 for rates of utilization by household income group 

17
 See Figure 3 for rates of utilization by household decile group 
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Table 16 

Individual Enabling Factors and Rates Mental Health Care within the Subsample  

(N = 14,774,612) 

 

Variable 

Received 

Mental 

Health Care 

Statistical  

Significance Test 

Effect 

Size 

Hours Worked per Week  

t(499) = 8.05*** r = .090 
Care 

M = 36.9,  

SD = 14.3 

No Care 
M = 39.6,  

SD = 14.3 

Fulltime  

Employment 
 

F(1, 499) = 18.60*** r = .074 
Yes 10.4% 

No 13.2% 

Household Income 

Group (10 Groups)
18

 
 F(10.29, 5139.79) = 14.01*** r = .077 

Household Income - 

Decile
19

 
 F(8.57, 4276.54) = 10.56*** r = .064 

English and/or  

French Speaking 
 

F(1, 499) = 22.67*** r = .372 
Yes 11.2% 

No 2.9% 

Insured for Prescription 

Medication 
 

F(1, 499) = 3.95* r =.080 
Yes 9.7% 

No 12.5% 

Insured for Hospital 

Charges 
 

F(1, 499) = 1.65 ns 
Yes 9.7% 

No 11.4% 

Note. The F-statistic is based on the Rao-Scott correction. The t-score is based on the 

adjusted-Wald correction. ns equates to zero effect. 

* p < .05. ***p < .001. 

 

  

                                                 
18

 See Figure 2 for rates of utilization by household income group 

19
 See Figure 3 for rates of utilization by household decile group 
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Table 17 

Individual Enabling Factors and Rates of Consultation with Mental Health Care 

Specialist within the Subsample (N = 1,644,690) 

 

Variable 

Utilized a 

Mental 

Health Care 

Specialist 

Statistical  

Significance Test 

Effect 

Size 

Hours Worked per Week  

t(499) = 2.09 ns 
Specialist 

M = 37.4,  

SD = 13.3 

No Specialist 
M = 36.5,  

SD = 14.0 

Fulltime  

Employment 
 

F(1, 499) = 1.81 ns 
Yes 51.3% 

No 55.3% 

Household Income 

Group (10 Groups)
20

 
 F(10.27, 5126.51) = 2.31** r = .087 

Household Income - 

Decile
21

 
 F(8.66, 4321.88) = 1.92* r = .080 

English and/or  

French Speaking 
 

F(1, 499) = 0.37 ns 
Yes 54.6% 

No 44.9% 

Insured for Prescription 

Medication 
 

F(1, 499) = 0.11 ns 
Yes 50.2% 

No 52.5% 

Insured for Hospital 

Charges 
 

F(1, 499) = 0.47 ns 
Yes 47.9% 

No 52.0% 

Note. The F-statistic is based on the Rao-Scott correction. The t-score is based on the 

adjusted-Wald correction. ns equates to zero effect. 

* p < .05. ** p <.01 

  

                                                 
20

 See Figure 2 for rates of utilization by household income group 

21
 See Figure 3 for rates of utilization by household decile group 
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9.02, p < .05. However, although statistically significant, this association was 

negligible, r = .066 (Table 15). Within the Subsample, a higher proportion of part-time 

workers reported to have received mental health care in the previous twelve months in 

comparison to full-time workers (13.2% and 10.4%, respectively). This difference in 

rates of utilization resulted in an association between full-time employment and rates of 

mental health care, F(1, 499) = 18.60, p < .001. This association was also negligible, r = 

.074 (Table 16). There was no association between fulltime work status and the use of a 

mental health care specialist, with the proportion of fulltime workers (51.3%) who 

received specialized care was similar to the proportion of part-time workers (55.3%), F(1, 

499) = 1.81, p > .05 (Table 17).  

In exploring the possible association between income and mental health care 

utilization, income was tested using two different variables. The first variable for income 

was the total household income from all sources. Respondents were ranked using ten 

groups based on their reported household income. This variable took into account all 

income sources for respondents’ household, including those of their parents, partner, or 

spouse when applicable. An association between the income and consultation with a 

psychologist in the previous twelve months was observed, F(9.85, 4913.61) = 3.94,  p < 

.001. However, the association between income group and consultation with a 

psychologist was negligible, r = .028 (Table 15). In examining Figure 2, rates of 

consultation with a psychologist appear to be consistent across most income groups, with 

a small peak for the $5000-$9,999 household income group.  

Within the Subsample, a negligible association between household income group 

and rates of mental health care was also observed, F(10.29, 5139.79) = 14.01, p < .001; r  
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Figure 2. Utilization rates per income group across the three utilization variables.
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= .077 (Table 16). Similar to the rates of consultation with a psychologist, rates of 

mental health care use within the Subsample peaked for the $5000 - $9,999 household 

income group before a slight drop in utilization rates before leveling out at the $30,000 - 

$39,999 range (Figure 2). The association between income group and mental health care 

use does not appear to support the hypothesis that an increase in income results in an 

increase in mental health care utilization. Rates of consulting with a mental health care 

specialists were also associated with household income, F(10.27, 5126.51) = 2.31, p < 

.01. However, this association was negligible, r  = .087 (Table 17). Rates of utilization 

were inconsistent and fluctuated as household income increased (Figure 2). 

With average incomes varying across the provinces, the income decile 

classification accounted for respondent’s household income in relation to other 

households in their health region. Despite the rate of consultation with a psychologist 

being generally consistent across all deciles (Figure 3), an association between decile 

group and consultation rates with a psychologist was observed, F(8.64, 4308.9) = 3.38,  p 

< .001.  However, there was a negligible effect between income decile group and 

consultation with a psychologist, r = .029 (Table 15). Similar trends were observed when 

exploring the association between income decile group and mental health care within the 

Subsample, F(8.57, 4276.54) = 10.56, p  < .001. Despite more observable fluctuations in 

rates across deciles (Figure 3), this association was also negligible, r = .064 (Table 16). 

Despite the rate of seeing a mental health care specialist being somewhat consistent 

across all deciles (Figure 3), a negligible association was also observed, F(8.66, 4321.88) 

= 1.92, p < .05; r = .080 (Table 17).   
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Figure 3. Utilization rates across income deciles for the three utilization variables.
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In testing for an association between utilization and speaking at least one of the 

two official languages of Canada, a higher proportion of those who speak English and/or 

French reported seeking care from a psychologist than those who cannot speak English 

and French (i.e., allophones; 3.4% and 0.7% respectively), F(1, 499) 29.06, p < .001. 

There was a medium association between being able to speak English and/or French and 

consultation with a psychologist in the previous year, r = .404 (Table 15). Within the 

Subsample, there was a higher rate of mental health care use for respondents who spoke 

at least one of the two official languages of Canada (11.2%) compared to allophones 

(2.9%). As a result, there was a medium association (r = .372) between being able to 

speak English and/or French and mental health care within the Subsample, F(1, 499) = 

22.67, p < .001 (Table 16). There was no association observed between being able to 

speak one of the official languages of Canada and whether or not services received were 

from a mental health care specialist, F(1, 499) = 0.37, p > .05. Both English and/or 

French speakers and allophones reported similar rates of care from mental health care 

specialists in the previous twelve months (54.6% and 44.9% respectively; Table 17). 

These findings suggest that although limited language skills may first serve as a barrier to 

mental health care, if allophones can overcome that barrier language does not appear to 

limit their ability to receive specialized mental health care.  

The last two individual characteristics related to enabling individual 

characteristics were in relation to the type of insurance a respondent reported having. In 

the overall sample, rates of consultation with a psychologist in the previous twelve 

months did not differ for those whose insurance covered prescription medication (2.9%) 

to those who were not covered (3.3%), F(1, 499) = 0.38, p > .05 (Table 15). Within the 
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Subsample, respondents whose insurance covered prescription medication had a lower 

rate of mental health care than those who reported not having insurance that covered 

prescription medication (9.7% and 12.5% respectively). As a result, a negligible 

association (r = .080) between having prescription medication coverage and mental 

health care was observed, F(1, 499) = 3.95, p  < .05 (Table 16). There was no difference 

in the rate of consulting with a mental health care specialist for mental health concerns 

between those who had insurance for prescription medication (50.2%) and those who 

were not covered for prescription medication (52.5%). As a result, no association was 

found between having coverage for prescription medication and utilization of care from a 

mental health care specialist, F(1, 499) = 0.11, p > .05 (Table 17).  

Exploring the association between having additional insurance coverage for 

hospital stays and whether or not a respondent had a consultation with a psychologists, 

there was no association between being covered for hospital charges (3.2%) and those not 

covered (3.0%), F(1, 499) = 0.13,  p > .05 (Table 15). Within the Subsample, there was 

also no association found between having insurance that covered hospital charges and 

whether or not respondents sought mental health care in the previous twelve months, F(1, 

499) = 1.65, p > .05. Both those with insurance that covered hospital costs and those who 

did not report similar rates of utilization (9.7% and 11.4% respectively; Table 16). The 

rate of seeing a mental health care specialist was similar for those who had coverage for 

hospital costs (47.9%) and those who did not (52.0%). As a result, no association was 

found between having hospital cost coverage and seeing a specialist for mental health 

care, F(1, 499) = 0.47, p > .05 (Table 17).  
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4.2.4  Individual need characteristics. The last sub-section of individual 

characteristics proposed by Andersen (2008) was related to need. Andersen differentiated 

between perceived need (i.e., the level of need for care from the individual’s point of 

view) and evaluated need (i.e., the need for care from a health care professional’s point of 

view). To measure perceived need, independent variables included self-rated self-esteem, 

life stress, and general mental health. Evaluated need was measured using a derived score 

of psychological well-being (i.e., Psychological Well-Being Scale score and the General 

Mental Health Scale) and extreme body mass index scores (BMI). For this study, it was 

hypothesized that being outside the normal or overweight BMI range (i.e., being obese or 

underweight) would be associated with higher rates of mental health care utilization. 

  The respondent self-esteem score was derived from six items in the CCHS. The 

possible overall score could range from 0 to 24, with higher scores indicating a more 

positive level of self-esteem. Respondents who consulted with a psychologist had similar 

self-esteem scores (M = 18.71, SD = 3.66) to those who did not receive care from a 

psychologist (M = 19.08, SD = 2.75), t(499) = 0.22, p > .05 (Table 18). Within the 

Subsample, there was also no difference in the mean self-esteem score for respondents 

who sought mental health care in the previous twelve months (M = 19.14, SD = 2.66) and 

those who did not (M = 19.07, SD = 2.78), t(499) = 0.14, p > .05 (Table 19). Similar 

results were observed when comparing those whose mental health services included a 

mental health care specialist (M = 19.06, SD = 2.64) and those who only consulted a 

family physician for mental health care (M = 19.43, SD = 1.97), t(499) = 0.24, p > .05 

(Table 20). 
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Table 18 

Individual Need Characteristics and Rates of Consultation with a Psychologist  

(N =28,030,943) 

Variable 

Consulted a 

Psychologist 

Statistical  

Significance Test 

Effect 

Size 

Self-Esteem Score (0–24)  

t(499) = 0.22 ns 
Care 

M = 18.71  

SD = 3.66 

No Care 
M = 19.08  

SD = 2.75 

Life Stress  

F(3.92, 1955.47) = 

173.38*** 
r = .116 

Not at All 1.0% 

Not Very 1.8% 

A Bit 3.0% 

Quite a Bit 6.6% 

Extreme 8.4% 

Self–Rated Mental Health  

F(3.93, 1959.16) = 

299.96*** 
r = .158 

Poor  21.7% 

Fair  11.9% 

Good 5.1% 

Very Good 2.8% 

Excellent 1.6% 

Psychological Well-Being 

Scale (0 – 100) 
 

t(499) = 5.13*** r = .305 Care 
M = 75.40  

SD = 18.57 

No Care 
M = 85.68  

SD = 13.08 

General Mental Health 

Scale 

 

t(499) = 7.63*** r = .425 Care 
M = 67.59  

SD = 20.13 

No Care 
M = 83.01  

SD = 15.44 

BMI Group  

F(1, 499) = 0.45 ns 

Normal or 

Overweight 
3.3% 

Underweight or 

Obese I, II, or III 
3.4% 

Note. The F-statistic is based on the Rao-Scott correction. The t-scores are based on the 

adjusted-Wald correction. ns equates to zero effect. 

***p < .001.  
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Table 19 

Individual Need Characteristics and Rates of Mental Health Care within the Subsample 

(N =14,774,612) 

Variable 

Received 

Mental 

Health Care 

Statistical 

Significance Test 

Effect 

Size 

Self-Esteem Score (0–24)  

t(499) = 0.14 ns 
Care 

M = 19.14  

SD = 2.66 

No Care 
M = 19.07  

SD = 2.78 

Life Stress  

F(3.87, 1931.49)*** r = .195 

Not at All 3.5% 

Not Very 6.4% 

A Bit 10.9% 

Quite a Bit 20.1% 

Extreme 29.5% 

Self–Rated Mental Health  

F(3.78, 1885.68) = 

486.28*** 
r = .308 

Poor  60.0% 

Fair  43.2% 

Good 17.4% 

Very Good 9.2% 

Excellent 4.8% 

Psychological Well-Being 

Scale (0 – 100) 
 

t(499) = 10.24*** r = .395 Care 
M = 75.12  

SD = 17.86 

No Care 
M = 86.56  

SD = 12.23 

General Mental Health 

Scale (0 – 100) 

 

t(499) = 10.01*** r = .482 Care 
M = 67.45 

SD = 19.99 

No Care 
M = 86.09  

SD = 13.06 

BMI Group  

F(1, 499) = 42.85*** r = .002 

Normal or 

Overweight 
10.8% 

Underweight or 

Obese I, II, or III 

14.0% 

Note. The F-statistic is based on the Rao-Scott correction. The t-scores are based on the 

adjusted-Wald correction. ns equates to zero effect. 

***p < .001.  
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Table 20 

Individual Need Characteristics and Rates of Consultation with a Mental Health Care 

Specialist within the Subsample (N =1,644,690) 

 

Variable 

Utilized a 

Specialist 

Statistical  

Significance Test 

Effect 

Size 

Self-Esteem Score (0–24)  

t(499) = 0.49 ns 
Specialist 

M = 19.06 

SD = 2.64 

No Specialist 
M = 19.43 

SD = 1.97 

Life Stress  

F(3.88, 1938.01) = 0.37 ns 

Not at All 50.9% 

Not Very 53.9% 

A Bit 53.7% 

Quite a Bit 53.7% 

Extreme 57.2% 

Self–Rated Mental Health  

F(3.9, 1944.7) = 11.23*** r = .122 

Poor  76.7% 

Fair  58.2% 

Good 51.4% 

Very Good 51.4% 

Excellent 54.8% 

Psychological Well-Being 

Scale (0 – 100) 
 

t(499) = 1.23 ns 
Specialist 

M = 73.83 

SD = 19.88 

No Specialist 

M = 76.44 

SD = 

115.67 

General Mental Health 

Scale (0 – 100) 

 

t(499) = 0.81 ns Specialist 
M = 66.38 

SD = 19.27 

No Specialist 
M = 68.88 

SD = 18.41 

BMI Group  

F(1, 499) = 4.90* r = .103 

Normal or 

Overweight 
54.6% 

Underweight or 

Obese I, II, III 
50.0% 

Note. The F-statistic is based on the Rao-Scott correction. The t-scores are based on the 

adjusted-Wald correction. ns equates to zero effect. 

* p < .05. ***p < .001.
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Respondents of the CCHS - 2007/2008 were asked to rate their life stress on a 

5-point Likert scale that ranged from not at all to extremely stressful. In the overall 

sample, as ratings of life stress increased, so to did rates of consulting with a 

psychologist. As a result, a small association between perceived life stress and 

psychologist utilization was observed, F(3.92, 1955.47) = 173.38, p < .001; r = .116 

(Table 18). Within the Subsample, the percentage of respondents who received mental 

health care ranged from 3.5% of those who denied having any life stresses to 29.5% of 

those who rated their stress as extreme. As a result, a small association was also found 

between perceived life stress and rates of mental health care within the Subsample, 

F(3.87, 1931.49) = 245.75, p < .001; r = .195 (Table 19). There was no association 

between perceived life stress and whether or not their mental health services were 

performed by a mental health care specialist, F(3.88, 1938.01) = 0.37, p > .05 (Table 20). 

When asked to rate their general mental health, rates of psychologist utilization 

increased from 1.6% for those who rated their mental health as excellent to 21.7% for 

those who rated their mental health as poor. As a result, a small association was found 

between self-perceived mental health and consultation with a psychologist in the previous 

twelve months, F(3.93, 1959.16) = 299.96, p < .001; r = .158 (Table 18). Within the 

Subsample, a higher proportion of those who perceived their mental health as poor 

received mental health care in the previous twelve months (39.0%) compared to the small 

percentage of those who rated their mental health as excellent who utilized care (4.8%). A 

medium association was observed between self-rated mental health and rates mental 

health care, F(3.78, 1885.68) = 486.28, p < .001; r = .308 (Table 19). A majority of those 

who rated their mental health as poor and fair reported receiving their mental health care 
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from a mental health care specialist (76.7% and 58.2%, respectively). An association 

was found between perceived mental health and whether or not mental health care was 

provided by a specialists, F(3.9, 1944.7) = 11.23, p < .001. However, this association was 

small, r =.122 (Table 20).  

The CCHS - 2007/2008 also included a psychological well-being scale based on 

twenty-five questions suggested by Raymond Massé of Université Laval (Statistics 

Canada, 2009d). With possible scale scores ranging from 0 to 100 with higher scores 

indicating positive psychological well-being, the overall mean score for Canadians was 

85.37 (SD = 13.39). Respondents who reported consulting with a psychologist had an 

average score of 75.40 (SD = 18.57), lower scores than for those who did not see a 

psychologist (M = 85.68, SD = 13.08), t(499) = 5.13, p < .001. There was a medium 

effect between psychological well-being and consultation with a psychologist, r = .305 

(Table 18). For respondents in the Subsample, the average score of those who received 

mental health care (M = 75.12, SD = 17.86) was lower than the overall mean score for 

those who did not receive care in the previous year (M = 86.56, SD = 12.23), t(499) = 

10.24, p < .001. The effect of the Psychological Well-Being Scale score on rates of 

mental health care within the Subsample was medium, r = .425 (Table 19). The scores of 

those who saw a mental health care specialist (M = 73.83, SD = 19.88) did not differ from 

scores of those who received their mental health care from a GP or family physician (M = 

76.44, SD = 115.67), t(499) = 1.23, p > .05 (Table 20).  

The General Mental Health Scale score is a measure of overall mental health in 

comparison to the general population. This score is based on CCHS - 2007/2008 

questions concerning respondents’ general mood, level of energy, and general 
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nervousness. With possible scores ranging from 0 to 100 and higher scores suggesting 

more positive mental health, the average score for the overall population was 82.64 (SD = 

15.81). Respondents who consulted with a psychologist had an average score of 67.59 

(SD = 20.13). This score was lower than the average score of respondents who did not 

meet with a psychologist (M = 83.01, SD = 15.44), t(499) = 7.63, p < .001. General 

Mental Health Scale score had a medium effect on the utilization of psychologists in the 

overall sample, r = .395 (Table 18). Subsample respondents who reported seeking mental 

health care in the previous twelve months had lower General Mental Health Scale scores 

(M = 67.45, SD = 19.99) than those who did not utilize services (M = 86.09, SD = 13.06), 

t(499) = 10.01, p < .001. This difference resulted in a medium effect between General 

Mental Health Scale scores and mental health care use within the subsample, r = .482 

(Table 19). Of those Subsample respondents who utilized mental health care, there was 

no difference in General Mental Health Scale scores for those who saw a mental health 

care specialist (M = 66.38, SD = 19.27) and those who received care from a GP or family 

physician alone (M = 68.88, SD = 18.41), t(499) = 0.81, p > .05 (Table 20).  

Another evaluated individual characteristic related to an individual’s need was 

body mass index (i.e., BMI). No association between being in an extreme BMI class and 

consultation with a psychologist was observed, F(1, 499) = 0.45,  p > .05. Within the 

overall population, normal and overweight respondents (i.e., BMI between 18.5 and 30) 

were similar in rates of consultation with a psychologist to respondents in the 

underweight (i.e., BMI less than 18.5) and obese (i.e., BMI greater than 30) categories, 

3.3% and 3.4% respectively (Table 18). Within the Subsample, respondents who reported 

a BMI in the normal or overweight ranges had rates of mental health care in the previous 
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twelve months of 10.8%, whereas respondents in the extreme BMI ranges reported a 

higher rate of mental health care utilization of 14.0%. As a result, a negligible association 

between utilization of mental health care services and having an extreme BMI 

categorization was observed, F(1, 499) = 42.85, p < .001; r = .002 (Table 19). Of those 

respondents who sought mental health care, those who reported BMIs in the moderate 

normal or overweight ranges had higher rates of care from a mental health care specialists 

(54.6%) than those whose BMIs fell into the extreme ranges (50.0%). There was a small 

association between BMI and mental health care from a mental health care specialist, 

F(1, 499) = 4.90, p < .05; r = .103 (Table 20). 

4.2.5  General health behaviours. The CCHS - 2007/2008 has an assortment of 

questions exploring respondents’ general health behaviours. For the purpose of this study, 

variables selected for testing included general physical health, daily fruit and vegetable 

consumption, daily energy expenditure, hours per week in sedentary activities, and the 

number of consultations with a medical doctor or paediatrician.  

The General Health Perception Scale is a score derived from selected questions 

in an optional module on health status within the CCHS. Three provinces (Manitoba, 

Prince Edward Island, and Newfoundland and Labrador) utilized this optional module, 

two of which (Prince Edward Island, and Newfoundland and Labrador) also used the 

optional mental health care utilization module. Questions that made up the General 

Health Scale explored respondents’ opinions about their health, their susceptibility to 

illness, and their expectation of illness in comparison to others. Scale scores could range 

from 0 to 100 points with higher scores indicating a more positive sense of health. The 

overall population of these provinces had an average General Health Perception Scale 



 92 

score of 74.33 (SD = 19.79). Those who reported consulting with a psychologist had an 

average General Health Score (M = 61.39, SD = 22.64) lower than those who did not seek 

services from a psychologist (M = 74.65, SD = 19.56), t(499) = 5.42, p < .001. There was 

a small effect between General Health Perception Scale scores and the utilization of a 

psychologist in the previous twelve months, r = .299 (Table 21). Within the Subsample, 

General Health Perception Scale scores for those received mental health care in the 

previous twelve months (M = 63.12, SD = 26.11) were lower than those who did not 

utilize mental health care services (M = 74.60, SD = 20.05), t(499) = 4.34, p < .001, with 

a small effect size, r = .296 (Table 22). However, there was no difference in General 

Health Scale scores of those who saw a mental health care specialist for their mental 

health care (M = 63.98, SD = 3.87) and those who received mental health care from a 

general practitioner or family physician (M = 61.92, SD = 2.75), t(499) = 0.44, p > .05 

(Table 23).  

When asked to rate their health on a 5-point scale anchored between poor and 

excellent, respondents in the overall sample reported higher rates of consulting with a 

psychologist as ratings for general health were more negative, F(3.84, 1917.98) = 39.22, 

p < .001. However, this association was negligible, r = .055 (Table 21). Within the 

Subsample, the ratio of respondents who sought mental health care in the previous twelve 

months also increased as the rating of general health became more negative. As a result, a 

small association between perceived health and mental health care was observed, F(3.95, 

1969.04) = 138.02, p < .001; r = .149 (Table 22). There was no association between 

perceived health and whether or not those who sought mental health care received 

services from a mental health care specialist, F(3.92, 1957.09) = 1.79, p > .05 (Table 23). 
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Table 21 

General Health Behaviours and Rates of Consultation with a Psychologist 

(N =28,030,943) 

Variable 

Consulted a 

Psychologist 

Statistical  

Significance Test Effect Size 

General Health 

Perception Scale (0-100)  

 

t(499) = 5.42*** r = .299 Care 
M = 61.39 

SD = 22.64 

No Care 
M = 74.65 

SD = 19.56 

Self–Rated Health  

F(3.84, 1917.98) = 

39.22*** 
r = .055 

Poor  7.1% 

Fair  5.2% 

Good 3.6% 

Very Good 2.9% 

Excellent 2.5% 

Daily Fruit/Vegetable 

Consumption 

 

F(1.97, 983.94) = 3.22* r = .011 Less than 5 3.2% 

5 – 10 times 3.5% 

More than 10 4.0% 

Daily Energy 

Expenditure 

 

t(1, 499) 0.04 ns Care 
M = 2.01  

SD = 2.31 

No Care 
M = 2.25 

SD = 2.59 

Sedentary Activity per 

Week (10 Groups)
22

 

 
F(8.45, 4216.3) = 2.34* r = .020 

Physician Visits in 

Previous Year 

 

t(499) = 15.90*** r = .232 Care 
M = 8.31 

SD = 12.39 

No Care 
M = 3.62 

SD = 6.30 

Note. The F-statistic is based on the Rao-Scott correction. The t-scores are based on the 

adjusted-Wald correction. ns equates to zero effect. 

* p < .05. ***p < .001.

                                                 
22

 See Figure 5 for a break down of utilization by sedentary activity rates. 
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Table 22 

General Health Behaviours and Rates Mental Health Care within the Subsample  

(N =14,774,612)        

Variable 

Received 

Mental 

Health Care 

Statistical 

Significance Test Effect Size 

General Health 

Perception Scale (0–100)  

 

t(499) = 4.34*** r = .296 Care 
M = 63.12  

SD = 26.11 

No Care 
M = 74.60  

SD = 20.05 

Self–Rated Health  

F(3.95, 1969.04) = 

138.02*** 
r = .149 

Poor  30.0% 

Fair  19.5% 

Good 12.3% 

Very Good 10.5% 

Excellent 6.7% 

Daily Fruit/Vegetable 

Consumption 
 

F(1.98, 989.46) = 1.54 ns Less than 5 11.4% 

5 – 10 times 10.8% 

More than 10 12.3% 

Daily Energy Expend.  

t(499) = 5.67*** r = .049 
Care 

M = 2.01  

SD = 2.31 

No Care 
M = 2.25  

SD = 2.59 

Sedentary Activity per 

Week (10 Groups)
23 

 
F(8.57, 4278.74) = 

3.92*** 
r = .035 

Physician Visits in 

Previous Year  

 

t(499) = 22.99*** r = .244 Care 
M = 8.53 

SD = 12.98 

No Care 
M  = 3.45 

SD = 5.88 

Note. The F-statistic is based on the Rao-Scott correction. The t-scores are based on the 

adjusted-Wald correction. ns equates to zero effect. 

***p < .001.  

                                                 
23

 See Figure 5 for a break down of utilization by sedentary activity rates. 
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Table 23 

General Health Behaviours and Rates of Consultation with a Mental Health Care 

Specialist within the Subsample (N =1,644,690) 

Variable 

Utilized 

Mental 

Health Care 

Specialist 

Statistical 

Significance Test Effect Size 

General Health 

Perception Scale (0–100)  

 

t(499) = 0.20 ns Specialist 
M = 63.98 

SD = 3.87 

No Specialist 
M = 61.92 

SD = 2.75 

Self–Rated Health  

F(3.92, 1957.09) = 1.79 ns 

Poor  60.4% 

Fair  54.0% 

Good 54.0% 

Very Good 52.5% 

Excellent 58.1% 

Daily Fruit/Vegetable 

Consumption 
 

F(1.98, 990.44) = 1.28 ns Less than 5 54.3% 

5 – 10 times 54.2% 

More than 10 61.3% 

Daily Energy Expend.  

t(499) = 3.31** r = .055 
Specialist 

M = 2.12 

SD = 2.38 

No Specialist 
M = 1.87 

SD = 2.09) 

Sedentary Activity per 

Week (10 Groups)
24

 

 
F(8.5, 4243.58) = 0.77 ns 

Physician Visits in 

Previous Year 

 

t(499) = 5.99*** r = .104 Specialist 
M = 9.73  

SD = 15.35 

No Specialist 
M = 7.09  

SD = 8.46 

Note. The F-statistic is based on the Rao-Scott correction. The t-scores are based on the 

adjusted-Wald correction. ns equates to zero effect. 

** p <.01. ***p < .001.  

                                                 
24

 See Figure 5 for a break down of utilization by sedentary activity rates. 
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To explore healthy lifestyles, respondents of the CCHS - 2007/2008 were asked 

to report the number of times per day they consumed fruits or vegetables. For the purpose 

of this study, it was assumed that higher daily consumption of fruits and vegetables was 

associated with a healthier diet. Contrary to the hypothesis, within the overall sample, 

rates of consultation with a psychologist increased with greater reported fruit and 

vegetable consumption, F(1.97, 983.94) = 3.22,  p < .05. However, this association was 

negligible, r = .011 (Table 21). There was no association between rate of fruit and 

vegetable consumption and mental health care within the Subsample as rates of 

utilization ranged from 10.8% to 12.3% across the groups, F(1.98, 989.46) = 1.54, p > 

.05 (Table 22). Despite utilization rates ranging from 54.2% to 61.3% with regards to 

rates of consultation with a mental health care specialist, no association was found 

between utilization of a specialist for mental health care and fruit and vegetable 

consumption, F(1.98, 990.44) = 1.28, p > .05 (Table 23). 

Using data collected by the CCHS - 2007/2008 about respondents’ reported 

leisure time activities, Statistics Canada derived a Daily Energy Expenditure Score for 

each respondent (Equation 4.4). This score was calculated using the frequency engaged in 

the activity (N), the duration of the activity (D), and the MET value of the activity 

(MET). The MET value represents the intensity of the activity and is expressed in 

kilocalories by kilograms of body weight per hour of activity (kcal/kg/hr). Therefore, the 

more intense the activity, the higher the MET value associated with that activity. For 

example, running has a MET value of 9 kcal/kg/hr, whereas bowling has a MET value of 

2 kcal/kg/hr (Statistics Canada, 2009b). 

EE = (N x D x MET)/ 365       (4.4) 
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The Daily Energy Expenditure Score for the overall population was positively 

skewed, with a mean of 2.17 (SD = 2.44) for the population. Those who reported 

consulting a psychologist in the previous twelve months had mean Daily Energy 

Expenditure Score of 2.01 (SD = 2.31), which was no different than the score of those 

who did not seek care from a psychologist (M = 2.25, SD = 2.59), t(499) = 0.04, p > .05  

(Table 21). Within the Subsample, those who sought mental health care (M = 2.01, SD = 

2.31) had a lower Daily Energy Expenditure Score than those who did not seek mental 

health care (M = 2.25, SD = 2.59); t(499) = 5.67, p  < .001. However, the effect that Daily 

Energy Expenditure Score had on rates of mental health care was negligible, r = .049 

(Table 2). Similarly, an association between Daily Energy Expenditure Score and 

consulting with a mental health care specialist was also observed, t(499) = 3.31, p < .01. 

Those who saw a specialist had an average Daily Energy Expenditure Score higher than 

those who only saw a general practitioner for mental health care, M = 2.12 (SD = 2.38) 

and M = 1.87 (SD = 2.09), respectively. However, this effect was negligible, r = .055 

(Table 23). 

In contrast to the Daily Energy Expenditure Score that measured the amount of 

physical activity respondents reported during their leisure time, the CCHS - 2007/2008 

also collected information on the amount of time per week that respondents reported 

spending in sedentary activities other than reading. This derived variable provided an 

estimated number of hours that respondents spent using the computer (e.g., Internet use), 

playing video games, or watching television or videos in the previous three months. 

Activities associated with work and/or school were not included (Statistics Canada, 

2009b). Overall, a negligible association between time in sedentary activity and 
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consultation with a psychologist was observed, F(8.45, 4216.3) = 2.34, p < .05; r = 

.020 (Table 21). Rates of consultation with a psychologist were generally consistent 

across all levels of sedentary activity, with an observable increase in rates in the two 

highest groups with regards to time spent in sedentary activity (Figure 4). Despite an 

observable similarity in the breakdown of time spent in sedentary activity between the 

two groups in the Subsample, an association between the amount of time spent in 

sedentary activity and the use of mental health care in the previous twelve months was 

also observed, F(8.57, 4278.74) = 3.92, p < .001 (Table 22). However, this association 

was negligible (r = .035). There was no observable increase in mental health care use 

with greater time in sedentary activity (Figure 4). Overall, the amount of time spent in 

sedentary activities was not associated with whether or not those who sought mental 

health care in the previous twelve months had seen a mental health care specialist, F(8.5, 

4243.58) = 0.77, p > .05 (Table 23). However, an observable increase in utilization rates 

is observable when sedentary activity reaches 35 hours or more in a week (Figure 4).  

The last variable related to respondents’ general health behaviours tested was 

respondents’ reported use of general health care in the previous twelve months. On 

average, Canadians saw a family physician or health specialist approximately four times 

a year, M = 3.78, SD = 6.68. Those who consulted a psychologist in the previous year 

saw a physician an average of 8.35 times (SD = 13.40), statistically more than the average 

of 3.62 visits (SD = 6.30) reported by respondents who did not seek care from a 

psychologist, t(499) = 15.90, p < .001. As a result, the number of physician visits had a 

medium effect on rates of consultation with a psychologist, r = .232 (Table 21). Within 

the Subsample, those who reported receiving mental health care in the previous twelve  
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Figure 4. Sedentary activity and utilization rates across three measures of utilization.
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months averaged over eight visits with a family physician or health specialist (M = 

8.53, SD = 12.98), more than the average three visits (M  = 3.45, SD = 5.88) for 

respondents who did not seek care for mental health issues, t(499) = 22.99, p < .001. The 

number of visits to a physician or health specialist had a medium effect on whether or not 

a respondent sought mental health care, r = .244 (Table 22). Similarly, those who 

consulted with a specialist for their mental health care reported more visits with a family 

physician or health specialist than those who only saw their family physician for mental 

health care, M = 9.73 (SD = 15.35) and M = 7.09 (SD = 8.46) respectively; t(499) = 5.99, 

p < .001 (Table 23). However this association was small, r = .104. 

4.2.6  Outcome factors. According to Andersen (2008), outcome factors were 

related to an individual’s perceived health care outcomes, their evaluated health care 

outcomes, and the level of satisfaction with health care services. The CCHS - 2007/2008 

was somewhat limited with regards to potential variables that could be used to represent 

outcome factors. For this study, items used related to respondents’ ratings of the quality 

of, and satisfaction with, the health care they received. However, these were optional 

components of the CCHS – 2007/2008 and only respondents in Yukon and the Northwest 

Territories were asked about their satisfaction with the overall quality of health care they 

received. As a result, analyses of possible associations between the outcome factors and 

whether or not respondents consulted a psychologist in the overall sample and whether or 

not Subsample respondents utilized a mental health care specialist care could not be 

released as a result of low frequencies in some cells. Only the Subsample dependent 

variable associated with receiving mental health care in the previous twelve months could 

be tested with regards to outcome factors. 
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Overall, respondents generally reported the quality of care they received was 

positive, with the majority of respondents rating their care as either excellent (32.7%) or 

good (51.5%). There was no association observed between whether or not someone 

received mental health care in the previous twelve months and their rating for quality of 

their health care in general, F(2.46, 1227.64) = 0.71, p > .05 (Table 24). Respondents 

were also asked to rate their level of satisfaction with the way health care was provided to 

them. On average, respondents were generally satisfied with the way their health care 

was provided, with the majority of respondents either Very Satisfied (37%) or Somewhat 

Satisfied (46%) with the care they received. When comparing the level of satisfaction 

between those in the Subsample who received mental health care and those who did not, 

there was no association between level of satisfaction and service utilization, F(3.7, 

1845.2) = 1.76, p > .05 (Table 24). As a result, no outcome factors are used in 

constructing a model of mental health care utilization in the next phase of the analysis.  

4.3 Building a Model of Mental Health Care Utilization in Canada 

The variables identified as having a relationship with mental health care 

utilization in the first phase of the study were used to build a model of utilization for the 

second phase of the study. A hierarchical logistic regression with predictor variables 

entered in blocks was used to test two dichotomous outcome variables (i.e., Did they 

consult a psychologist? Did they receive mental health care in the previous twelve 

months?). Based on the findings for each model, predictors that made the largest 

individual contributions were used to create more streamlined models for each outcome  
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Table 24 

Outcome Factors and Mental Health Care (Yukon and NWT Only; N = 28,406) 

 

Variable 

Received 

Mental 

Health Care Significance Test Effect Size 

Rating of Quality  

of Care  
 

F(2.46,1227.64) = 0.71 ns 
Excellent 15.1% 

Good 10.8% 

Fair 13.8% 

Poor 16.5% 

Satisfaction with Care   

F(3.7,1845.19) = 1.76 ns 

Very Satisfied 14.2% 

Satisfied 9.1% 

Neither 17.5% 

Somewhat 

Dissatisfied 
18.3% 

Very Dissatisfied 23.3% 

Note. The F-statistic is based on the Rao-Scott correction. ns equates to zero effect. 

* p < .05. ** p <.01. ***p < .001.
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variable. Each analysis involved four steps, with each step adding a block, or 

grouping, of predictor variables based on categories within Andersen’s (2008) Behavioral 

Model of Health Care. The first step of the analyses included a block of predictor 

variables associated with general health behaviours (i.e., self-perceived health, number of 

physician visits, and sedentary activity), followed by predictor variables associated with 

individual need (self-perceived mental health, life stress, and Psychological Well-Being 

Scale score), enabling factors (hours worked in a typical week, and household income 

decile), and finally predisposing factors (sex, age, relationship status, and minority 

status). Some predictor variables were not used in this phase as a result of either violating 

the assumption of linearity in regression analyses (e.g., province of residence), 

availability of data (e.g., sexual orientation, urban/rural), or reduction in sample size as a 

result of combining with other variables (e.g., General Health Scale, allophone). As a 

supplement to the findings of the hierarchical logistic regressions, the models were tested 

using similar hierarchical multiple linear regression analyses on the corresponding data 

related to amount of utilization (i.e., the number of consults with a psychologist in the 

previous twelve months and the number of consults with a mental health care 

professional in the previous twelve months). A summary of findings for these analyses is 

available in Appendix C. 

A variety of statistics are used when reporting a hierarchical logistic regression 

analysis. In discussing the overall model, an omnibus test of model coefficients (Model 

χ
2
) is reported. This test indicates whether or not there was a statistically significant 

increase in the model’s ability to predict the outcome variable (i.e., utilization; Wuensch, 

2011). The degrees of freedom associated with this statistic are equal to the number of 
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individual predictors in the model and therefore increase with each step. Another 

measure used in the evaluation of the overall model is the Nagelkerke R
2
, which indicates 

the percentage of variance in the outcome variable (i.e., utilization) that can be explained 

by the model. The Nagelkerke R
2 

is a modification of Cox and Snell’s R
2
, and enables the 

theoretical maximum of 1 to be reached. Although different from the Cox and Snell’s R
2 

in its computation, the Nagelkerke R
2 

was used as a gauge of the effect size of the model 

(Field, 2009). 

The last reported measure with regards to the overall model is the Hosmer–

Lemeshow test for goodness-of-fit (H+L χ
2
). A statistically significant test for Hosmer–

Lemeshow suggests that the model is not a good fit to the data. The H+L χ
2 
does not 

indicate why a model is a poor fit, merely that the model does not provide a complete fit 

to the data (Wuensch, 2011). The H+L χ
2
 was statistically significant throughout the 

model iterations in the second phase analyses. Possible causes of this incomplete fit 

include the skewness of the dependent variables or possible non-linearity in the predictors 

(Field, 2009). The poor fit observed in the analyses is also likely indicative of model 

specification error as a result of not including important predictors in the model (Kline, 

2005). This is a limitation in the use of existing data and is discussed further in Chapter 5. 

 Each step of the analyses added a block of variables to the overall model. In 

addition to changing the measures related to the overall model discussed above, an 

omnibus test of each step is also provided (Step χ
2
). This statistic indicates whether or not 

the new group of predictors provided a statistically significant increase in the overall 

model’s ability to predict in comparison to the model of the previous step. Degrees of 
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freedom for this statistic are related to the number of individual predictors included in 

the group being added to the model during the step. 

 Finally, statistics for each individual predictor are also provided. The primary 

statistic reported is the Wald Chi-Square statistic (Wald χ
2
). This statistic provides a test 

of the individual contribution of each predictor to the overall model (Wuensch, 2011). 

This statistic is helpful in determining which predictor (or predictors) provides the 

greatest individual contribution to the prediction of mental health care utilization and is 

used to guide changes in the model in the second step of phase two. Regression 

coefficients (B) were also reported in the tables. These coefficients provide information 

about the direction of the relationship between each individual predictor and the 

utilization outcome variable. These coefficients are not standardized and therefore should 

not be used to compare the individual predictors to one another. Finally, for the sake of 

readability, odds ratios for the individual predictors at each step were not reported. 

However, they are provided in Tables 31 and 32 in Appendix D.  

 There are three primary assumptions related to logistic regression analyses. These 

assumptions include: 1) that the outcome variable has a linear relationship with the 

predictors, 2) independence of errors, or that cases of data are not related, and 3) that the 

predictor variables are not too highly correlated (Field, 2009). All three assumptions were 

tested with the second and third assumptions being met for all models. Age and level of 

sedentary activity did not have a linear relationship with either outcome variables, and as 

a result, caution should be used when interpreting the results.    

4.3.1  Model for consultation with a psychologist. The first outcome variable 

explored was whether or not respondents consulted a psychologist for physical, emotional 
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or mental health in the previous twelve months. The first step consisted of a model 

that included a block of three predictor variables within the health behaviours group (i.e., 

self-perceived general health, level of sedentary activity, number of physician visits in the 

previous year). The model was statistically significant, Model χ
2
(3) = 3806.11, p < .001

25
, 

but explained only 5% of the variance in the outcome variable, Nagelkerke R
2
 = .050, and 

the goodness-of-fit test measured this model to be an incomplete fit for the data, H+L 

χ
2
(8) = 1493.33, p < .001. All three predictor variables made statistically significant 

individual contributions to the overall model. Number of consultations with a physician 

had the most influence, Wald χ
2
(1) = 2799.13, p < .001, followed by amount of time in 

sedentary activity, Wald χ
2
(1) = 512.32, p < .001, then self-perceived general health, 

Wald χ
2
(1) = 378.70, p < .001 (Table 25). 

The second step of the analysis added a block of three predictor variables related 

to individual need to the model (i.e., self-rated mental health, Psychological Well-Being 

Scale score, life stress). The addition of this group of variables resulted in a statistically 

significant increase in predictive ability of the model from the first step, Step χ
2
(3) = 

5915.412, p < .001. The overall model maintained its statistical significance, Model χ
2
(6) 

= 9721.522, p < .001, and the addition of these variables increased the variance explained 

by the model from 5% to 12.6% (Nagelkerke R
2
 = .126). All three predictors added in this 

step made statistically significant individual contributions to the model [self-rated mental 

health: Wald χ
2
(1) = 3103.19, p < .001; Psychological Well-Being Scale score: Wald 

χ
2
(1) = 135.30, p < .001; life stress: Wald χ

2
(1) = 294.42, p < .001]. Although their 

individual influence decreased, the original three predictors maintained their statistically  

                                                 
25

 At the first step, Model χ
2 

and Step χ
2 

are the same value.  
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Table 25 

Logistic Regression for Consultation with a Psychologist (N = 304,649) 

 

 Step 1 Step 2 Step 3 Step 4 

Model χ
2
(3) = 3806.11*** χ

2
(6) = 9721.52*** χ

2
(8) = 10336.83*** χ

2
(12) = 11250.33*** 

Step χ
2
(3) = 3806.11*** χ

2
(3) = 5915.41*** χ

2
(2) = 615.31*** χ

2
(4) = 913.50*** 

Goodness of Fit χ
2
(8) = 1493.33*** χ

2
(8) = 1486.01*** χ

2
(8) = 2770.93*** χ

2
(8) = 4427.45*** 

Nagelkerke R
2
 .050 .126 .134 .145 

Predictors Wald χ
2
(1) B (S.E.) Wald χ

2
(1) B (S.E.) Wald χ

2
(1) B (S.E.) Wald χ

2
(1) B (S.E.) 

General Health 378.70*** .218 (.011) 154.42*** -.158 (.013) 85.07*** -.118 (.013) 24.65*** -.066 (.013) 

Sedentary Activity 512.32*** .120 (.005) 374.76*** .105 (.005) 340.16*** .101 (.005) 340.19*** .104 (.006) 

Physician Visits 2799.13*** .079 (.002) 2564.56*** .079 (.002) 2479.05*** .079 (.002) 2368.04*** .079 (.002) 

S-R Mental Health   3103.19*** .764 (.014) 3379.78*** .816 (.014) 3438.43*** .830 (.014) 

Psyc. Well-Being   135.30*** -.009 (.001) 151.43*** -.010 (.001) 79.63*** -.009 (.001) 

Life Stress   294.42*** .222 (.013) 301.11*** .225 (.013) 311.15*** .231 (.013) 

Hrs work / wk     80.16*** -.007 (.001) 79.63*** -.007 (.001) 

HH Income Decile     556.95*** .102 (.004) 513.85*** .101 (.004) 

Relationship Status       287.47*** .459 (.027) 

Age       409.89*** -.094 (.005) 

Sex       0.95 -.022 (.023) 

Visible Minority       360.15*** .732 (.039) 

**p < .01. ***p < .001.
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significant influence on to the overall model (Table 25). However, the model 

continued to be a poor fit for the data, H+L χ
2
(8) = 1486.01, p < .001. 

The third step added a block consisting of two predictor variables associated with 

individual enabling characteristics (i.e., income decile, hours worked in a typical week) to 

the overall model. The addition of these predictors made a statistically significant 

improvement to the model, Step χ
2
(2) = 615.31, p < .001. This step also maintained the 

overall predictive quality of the model, Model χ
2
(8) = 10339.83. There was a negligible 

increase in the variance explained as a result of this step, from 12.6% to 13.4%, and the 

model continued to be a poor fit for the data, H+L χ
2
(8) = 2770.93, p < .001. The two 

predictor variables added in this step, hours worked in a typical week and household 

income decile, both provided statistically significant individual contributions to the 

model, Wald χ
2
(1) = 80.16, p < .001 and Wald χ

2
(1) = 556.95, p < .001, respectively. The 

addition of this block of predictors resulted in an increase in the contribution of the 

variables associated with need and a decrease in the contribution of health behaviour 

variables. However, all variables in the model continued to provide statistically 

significant individual contributions to the model (Table 25). 

The final step in the regression analysis added a block of four predictor variables 

associated with individual predisposition characteristics to the model (i.e., age, sex, 

visible minority status, relationship status). This step added a statistically significant 

predictive quality to the overall model, Step χ
2
(4) = 913.50, p < .001, and maintained the 

overall statistical significance of the model, Model χ
2
(12) = 11250.33, p < .001. However, 

the model continued to be a poor fit to the data, H+L χ
2
(8) = 4427.45, p < .001, and the 

forth step added a single percentage point to the variance explained, Nagelkerke R
2
 = 
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.145. The three of the four new predictors provided statistically significant individual 

contributions to the overall model, with the greatest contribution coming from age group, 

Wald χ
2
(1) = 409.89, p < .001. The other predictor variables added in this step included: 

minority status [Wald χ
2
(1) = 360.15, p < .001], whether or not an individual was in a 

relationship [Wald χ
2
(1) = 287.47, p < .001], and sex [Wald χ

2
(1) = 0.95, p > .05]. The 

addition of these variables did not affect the statistical significance of the contribution of 

the other variables to the model (Table 25). 

4.3.2  Simplifying the model for consultation with a psychologist. Twelve 

predictors were used for the overall logistic regression model discussed in the previous 

section. Although the predictive value of the model was greater than the constant alone, 

Model χ
2
(12) = 11250.33, p < .001, the model accounted for less than 15% of the 

variance in utilization with a psychologist, Nagelkerke R
2
 = .145. The predictors that 

made the largest individual contributions to the predictive model for consultation with a 

psychologist were: self-rated mental health [Wald χ
2
(1) = 3438.43, p < .001], number of 

physician visits in the previous twelve months [Wald χ
2
(1) = 2368.04, p < .001], 

household income decile [Wald χ
2
(1) = 513.85, p < .001], and age [Wald χ

2
(1) = 409.89, 

p < .001]. These four variables also represented one of the four general categories of 

variables indicated in Andersen’s (2008) model (i.e., predisposing characteristics, 

enabling factors, need, and health behaviours). 

A second hierarchical block-wise logistics regression model for consultation with 

a psychologist was tested using these four influential predictor variables. The simplified 

model was statistically significant, Model χ
2
(4) = 724021.03, p < .001 and the variance 

explained decreased only two-and-a-half percentage points despite having eight fewer 
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predictors than the previous model (Nagelkerke R
2
 = .120 compared to Nagelkerke R

2
 

= .145 for the 12-predictor model). All four variables made statistically significant 

individual contributions to the model. Self-rated mental health made the greatest 

contribution, followed by the number of physician visits, age, and income group [Wald 

χ
2
(1) = 334802.96, p < .001; Wald χ

2
(1) = 236415.71, p < .001; Wald χ

2
(1) = 103229.38, 

p < .001; Wald χ
2
(1) = 30759.26, p < .001 respectively]. When rating mental health on a 

5-point Likert scale, each step up the scale (i.e., more negative rating of mental health), 

the odds were 1.95 times more likely of consulting a psychologist. Each additional visit 

to a physician in the previous twelve months increased the odds of consulting a 

psychologist by 1.08. Similarly, with each increase in income decile grouping, the odds 

of consulting a psychologist also increased by 1.08. Finally, with each increase in age 

groupings (i.e., increase of 5 years), the odds of consulting a psychologist decreased by 

10.2% (β = .898). However, the finding for age should be interpreted with caution, as age 

group did not have a linear relationship with consultation with a psychologist. Despite 

being a statistically significant model, the simplified model continued to be an 

incomplete fit to the data, H+L χ
2
(8) = 4154.62, p < .001 (Table 26). 

4.3.3  Model for receiving mental health care. The previous 12-predictor 

hierarchal logistic regression analysis was rerun, this time using whether or not 

respondents received mental health care in the previous twelve months as the outcome 

variable. This variable included respondents in the Subsample and was more specifically 

related to consultation for mental health purposes (i.e., In the past twelve months, have 

you seen or talked to a health professional about your emotional or mental health?). The 

first block which included the three predictor variables associated with health behaviours  
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Table 26 

Simplified Model for Consultation with a Psychologist (n = 304,649) 

Model Model χ
2
(4) = 724021.03*** 

Goodness of Fit H+L χ
2
(8) = 4154.62*** 

Nagelkerke R
2
 .120 

Predictors B (S.E.) Odds Ratio (95% C.I.) Wald χ
2
(1) 

Self-Rated Mental 

Health 

.668 (.001) 1.950 (1.946, 1.955) 334802.96*** 

# Physician Visits .075 (.000) 1.078 (1.078, 1.079) 236415.71*** 

Income Decile .073 (.000) 1.076 (1.075, 1.077) 103229.38*** 

Age -.108 (.000) 0.898 (0.897, 0.898) 30759.26*** 

Note. B (S.E.) = Regression Coefficient (Standard Error) 

***p < .001. 
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(i.e., self-rated general health, level of sedentary activity, number of physician visits 

in the previous year) resulted in the model being statistically significant, Model χ
2
(3) = 

12502, p < .001. The model with these three predictors accounted for 8% of the variance 

in whether or not an individual received mental health care, but was a poor fit to the data, 

H+L χ
2
(8) = 3538.01, p < .001. All three predictors in the first step made statistically 

significant individual contributions to the model. The number of physician visits in the 

previous year provided the greatest predictive values [Wald χ
2
(1) = 8423.10, p < .001], 

followed by self-rated general health and amount of sedentary activity, Wald χ
2
(1) = 

1687.52, p < .001 and Wald χ
2
(1) = 238.80, p < .001 respectively (Table 27). 

The addition of the second block, which included the three variables related to 

individual need, provided the greatest increase in the predictive value of the model 

concerning mental health care use in the previous twelve months. The amount of variance 

explained increased almost 17 percentage points, from Nagelkerke R
2
 = .081 to 

Nagelkerke R
2
 = .246. The block of variables in the second step made a statistically 

significant addition to the model, Step χ
2
(3) = 27276.98, p < .001, and helped the model 

maintain its overall predictive value, Model χ
2
(6) = 39779.84, p < .001. All three 

variables added in this step provided statistically significant individual contributions to 

the model. An individual’s self-rated mental health was the strongest predictor, followed 

by Psychological Well-Being Scale score, and life stress, Wald χ
2
(1) = 9430.43, p < .001, 

Wald χ
2
(1) = 3626.05, p < .001,  and Wald χ

2
(1) = 1299.14, p < .001 respectively. The 

addition of the need variables also reduced the influence sedentary activity level had on 

the model, but this predictor maintained its statistically significant individual contribution 

to the model, Wald χ
2
(1) = 14.01, p < .01 (Table 27). 
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Table 27 

Logistic Regression for Mental Health Care within the Subsample (N =304,649) 

 

 Step 1 Step 2 Step 3 Step 4 

Model χ
2
(3) = 12502.86*** χ

2
(6) = 39779.84*** χ

2
(8) = 41050.80*** χ

2
(12) = 44046.04*** 

Step χ
2
(3) = 12502.86*** χ

2
(3) = 27276.98*** χ

2
(2) = 1270.96*** χ

2
(4) = 2995.24*** 

Goodness of Fit χ
2
(8) = 3538.01*** χ

2
(8) = 4387.29*** χ

2
(8) = 2156.25*** χ

2
(8) = 1203.59*** 

Nagelkerke R
2
 .081 .246 .253 .271 

Predictors Wald χ
2
(1) B (S.E.) Wald χ

2
(1) B (S.E.) Wald χ

2
(1) B (S.E.) Wald χ

2
(1) B (S.E.) 

General Health 1687.52*** .275 (.007) 522.32*** -.182 (.008) 427.30*** -.167 (.008) 96.15*** -.083 (.008) 

Sedentary Activity 238.80*** .049 (.001) 14.01** .013 (.003) 1.13 -.004 (.004) 1.86 -.005 (.004) 

Physician Visits 8423.10*** .100 (.001) 8151.54*** .106 (.001) 7307.29*** .101 (.001) 6140.75*** .094 (.001) 

S-R Mental Health   9430.43*** .834 (.009) 9153.31*** .834 (.009) 9249.10*** .853 (.009) 

Psyc. Well-Being   3626.05*** -.031 (.001) 3628.31*** -.031 (.001) 2810.44*** -.028 (.001) 

Life Stress   1299.14*** .286 (.008) 1442.21*** .306 (.008) 1301.38*** .297 (.008) 

Hrs work / wk     1203.55*** -.017 (.000) 455.92*** -.011 (.001) 

HH Income Decile     5.12* -.006 (.002) 36.95*** .016 (.003) 

Relationship Status       0.13 -.005 (.015) 

Age       1395.68*** -.105 (.003) 

Sex       737.74*** .377 (.014) 

Visible Minority       610.90*** .642 (.026) 

Note. B (S.E.) = Regression Coefficient (Standard Error) 

*p < .05,.**p < .01. ***p < .001.
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The third step added the block consisting of the two predictor variables related 

to individual enabling factors to the model (i.e., hours worked in a typical week, 

household income decile). This addition brought a minimal but statistically significant 

increase to the overall model, Step χ
2 

(2) = 1270.96, p < .001. Despite still being a 

statistically significant predictor of mental health care use, Model χ
2
(8) = 41050.80 p < 

.001, the addition of the third step only increased the variance explained by less than one 

percentage point, Nagelkerke R
2
 = .253, and the model continued to be an incomplete fit 

to the data, H+L χ
2
(8) = 2156.25, p < .001. Both new predictors made statistically 

significant individual contributions to the model, with hours in a typical work week, 

Wald χ
2
(1) = 1203.55, p < .001, making a larger contribution than household income 

decile, χ
2 

(1) = 5.12, p < .05. The addition of the enabling predictors to the model also 

resulted in level of sedentary activity no longer making a statistically significant 

individual contribution to the overall model, Wald χ
2
(1) = 1.13, p > .05 (Table 27). 

The final step in the regression analysis introduced to the model a block of four 

predictor variables related to predisposing individual characteristics (i.e., age, sex, visible 

minority status, relationship status). Overall, the model maintained its statistical 

significance, Model χ
2
(12) = 44046.04, p < .001, but continued to be an incomplete fit to 

the data, H+L χ
2
(8) = 1203.59, p < .001. The final model accounted for 27% of the 

variance in the utilization of mental health care services within the Subsample, 

Nagelkerke R
2
 = .271. Three of the four predictor variables introduced in this step made 

statistically significant individual contributions to the model, with being in a relationship 

not playing a statistically significant role, Wald χ
2
(1) = 0.13, p > .05. Of the predisposing 

characteristics, age had the strongest impact, followed by sex, and minority status [Wald 
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χ
2
(1) = 1395.68, p < .001, Wald χ

2
(1) = 737.74, p < .001, and Wald χ

2
(1) = 610.90, p 

< .001; Table 27]. 

4.3.4  Simplifying the model for receiving mental health care. Similar to the 

model for consultation with a psychologist, a simplified model for whether or not 

Subsample respondents received mental health care in the previous twelve months was 

also tested. In the larger model (see section 4.3.3), the predictors that made the largest 

individual contributions to predicting mental health care use were self-rated mental health 

[Wald χ
2
(1) = 9249.10, p < .001], number of physician visits in the previous year [Wald 

χ
2
(1) = 6140.75, p < .001], Psychological Well-Being Scale score [Wald χ

2
(1) = 2810.44, 

p <.001], and age [Wald χ
2
(1) = 1395, p < .001]. To ensure that all the categories 

suggested by Andersen’s model were represented (i.e., predisposing characteristics, 

enabling factors, need, and health behaviours), the predictor variable for hours worked in 

a typical week [Wald χ
2
(1) = 455.92, p < .001] was also included as the predictor related 

to enabling factors.  

The simplified model was a statistically significant predictor of whether or not a 

respondent received mental health care, Model χ
2
(5) = 46101.85 p < .001. The five 

predictors collectively accounted for 25% of the variance in whether or not Subsample 

respondents received mental health care, only two percentage points less than the twelve 

variable logistic regression model above, Nagelkerke R
2
 = .250 verses Nagelkerke R

2
 

=.271. The simplified model was an incomplete fit to the data, H+L χ
2
(8) = 660.19, p < 

.001. All of the predictors made statistically significant individual contributions to the 

model. Following the same ranking as the main model, the greatest individual 

contribution came from self-rated mental health [Wald χ
2
(1) = 11651.00, p < .001], 
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followed by number of visits to a physician [Wald χ
2
(1) = 8160.29, p < .001], 

Psychological Well-Being Scale score [Wald χ
2
(1) = 5941.06, p < .001], age [Wald χ

2
(1) 

= 1395.68, p < .001], and finally hours worked in a typical week [Wald χ
2
(1) = 650.01, p 

< .001]. With each step on the 5-point Likert scale for general mental health (i.e., mode 

negative rating of mental health), the odds of consulting a mental health professional 

increased by 2.25. Each additional physician visit resulted in a 9% increase in the 

likelihood of receiving mental health care (β = 1.09). Both increasing scores on the 

Psychological Well-Being Scale (i.e., more positive psychological well-being) and 

increased hours worked in a typical week resulted in a small decrease in the odds of 

consulting mental health care (β = .966 and β = .989, respectively). Finally, with 

increasing age group (i.e., five years), the odds of consulting a mental health care 

professional decreased by 9.8%. Again, the finding for age should be interpreted with 

caution as it failed to pass the assumption of linear relationship with the outcome variable 

(Table 28).
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Table 28 

Simplified Model for Mental Health Care within the Subsample (N = 304,649) 

Model Model χ
2
(5) = 46101.85*** 

Goodness of Fit H+L χ
2
(8) = 660.19*** 

Nagelkerke R
2
 .250 

Predictors B (S.E.) Odds Ratio (95% C.I.) Wald χ
2
(1) 

Self-Rated Mental 

Health 

.813 (.008) 2.254 (2.221, 2.288) 11651.00*** 

# Physician Visits .091 (.001) 1.095 (1.093, 1.097) 8160.29*** 

Psyc. Well-Being -.035 (.000) 0.966 (0.965, 0.966) 5941.06*** 

Age -.103 (.002) 0.902 (0.898, 0.906) 1395.68*** 

Hours Worked /wk -.011 (.000) 0.989 (0.988, 0.990) 650.01*** 

Note. B (S.E.) = Regression Coefficient (Standard Error) 

*p < .05,.**p < .01. ***p < .001. 
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5. DISCUSSION 

This dissertation explored the relationship between various individual and societal 

factors and mental health care utilization in Canada. This dissertation consisted of two 

phases: a hypothesis-testing phase and a model-building phase. For both phases of this 

dissertation, utilization was operationalized using two primary outcome variables. The 

first outcome variable was whether or not respondents consulted with a psychologist in 

the previous twelve months for physical, emotional or mental health. Data for this 

outcome variable were collected from the entire sample. For the second primary outcome 

variable, utilization was defined as whether or not the respondent received mental health 

care from a potential variety of professionals (e.g., GP, psychologist, psychiatrist, social 

worker) specifically for emotional or mental health. This outcome variable was more 

specific to mental health care and data were collected from respondents in select 

provinces (the Subsample). In the first phase of the study, a third outcome variable 

related to utilization was also tested. This outcome variable identified whether or not 

those in the Subsample who sought mental health care received care from a professional 

other than their general practitioner [i.e., mental health care specialist]
26

.  

Andersen’s (2008) Behavioral Model of Health Care guided the hypothesis-

testing phase; select data from the Canadian Community Health Survey (CCHS) 

represented contextual factors, individual characteristics, general health behaviours, or 

outcome factors. Hypotheses about potential individual relationships between these 

predictor variables and the previously mentioned outcome variables for mental health 

                                                 
26

 This variable was not used in the second phase of the study as a result of data 

limitations. 
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care utilization were tested. Using the predictor variables found to have an association 

with utilization in the first phase, the second phase of this study involved building a 

model of mental health care utilization. The goals for analyzing this model were to 

examine the potential influences of predictors on one another and attempt to establish a 

better understanding of the factors associated with mental health care utilization in 

Canada. Although the outcome of this model was somewhat limited in explaining 

utilization, interesting findings did emerge. The following chapter outlines findings from 

both phases and discusses possible explanations and implications from the analyses. The 

chapter concludes with a discussion on the limitations of the study and recommendations 

for future research.   

5.1 Summary of Findings 

Based on findings of the first phase of the study, predictors across most factors 

proposed in Andersen’s (2008) model were found to have an association with mental 

health care utilization. Key findings included: 

 All three contextual factors (i.e., urban/rural living, Peer Group, and province 

of residence) had statistically significant but negligible associations with 

utilization: 

o Urban residents reported higher rates of utilization than rural residents;  

o Peer Group D (i.e., health regions generally located in rural prairie 

areas) stood out with a lower rate of utilization compared to other Peer 

Groups; and 

o Different rates of utilization amongst provinces and territories were not 

related to the population size of the province.  
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 Within the category of individual predisposing characteristics, several 

variables (i.e., sex, age, minority status, aboriginal status, and sexual 

orientation) revealed moderate associations, while relationship status had a 

negligible association, and education and religiosity were not associated with 

utilization: 

o Whereas women reported higher rates of utilization than men, men 

were more likely than women to consult with a mental health care 

specialist for their mental health needs;  

o Although younger age was shown to have an overall association with 

higher rates of utilization, utilization appeared to peak in middle age 

and decline for seniors; 

o Those who identified as a visible minority reported lower rates of 

utilization, whereas aboriginal status was associated with higher rates 

of utilization; and 

o Respondents who identified as homo- or bi-sexual reported higher 

rates of utilization.  

 Within individual enabling characteristics, factors found to be associated with 

utilization included employment, income deciles, and allophone status (i.e., 

not able to speak at least one of the two official languages of Canada), 

whereas insurance coverage was not associated with mental health care 

utilization: 

o Part-time employment had a statistically significant but small 

association with increased mental health care utilization; 
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o Income decile showed an association with utilization rates, but this 

association was not linear and utilization appeared to peak for lower 

income groups before becoming consistent as income increased; and  

o Allophones reported lower rates of utilization. 

 Individual need factors generally related to consultation with a psychologist 

and whether or not Subsample respondents sought mental health care in the 

previous year. However, need was generally a poor predictor of whether or not 

individuals received care from mental health specialists. 

o Individual variables such as negatively-rated mental health status, 

poorer Psychological Well-Being Scale scores, and higher perceived 

life stress were associated with higher utilization rates; and  

o Self-esteem and extreme BMI levels were not associated with 

utilization rates. However, Subsample respondents with extreme BMI 

were more likely to receive care from a GP or family physician 

 Positive individual health behaviours (i.e., general health status, fewer visits 

with a physician, and healthy lifestyle) were related to lower rates of mental 

health care utilization: 

o Positively rated general health and a lower number of physician visits 

had moderate associations with decreased utilization rates; 

o Healthy eating and lower levels of sedentary activity generally showed 

statistically significant but negligible associations with lower mental 

health care utilization; and  
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o Energy expenditure (i.e., exercise level) was not associated with 

utilization. 

 For the second phase of the study, models of utilization were generated using 

predictors with significant associations with utilization in the first phase:  

o The domain of individual need was identified as having the greatest 

influence in predicting mental health care utilization; 

o Proposed models explained only a small proportion of the variation in 

mental health care utilization; 

o The individual predictors that contributed most to the model included 

perceived mental health, physician visits, income, and age. These 

predictors represented the factors proposed in Andersen’s (2008) 

model. 

5.2 Discussion of Findings from the First Phase 

The first phase of the study consisted of exploring possible associations between 

mental health care utilization (i.e., consultation with a psychologist, receiving mental 

health care, receiving care from a mental heath care specialist) and predictor variables 

grouped into one of the categories of factors proposed by Andersen’s (2008) Behavioural 

Model of Health Care, including contextual factors, individual characteristics, general 

health behaviours, or outcome factors. This phase was used to test hypotheses and 

determine the variables to be used in constructing a model of utilization in the second 

phase. 

5.2.1  Contextual factors and utilization. Amongst contextual factors, 

residence in the smaller populated provinces and territories (e.g., the Maritimes, NWT), 
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and living in rural areas were hypothesized to be associated with reduced mental 

health care utilization. Differences in rates of consultation with a psychologist and 

Subsample respondents receiving mental health care were observed between the 

provinces and territories. However, these differences in utilization did not appear to be 

consistent with the population size of the provinces as was hypothesized. In other words, 

living in a larger province did not appear to be associated with rates of mental health care 

utilization. There was no difference between provinces in rates of respondents seeking 

mental health care from a mental health specialist. 

These findings suggest that factors other than population size influence the 

difference in utilization rates observed among provinces. Past research has suggested that 

there exist differences in rates of mental health difficulties (i.e., need and demand) across 

provinces that may contribute to these differences in utilization rates (Thompson, 2005; 

Vasiliadis et al., 2005). Other potential factors include differences in mental health care 

administration and practices amongst the various health regions (e.g., different referral 

processes or requirements for care), differences in social problems across the provinces 

(Thompson, 2005), different socio-demographic determinants unique to the provinces 

(Vasiliadis et al., 2005) and differences in availability in mental health care across the 

provinces and territories. The Canadian Psychological Association (1999) explored the 

ratio of registered psychologists to residents across the provinces. In comparing these 

numbers to the rate of consultation with a psychologist measured by the CCHS – 

2007/2008, the ratio of mental health care professionals to population provides a more 

apparent association with utilization than population size alone (Table 33, Appendix C). 

In other words, the differences in utilization rates for mental health services observed 
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across the various provinces might be better explained by the availability of mental 

health workers within the various provinces/health regions. Quebec had the highest rate 

of reported mental health care utilization in the CCHS data and also had the highest ratio 

of psychologists and psychiatrists to population in Canada. Prince Edward Island, with 

the second lowest ratio for mental health care workers, had the lowest rate of utilization 

in the CCHS data.  

Findings from the study supported the hypothesis that differences in rates of 

mental health care utilization (i.e., consultation with a psychologist, receiving mental 

health care within the Subsample, receiving mental health care from a specialist) exist 

between urban and rural Canadians. Urban respondents reported a slightly higher but 

statistically significant rate of mental health care utilization than those who live in rural 

areas of Canada. These differences could be the result of accessibility, differences in 

culture and beliefs about mental health care, or different rates of mental health care need 

between urban and rural respondents. Access is a primary barrier to specialized services 

for rural residents (Bazana, 1999). Although 19% of the population lives in rural areas, 

less than 4% of psychologists in Canada work in rural settings (Hunsley et al., 2012). 

With fewer health specialists located in rural areas, Canadians who live outside large 

cities are often required to travel into urban centers if they require care beyond their 

community family physician or nurse practitioner. However, this study demonstrated that 

differences in utilization of mental health care services between urban and rural 

respondents were negligible, even with regards to receiving care from a mental health 

specialist. The negligible magnitude of these differences is likely the result of the general 

concentration of rural areas around major urban areas within Canada. As a result of close 
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proximities to larger urban centers, the effects of living in rural areas likely do not 

have a strong an impact on access to mental health care.  

In order to account for the diversity of population characteristics within provinces 

and across the country, Statistics Canada developed the Peer Group grouping in an effort 

to categorize the health regions across Canada based on several socio-demographic 

characteristics
27

. Based on the data from CCHS – 2007/2008, there was little difference 

in mental health care utilization rates across the various Peer Groups. However, Peer 

Group D (i.e., rural regions mainly in the central Prairies, with a moderate Aboriginal 

population, moderately high percentage of government transfer income, an almost equal 

number of men and women, and negative population growth) stood out from the other 

Peer Groups, with lower rates of utilization for consultations with a psychologist and for 

mental health care utilization within the Subsample. Although it was not possible to 

explore what factors in the constitution of the Peer Group classification contributed to 

differences in utilization rates, these differences support the idea that context influences 

mental health care utilization. 

5.2.2  Individual predisposing characteristics and utilization. Predisposing 

individual characteristics such as female gender, middle age, unmarried status, and 

Caucasian ethnicity were hypothesized to be associated with increased mental health care 

utilization. As hypothesized and consistent with past research, women reported a higher 

rate of mental health care utilization, both with regards to consultations with 

psychologists and with receiving mental health care within the Subsample. However, of 

                                                 
27

 A breakdown of Peer Group characteristics is available in Table 10. A map of Peer 

Group Regions is available in Appendix B. 
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those in the Subsample who received mental health care, men were more likely to 

receive care from a mental health care specialist. More specifically, women, with the 

higher rates of mental health care utilization, were more likely to receive their mental 

health care from their family physician than a specialist. In a study of utilization among 

patients with severe mental disorders, men were more likely to seek specialized services 

such a psychiatric emergency care, hospitalization, or day-hospitals; however, these 

findings are not generally seen in the general population  (Fleury et al., 2011). Other 

research has shown that women are more likely than men to attend regular check-ups 

with their physician (Bertakis, Azari, Helmes, Callahan, & Robbins, 1999). This finding 

and the difference in rates of utilization for mental health specialists suggest that women 

are more likely to have a point of entry into the mental health care system through their 

physician, are more likely to address mental health issues with their physicians first, and 

are therefore more likely to receive care from their family physician. Perhaps men, with 

less frequent or regular contact with their physician, are more likely to seek mental health 

care professionals directly when faced with concerns related to their mental health.  

When comparing those who did and did not seek mental health care, the average 

age of mental health care services users was generally younger overall across all three 

measures of utilization (i.e., consulting a psychologist, seeking mental health care, and 

receiving care from a mental health specialist). However, these age differences were 

small. When utilization rates were broken down across different age groups, a different 

pattern emerged. An inverted u-shaped pattern of utilization was observed, with the 

highest rates of utilization observed for the middle age groups (Figure 6, Appendix D). 

Both younger and older adults reported lower rates of mental health care use than middle-
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aged adults. It is unclear from this study why these differences exist, but these 

findings are consistent with previous research that associated middle age with increased 

mental health care utilization (Hunsley et al., 1999). Seniors (i.e., 65 years of age or 

older) are less likely to suffer mental health concerns but also are less likely to report 

symptoms of depression or anxiety (Conn, 2002). Similar difficulties in identifying 

mental health issues might explain the lower rates of utilization among younger 

Canadians. Another explanation is that both younger and older Canadians are more 

reliant on others (e.g., parents, caregivers) in decisions about the need and type of mental 

health care services.  

It was hypothesized that being in a relationship would be associated with a 

decreased rate of mental health care utilization. It was believed that those in relationships 

would have other options for support and would be less likely to seek support from a 

professional. As predicted, being in a relationship was associated with lower rates of 

consultation with a psychologist and receiving care from a mental health specialist; 

however, these associations were small. Relationship status did not have a consistent 

association with mental health care utilization; there was no association between 

relationship status and utilizing mental health services within the Subsample. These 

findings are attributed to the differing influences relationships can have on lives. For 

some, being in a relationship could provide alternative, but non-professional, support 

options for times of need. Findings from this dissertation and previous research have 

found that those in a relationship are less likely to seek mental health care in comparison 

to those who are single, divorced, or widowed. However, relationships could be a source 

of or related to the distress of other individuals, resulting in increased need for support. 
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 Greater marital distress has been associated with increased mental health care 

utilization, suggesting that being in a relationship can be associated with increased mental 

health care use if the relationship is problematic (Schonbrun & Whisman, 2010). 

Pescosolido (1998) discussed how social circles could provide an alternative support 

system, but social networks can also serve as a means to identify the need for services. 

People within a support circle can guide an individual to seek professional support should 

a problem worsen or persist. As a result, the dynamics within an individual’s relationship 

could have differing effects on the likelihood of mental health care utilization and might 

explain why relationship status did not prove to be a strong predictor of utilization.  

Rates of mental health care utilization were correctly hypothesized to be lower for 

visible minorities than non-visible minorities. Data from the CCHS supported this 

hypothesis both for rates of consultation with a psychologist and whether or not 

respondents in the Subsample sought mental health care. These findings are consistent 

with previous research exploring mental health care services amongst ethnic groups 

(Lasser et al., 2006). However, rates of specialist care (i.e., mental health care from a 

professional other than a family physician or GP) did not differ between visible 

minorities and Caucasian respondents. Although being a member of a visible minority 

appears to be a potential barrier to mental health care use, minority status does not appear 

to influence the kind of care one receives (i.e., specialized verse general practitioner) 

should they overcome that barrier. Ethnic groups are more insular and distrustful of those 

seen as outsiders (Pescosolido et al., 1998). This insularity might explain the lower rates 

of utilization for visible minorities compared to Caucasians. There could also be language 

barriers that prevent ethnic minority populations from seeking mental health care 
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(discussed below). Unfortunately, the relationship between allophone and minority 

status could not be tested in the second phase of the study.  

Other predisposing individual characteristics that were explored included 

aboriginal status, sexual orientation, high school graduation, and religious belief. In 

contrast to visible minorities, Canadians who identify as Aboriginal (i.e., North American 

Indian, Métis, Inuit) reported higher rates of consultation with a psychologist and 

receiving mental health care within the Subsample. Higher rates of physical health 

problems, social difficulties, higher rates of contact with the justice system, and falling 

through policy cracks all have been suggested to contribute to a disproportionally higher 

need for health care and mental health care services for Aboriginal peoples (MacMillan, 

MacMillan, Offord, & Dingle, 1996; Standing Senate Committee on Aboriginal Peoples, 

2003). However, Peer Group D, which was described as having a moderate Aboriginal 

Population, had a lower rate of mental health care utilization than other Peer Groups. 

Further research examining the relationship between Aboriginal status, demographic 

data, and mental health care needs might explain why the Aboriginal population within 

these health regions have lower rates of mental health care utilization than the Aboriginal 

population in general. 

Sexual orientation was shown in this study to have a moderate influence on 

mental health care utilization, specifically a higher rate of utilization amongst those who 

self-identified as bi- or homosexual. This finding is consistent with previous research. 

Minority stress (i.e., increased contact with stigma, prejudice, and discrimination) might 

contribute to the reported higher rates of mental health issues in the gay community 

(Eady, Dobinson, & Ross, 2011; Meyer, 2003). Two other predisposing variables, high 
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school graduation and religious beliefs, were not associated with consultations with 

mental health care utilization.  

5.2.3  Enabling individual characteristics and utilization. It was hypothesized 

that employment, higher income, expanded health insurance coverage, and an inability to 

speak one of the official languages of Canada (i.e., being an allophones) would be 

associated with decreased mental health care utilization. Hours worked in a typical week 

and full-time employment data were used to explore the relationship between 

employment status and mental health care utilization. Those who reported consulting 

with a psychologist and those in the Subsample who received mental health care 

averaged fewer hours of work per week and were less likely to be employed on a full-

time basis. These differences in utilization were statistically significant but negligible. 

Further, there was no difference in rates of consultation with a mental health care 

specialist based on employment status. It cannot be determined whether lack of 

employment was a barrier to mental health care (e.g., financial limitations, access to 

services) or whether mental health issues that required care also limited respondents’ 

ability to work on a full-time basis.  

Household income, both actual and in comparison to others in their community (i.e., 

decile grouping), had a statistically significant but generally minimal association with 

utilization (i.e., consultation with a psychologist, receiving mental health care, receiving 

care from a mental health specialist). There was a relatively strong association between 

income decile and consultation with a psychologist. There appears to be few differences 

in utilization rates across income groups. For the actual household income groups, both 

consultation with a psychologist and utilization of mental health services within the 
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Subsample appear to peak for the $5000 to $10,000 annual income groups before 

leveling off. This trend disappears when household income is grouped in reference to the 

community in which the respondent lives (i.e., income decile). Previous research findings 

associated higher income with increased psychological services (Hunsley et al., 1999). 

However, in this dissertation income does not appear to be a barrier to accessing mental 

health services, even from a mental health specialist. It is speculated that this discrepancy 

in findings may be the result of the use of more recent data for this dissertation
28

.  

One explanation for the equal rates of utilization across the income groups is 

insurance coverage may protect lower-income Canadians from the costs associated with 

mental health care. Although Canadians have access to free mental health care, long wait 

times can motivate some to seek care from non-publically funded service providers. As a 

consequence, Canadians either pay for mental health care in the community out-of-pocket 

or rely on additional insurance coverage. It has been estimated that half of Canadians 

received care from publically funded services, whereas a third of Canadians pay for 

services directly. Of those who pay directly, two-thirds are reimbursed by private 

insurance coverage (Hunsley et al., 2012). The CCHS did not include data specifically 

about mental health care coverage, so coverage for medication and the cost of hospital 

stays were used to identify respondents with increased insurance coverage. Insurance 

coverage for these services had no association with mental health care utilization.  

Respondents not able to speak one of the official languages of Canada (i.e., 

allophones) were less likely to utilize mental health care services. However, this finding 

was not consistent. Within the Subsample, language appeared to be a barrier to accessing 
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 Hunsley et al. (1999) used data from the 1994/1995 Population Health Survey 
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mental health care services overall. However, there was no association between 

language and utilization of care from a mental health care specialist (i.e., professional 

other than their family physician or GP).  

5.2.4  Individual need characteristics and utilization. Amongst the individual 

characteristics associated with need, increased life stress, lower self-esteem, and BMI 

levels outside the normal range were predicted to be associated with increased utilization 

of mental health services. Previous studies have identified need, both assessed and 

perceived, as one of the best predictors of utilization of care (Lefebvre et al., 1998; 

Vasiliadis, Lesage, Adair, & Boyer, 2005). The CCHS included many self-perceived 

measures associated with self-esteem, stress, and general mental health.  

Those who utilized care from a psychologist or those in the Subsample who 

reported receiving mental health care were more likely to report higher levels of life 

stress than those who did not seek mental health care. However, life stress was not 

associated with whether or not respondents received mental health care from a mental 

health care specialist. Although those with greater life stress are more likely to receive 

mental health care, higher rates of perceived life stress did not influence whether or not 

an individual received mental health care from a mental health specialist such as a 

psychologist or psychiatrist. It is unclear as to what factors related to life stress (e.g., 

persistence, source) were associated with the decision to seek mental health care from a 

mental health specialist in lieu of a family physician.  

Individual need, both perceived and evaluated, is often seen as the best predictor 

of seeking mental health care utilization. Respondents’ perceived mental health (based on 

a 5-point Likert rating) was associated with mental health care utilization for all three 
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utilization variables with negative ratings of general mental health being associated 

with increased mental health care utilization. This finding is consistent with past research 

that found that perceived need is a strong predictor for utilization. For most, the decision 

to seek mental health care is voluntary. As a result, an individual’s perception of their 

mental health is often the deciding factor to seek care (Goldberg & Huxley, 1980 cited in 

Sareen et al., 2007).  

Although impossible to assess the mental health care needs of all respondents, the 

CCHS utilizes the Psychological Well-Being Scale (Massé, Poulin, Dassa, Lambert, 

Bélair, & Battaglini, 1998) to estimate respondent’s general psychological functioning 

based on their responses on a variety of items related to mental health
29

. A higher score 

on this scale is associated with greater psychological well-being. Respondents who 

reported seeking services from a psychologist, and those within the Subsample who 

reported receiving mental health care in the previous twelve months, scored lower on the 

Psychological Well-Being Scale compared to those who did not receive mental health 

care. While these findings supported the hypothesis that an increased need for mental 

health care (i.e., lower mental health well-being) would be associated with mental health 

care utilization, it does not imply that all those who need mental health care received it.  

Self-esteem scores did not have an association with mental health care utilization. 

The self-esteem scale was based on a subset of items from Rosenberg’s (1969) Self-

Esteem Scale (Statistics Canada, 2009d). An individual’s sense of self-esteem appears 

not to be associated with their decision to seek mental health care; findings that are not 
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 Psychological Well-Being Scale is not a diagnostic measure, and therefore not a true 

measure of intervention need. 
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consistent with past research concerning self-esteem and mental health (Mann, 

Hosman, Schaalma, & de Vries, 2004; Stephens, Dulberg, & Joubert, 1999). A possible 

cause for the discrepancy in findings from this study and past research is likely the result 

of the small variation within the population on the 5-point Likert scale for self-esteem 

used in the CCHS. As a result, this predictor did not provide adequate differentiation 

between those with lower self-esteem from those with high self-esteem.   

A final individual factor used to assess individual need was respondents’ BMI 

ratings. Respondents who fell into extreme BMI ranges (i.e., underweight or obese) did 

not differ from those in the normal BMI range in their rate of consultation with a 

psychologist. Within the Subsample, BMI had a negligible association with rates of 

mental health care. However, extreme BMI was associated with increased care from a GP 

or family physician compared to care provided by a mental health care specialist. This 

finding suggests that extreme weight issues are treated medically instead of 

psychologically.  

5.2.5  General health behaviours and utilization. It was hypothesized that 

positive general health and healthy behaviours (i.e., eating more fruits and vegetables, 

exercise and reduced sedentary activity, less frequent medical visits) would be associated 

with a decreased rate of mental health services utilization. Those respondents who rated 

their general health positively (i.e., higher General Health Perception Score and Likert-

rated general health) had moderately lower rates of consultation with a psychologist and 

mental health care within the Subsample in the previous year. There was no association 

between general health and whether or not those in the Subsample who received care 

consulted with a mental health specialist. 
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A statistically significant but negligible association was found between 

healthy eating (i.e., fruit and vegetable consumptions) and mental health care utilization. 

Contrary to the hypothesis, rates of consultation with a psychologist and use of mental 

health care within the Subsample were greater with healthier eating (i.e., eating more 

fruits and vegetables). It is uncertain as to the reason for this unexpected finding but it is 

believed that this finding is likely be the result of limitations in the predictor variable 

(e.g., measuring the number of times fruits and vegetables are eaten as opposed to the 

amount of fruits and vegetables consumed or the small range of a 3-point scale). More 

consistent with expectations, healthy living defined by levels of physical activity and 

reduced sedentary activity was associated with lower rates of utilization. However, there 

was no difference in the activity levels of those who consulted a psychologist in the 

previous twelve months and those who did not.  

Finally, it was hypothesized that those who saw a physician more often would 

report higher rates of mental health care utilization. There was a moderate association 

between the number of physician visits and mental health care utilization. Those who 

utilized mental health care services (i.e., consulted with a psychologist, received mental 

health care, and received care from a mental health specialist) were more likely to seek 

general health care from their family physician or general practitioner. This finding 

supports the hypothesis that those who have higher rates of use for health care are also 

more likely to tax the mental health care system.  

5.2.6  Outcome factors and utilization. Within the outcome factors category, 

reported dissatisfaction and poor rating of previous health services were hypothesized to 

be associated with reduced mental health care utilization. There was no association 
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between service satisfaction and rating of care with mental health care utilization. 

However, there was limited data related to outcome factors in the CCHS – 2007/2008, 

and as a result outcome factors could not be explored thoroughly. No outcome factors 

were used in building the model of mental health care utilization in the second phase of 

the study.  

5.3 Model of Health Care Utilization.  

The second phase of the study involved the development of models for mental 

health care utilization. The models were used to test two outcome variables associated 

with utilization used in the first phase of the study (i.e., consulted a psychologist and 

consulted a mental health care professional within the Subsample). The outcome variable 

associated with the use of a mental health specialist was not used as a result of the limited 

number of predictor variables with an association in the first phase. Two additional 

outcome variables (i.e., the number of consultations with a psychologist and number of 

consultations with a mental health professional within the Subsample) were added to 

supplement the models tested in the second phase (Appendix C).  

Hierarchical regression analyses were used, with each step adding a block of 

predictor variables to the model based on the categories of Andersen’s (2008) 

Behavioural Model of Health Care. Based on the findings from each model, variables 

making the most individual contribution to the model were re-tested and a simplified 

model was presented. Findings from this second phase provided further information 

about what influences mental health care utilization in Canada and potential barriers that 

should be explored in future research. 
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The first model used whether or not a respondent consulted with a 

psychologist as the outcome variable. The twelve-predictor model accounted for 15% of 

the variation in mental health care utilization. Of the four blocks of predictors based on 

the categories in Andersen’s (2008) model, the block of predictors related to individual 

need (i.e., perceived mental health, Psychological Well-Being Scale score, and life stress) 

made the greatest contribution to the model. These findings are consistent with the 

findings from the first phase of the dissertation, where all but stress had medium 

associations with consultation with a psychologist. The other groups of predictors (i.e., 

health behaviours, enabling factors, predisposing individual characteristics) made 

statistically significant but small differences in explaining utilization with a psychologist.  

Examining the individual contributions of the predictor variables in the first 

model, positively perceived mental health (individual need) and less visits with a 

physician (health behavior) stood out from the other predictors as having the largest 

association with lower rates of consultation with a psychologist. In the first phase of the 

dissertation, both predictors had strong associations with whether or not a respondent 

consulted a psychologist and findings from the second phase suggest other predictors in 

the model do not mediate these associations. Other predictors that made larger 

contributions to the model and were related to a greater likelihood of consulting with a 

psychologist included higher income decile (individual enabling characteristic), younger 

age, and identifying as a visible minority (predisposing individual characteristics). 

Although statistically significant, income decile had only a negligible association with 

consultation with a psychologist in the first phase. This finding is more consistent with 

previous research that found higher income being associated with increased use of 
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psychological services (Hunsley et al., 1999). Sex was the only predictor not to make 

a statistically significant individual contribution to the model. This finding suggests that 

sex differences observed in the first phase of the study are likely confounded with other 

factors tested in the model. 

Defining utilization as receiving mental health care within the Subsample for the 

second model produced similar findings. However, the model improved its predictive 

quality for utilization, accounting for 27% of the variance in the outcome variable. This 

increase in variance explained is likely the result of the broader scope of mental health 

care of the second outcome variable. The step that included the group of predictors 

related to individual need again had the greatest collective influence on the model. Again 

perceived mental health and the number of physician visits made the greatest individual 

contributions to the model. Two predictors of note included other individual need 

variables (i.e., Psychological Well-Being Scale score and life stress) and age (individual 

predisposing characteristic). Age was one of the primary contributing variables within the 

predisposing grouping but only had a moderate effect on the model in comparison to 

other predictors. This reduced association is likely the result of correlations with other 

variables (i.e., relationship status, employment, health) or the non-linear relationship with 

utilization. In the second model, female sex was a statistically significant predictor of 

increased mental health care within the Subsample, but its contribution was small 

compared to most other predictors in the model. Similar to the first model, the lack of 

influence sex had on the model is likely the result of its relationship with other predictors 

in the model. Amount of sedentary activity (health behavior) and relationship status 

(individual enabling characteristic) did not make individual contributions to predicting 
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mental health care use within the Subsample. These findings are consistent with 

findings from the first phase where both predictors had only negligible associations with 

mental health care use.  

In both models, the blocks of predictors associated with individual predisposing 

characteristic, enabling factors, and health behaviours made statistically significant but 

small contributions to the prediction of mental health care utilization in comparison to the 

block of predictors related to individual need. These findings support the literature that 

report the important role individual need plays in determining whether or not an 

individual seeks psychological services (Fasoli et al., 2010; Hunsley, Lee, & Aubrey, 

1999). However, these findings could also suggest that individual need was better 

operationalized than the other factors (i.e., health behaviours, enabling factors, 

predisposing individual characteristics) in the models. A large proportion of variance was 

unexplained in both models. The degree to which the various factors contribute to the 

unexplained variance in consultation with a psychologist by the model is unknown; as a 

result, it is not conclusive whether or not individual need is the most important factor 

associated with mental health utilization. However, the models do provide support that 

individual need plays a stronger role on mental health care utilization than other often-

researched barriers (e.g., income, sex, minority status).  

Another finding of note was that the number of visits with a physician was one of 

the strongest predictors in both models. Those more likely to consult with a psychologist 

or a mental health care professional in the Subsample were also more likely to have a 

greater number of consultations with a physician. These findings support the hypothesis 

that those in need of mental health care are more likely to utilize the health care system in 
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general. It has been suggested that a large portion of health care services are utilized 

by a disproportionately small number of individuals (Bonin et al., 2007; Chaput & Lemel, 

2007; Hunsley et al., 1999).  

5.4 Limitations of Study 

Limitations to this study were related to the use of CCHS data and should be 

considered when reviewing the study findings. As noted earlier, the use of CCHS data 

took control from the researcher for the variables measured for this project. Despite being 

of high quality and representative of the Canadian population, data limitations hindered 

the ability to answer all the questions set out for examination in this project. One of the 

primary limitations of this database was the limited number of variables specifically 

concerning mental health care. Basic information such as whether or not someone sought 

care, with whom, and for how many sessions were asked, but only for a subset of health 

regions (i.e., the Subsample). The CCHS previously had an annual topic focus, such as 

Mental Health, which would examine specific subject matter across the entire country. 

However, the new format that involves health regions selecting optional models has 

limited the scope of coverage for mental health services to those regions that are 

interested in gathering such data. The optional content module made it difficult to explore 

some factors, as regions that selected one optional module may not have selected another 

module of interest (e.g., outcome variables and mental health care utilization). As a 

result, some factors were not explored, or explored using basic data from the core content 

modules.  

In addition to potential data not being collected, another limitation of using 

Statistics Canada data was not having control of the data that were collected. Much of the 
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data used in this study were based on dichotomous questioning (e.g., yes or no), 

simple 5-point scales, or categorical responding. These types of data limited the statistical 

tools that could be used and the level of understanding one could pull from the data. It 

also contributed to data that were often skewed, which further hindered statistical 

analysis. Many of these decisions related to variable choices were likely based upon time 

and methodological constraints of collecting data on such a large scale. However, data 

such as the Psychological Well-Being Scale (Massé et al, 1998) and other derived score 

within the CCHS database demonstrate it is possible to collect higher-level data for these 

databases.  

The incomplete nature of these data for the purpose of this study also likely 

contributed to the issue of model specification error in the second phase of the study. 

Model specification error is the problem of not including an important predictor in the 

model (Kline, 2005). Although this is an issue for research in the social sciences in 

general, it made it particularly difficult when formulating an analysis for this study. 

Although it is not realistic to expect researchers to measure all of the important variables 

in a study, having control of the data collection allows researchers the opportunity to 

collect all variables that are theoretically related to the model that they are testing. The 

passive nature of using existing data in this study did not allow for this degree of control, 

and thus the risk of making a specification error in the model was greater. To avoid this 

error, careful consideration of the databases and variables they include is essential.  

Finally some important variables from the first phase could not be tested in the 

models during the second phase. The variables classified as contextual factors and sexual 

orientation (predisposing individual characteristics) could not be used as a result of data 
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limitations or availability. As a result, it was not possible to explore the relationship 

that these independent variables had on utilization when accounting for the other 

categories of predictors based on Andersen’s (2008) model. 

Despite these limitations, the use of Statistics Canada data for this project 

provided accurate data from a large sample and allowed for inferences to be made about 

the Canadian population. As a result, databases such as the CCHS can be helpful in 

academic research and influencing policy changes. With more buy-in from the research 

community, many of the issues discussed above can be addressed through adjustments to 

the survey tools, allowing findings from similar future projects to have greater utility.  

5.5 Implications of Findings and Recommendations for Future Research 

The findings of this study provide additional insight into whether or not an 

individual might seek mental health care. It is believed that information about who 

utilizes mental health services can provide information that would be useful for a variety 

of stakeholders (e.g., policy makers, service providers, planners; Hunsley et al., 1999). 

Guided by Andersen’s (2008) Behavioural Model of Health Care Use, a broad range of 

data from the CCHS – 2007/2008 were tested. There was evidence to support a variety of 

factors, both individual and societal, which affect the choice to seek care. However, the 

findings also highlight the complexity and variation in individuals’ pursuit of mental 

health care. Although some factors stood out as moderately strong predictors of 

utilization, there existed a large amount of unexplained variance in mental health care 

utilization.  

Findings from this study build on previous research and provide additional 

support the use of Anderson’s (2008) multi-factor model to explore mental health care 
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utilization. Predictors representing each of the tested categories of the model (i.e., 

health behaviours, individual need, enabling factors, predisposing characteristics) made 

statistically significant contributions to the models of utilization. Although a complete 

understanding of mental health care utilization was not achieved, limitations of this 

model were likely the result of limitations in the data and not the model itself. Data that 

better operationalize factors proposed by Andersen (2008) would likely yield a more 

complete model of mental health utilization. In this section, the implications of the 

findings from this dissertation are discussed and recommendations on directions for 

future research and changes to improve the CCHS for such research are proposed. 

Andersen’s (2008) Behavioural Model of Health Care Use has been utilized in the past to 

explore mental health care utilization. However, studies using this model have often been 

somewhat limited in scope. This dissertation built on previous research by applying 

Andersen’s (2008) model to a recent and large scale Canadian database (i.e., CCHS 

2007/2008) in an attempt to generate a universal model of mental health care utilization 

in Canada. Databases such as the CCHS provide an opportunity to explore health and 

mental health issues across health regions and investigate general findings and regional 

differences with greater ease.  

Despite the support for using Andersen’s (2008) model to explain mental health 

care utilization, differences amongst provinces suggests limitations in a universal 

understanding of mental health care in Canada. In addition to exploring national trends in 

mental health issues, the findings of this study support the exploration of unique factors 

associated with the utilization of mental health services at a provincial and at a health 

region level. The inability of general models proposed in this study to adequately explain 
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mental health care utilization could be due, in part, to differences among provinces 

and health regions in the factors associated with utilization. Research using Andersen’s 

(2008) model as a guide could assist in exploring the varying influences the factors have 

on utilization within the various health regions and potentially identify predictors that 

were not identified at a national level. When exploring utilization rates across the various 

Peer Groups, five of the thirteen health regions in Saskatchewan (i.e., Sun Country, Five 

Hills, Cypress, Sunrise, Heartland, and Kelsey Trail) fell within the Peer Group of health 

regions with the lowest rate of mental health care utilization. This finding and the 

reported low ratio of mental health care workers within these regions suggests that 

Saskatchewan likely faces significant barriers to mental health care that might not be 

shared amongst the other provinces. The Peer Group classification was based on several 

factors tested in this study (e.g., Aboriginal population size, income of the population, 

rural living). An evaluation of Saskatchewan-specific issues, especially in these specific 

rural health regions, is one example how a regional-focused study could better help build 

an understanding of regional-issues and lead to more specific policy changes. 

Despite the difficulties faced in this dissertation, the need for national-level 

research remains important, and more consistent use of the optional supplemental 

modules related to mental health offered by the CCHS would be beneficial in this 

endeavour. As stated above, choice on optional supplemental modules collected by 

Statistics Canada is currently decided by the various health regions, and as a result can 

lead to localized data for one factor and not others. This practice can limit the utility of 

these data in researching factors related specifically to mental health care and mental 

health issues across Canada. Several optional modules that would have been helpful to 
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include in this study (e.g., social support, health care system satisfaction, patient 

satisfaction) could not be used because they were used by only a small number of health 

regions. Further, the mental health care utilization module, which was of particular 

interest for this dissertation, was limited to only a few provinces (i.e., the Subsample). 

The CCHS is a flexible tool and open to customization. I believe that increased use of 

Statistics Canada data amongst researchers in the social sciences, specifically 

psychology, would influence changes to the CCHS to provide greater consistency and 

accuracy in its focus on mental health. These improvements to the CCHS could be further 

improved with support and guidance from Canadian-wide organizations such as the 

Canadian Psychological Association or Canadian Mental Health Association. Addressing 

some of the limitations in data discussed above and further buy-in from researchers could 

help the CCHS in collecting data to better understand mental health issues and guide 

future policies related to mental health care in Canada. 

Findings from this study provided some support for the public health care model 

in Canada. As seen with both models, individual need variables collectively played the 

largest role in understanding mental health care utilization. When discussing mental 

health care, need should be the greatest predictor in determining if someone obtains help. 

Since predisposing characteristics are considered difficult to change, it can be viewed as a 

positive outcome that they had less association with mental health care utilization. 

Similarly, the factors associated with enabling factors (i.e., income, employment) also 

had negligible associations with mental health care utilization and receiving care from a 

mental health specialist. These findings suggest that the public health care model may 
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protect Canadians from the financial barriers to mental health care of a private health 

care model such as the United States (Lasser et al., 2006; Sareen et al., 2007).  

Although findings from this dissertation suggest that that additional insurance is 

not necessary to access mental health care in Canada, previous findings suggest that a 

number of Canadians are accessing mental health care through private insurance 

coverage or paying for services out-of-pocket (Hunsley et al., 2012). The CCHS provided 

data only about whether or not respondents received care and how often. The CCHS did 

not provide information on wait times, a topic of general interest within the Canadian 

health care system, and a factor that can influence whether or not individuals seek 

privately-funded (i.e., third party insurance, pay out-of-pocket) mental health care 

options. Although it can be taken as a positive sign that respondents received care with 

limited barriers related to economic or predisposing characteristics, it is uncertain from 

the data how long it took for them to receive mental health care. Because treatment 

outcome is influenced by the time between onset and access to care (Aisbett et al., 2007), 

data regarding wait times are important in better understanding and evaluating the 

provision of mental health care.  

Despite the strong influence that factors related to need played in the overall 

understanding of mental health utilization in this study, other factors emerged as having 

strong associations with mental health care use. Whereas some of these factors were 

related to increased use of services (e.g., female sex, sexual orientation, aboriginal 

status), others represent potential barriers to care (e.g., ethnicity, language). One issue 

highlighted when exploring the association between sex and utilization was the 

consideration of who is providing mental health care services. Despite being more likely 
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to seek mental health services, women were less likely to receive that care from 

someone other than their family physician or general practitioner. It is speculated that this 

finding is likely due to sex differences in accessing health care (i.e., women more likely 

to have regular appointments with their family physician). However, further study into 

the pathways of care for mental health services would be beneficial in understanding how 

people come about their mental health care. Who is providing care is an important subject 

to explore, as source of service likely has implications for approaches used (e.g., 

behavioural verses psycho-pharmaceutical), effectiveness of interventions (e.g., relapse 

rates), and cost of care. Additional research is recommended to further explore these sex 

differences in mental health care and their effect. Regardless of the cause, this difference 

between men and women in the source of mental health care likely influences diagnoses, 

treatment approaches, and treatment outcomes for the two groups.  

Sexual orientation was found to have a strong association with mental health care 

utilization, with homo- and bi-sexual respondents having higher rates of utilization. This 

finding suggests the need for additional research to explore the cause of these differences. 

This higher ratio of homo- and bi-sexual individuals utilizing mental health care services 

is consistent with previous research and also suggests the need to evaluate whether or not 

current mental health care practices address the needs of the lesbian, gay, bisexual, and 

transgender (LGBT) community. It has been suggested that a lack of LGBT-specific 

services can be a barrier to care or lead clients to terminate care early (Eady et al., 2011; 

St. Pierre & Senn, 2010). Providing culturally competent care is important for mental 

health care services to provide to their LGBT clients and reduce the likelihood of 

negative experiences reported by LGBT clients who terminate treatment early (Eady et 
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al., 2011). Additional research on the barriers faced by the LGBT community could 

guide policies and education to improve mental health care services for this population. 

Aboriginal respondents also reported a higher rate of mental health care 

utilization within the overall population. Other researchers have explored factors 

associated with this increased mental health care service use amongst Aboriginal people 

(MacMillan, MacMillan, Offord, & Dingle, 1996; Standing Senate Committee on 

Aboriginal Peoples, 2003). However, one finding from the current study contradicted 

these findings. Health regions classified within Peer Group D included rural health 

regions with moderate Aboriginal populations. This Peer Group stood out from the others 

with low rates of mental health utilization. It is speculated that this finding suggests a 

potential discrepancy in utilization rates between rural and urban Aboriginal populations. 

This finding also might highlight a limitation to CCHS data regarding Aboriginal 

populations. The CCHS does not solicit respondents on Aboriginal reservations in 

Canada; therefore on-reserve Aboriginals are likely under-represented in relation to the 

Aboriginal population as a whole. Research including on-reserve Aboriginal populations 

might affect utilization rates of the Aboriginal population as a whole. Further research 

would also assist in identifying factors associated with the discrepancy in utilization rates 

within the Aboriginal population, highlight differences in the type of care they are 

receiving, and treatment outcome to better guide mental health care policies related to 

this diverse population.  

Respondents who identified themselves as a visible minority were less likely to 

receive mental health care than Caucasian respondents. This finding paired with the 

finding that allophones (i.e., respondents who do not speak one of the official languages 
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of Canada) also have decreased utilization suggests potential barriers to mental health 

care for ethnic minorities in Canada. As the rate of immigration increases and the 

proportion of ethnic minorities increases (Ministry of Industry, 2007b), the need to 

address cultural and language barriers to care become more important. Research 

exploring care in the diverse cultural-linguistic backgrounds of Torontonians has 

identified mental health care strategies that are not always culturally appropriate 

(Jacobson & Farah, 2012). Although allophones made up only a small portion of 

Canadians in the CCHS – 2007/2008 data, recent census data have reported an increased 

proportion of allophones in Canada (Minister of Industry, 2007b). As the number of 

Canadians at risk of facing cultural or language barriers increases, so too does the 

likelihood of individuals in need of care not accessing services. Findings from this 

dissertation suggest a need to provide mental health care service in languages beyond the 

two official languages of Canada. Service providers could utilize data from the CCHS 

specific to their health region to determine the level of need for services in other 

languages. Such data can also help build an understanding of the different ethnic group 

communities they serve to help tailor ethnically sensitive training for mental health 

professionals in that health region.   

The goal of this study was to provide a model of mental health care utilization in 

Canada. Although important findings emerged from this dissertation, so too did new 

questions about barriers to care. As the effects of mental health issues continue to gain 

prominence, discussion on the topic of mental health care will likely increase in the 

coming years. Despite some positive findings regarding mental health care utilization in 

Canada, it is estimated that half of those in need of mental health care do not receive it 
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(Lessage et al., 2006). To benefit from therapy, an individual must first access care. 

However, many who suffer from psychological distress face deterrents that limit them 

from seeking care (Bearse, McMinn, Seegobin, & Free, 2013; Hunsley et al., 1999). 

It is estimated that the cost of mental health to the Canadian economy is over 51 

billion dollars annually including the cost of medical resources, decreased productivity, 

and decreased health-related quality of life (Lim, Jacobs, Ohinmaa, Schopflocher, & 

Dewa, 2008). Further, psychological interventions are believed to be more cost-effective 

than drug treatment and offset the cost of using other health care services (Hunsley, 

2003). As a result, there is a growing interest amongst policy makers to explore mental 

health issues. Therefore, policies related to mental health care must be increasingly 

examined and challenged.  

In order to be more effective, policies should be guided by good research using 

accurate data. Findings from surveys such as the CCHS provide the prospect for a greater 

understanding of mental health and mental health care in Canada, as well as an 

unparalleled opportunity to explore factors related to mental health care on both a 

national and local level.  These findings can provide policy makers with the necessary 

data that is crucial in ensuring the effectiveness of their decisions. This dissertation 

provided further support for the use of Andersen’s (2008) multi-factor Behavioural 

Model of Health Care Use in examining barriers to mental health care. Although much of 

the variation in mental health utilization could not be explained, the models used 

successfully highlighted several factors in addition to individual need (e.g., number of 

physician visits, sex, sexual orientation, age, minority status) as worthy of consideration 

when exploring policies related to mental health care utilization in Canada.   



 151 

References 

Aisbett, D. L., Boyd, C. P., Francis, K.J, Newnham, K., & Newnham, K. (2007). 

Understanding barriers to mental health service utilization for adolescents in rural 

Australia. Rural and Remote Health, 7. Retrieved October 23, 2009 from 

http://www.rrh.org.au/publishedarticles/article_print_624.pdf 

Andersen, R. M. (1995). Revisiting the Behavioral Model and access to medical care: 

Does it matter? Journal of Health and Social Behavior, 36, 1-10. 

Andersen, R. M. (2008). National Health Surveys and the behavioral model of health 

services use. Medical Care, 46, 647-653.  

Bearse, J. L., McMinn, M. R., Seegobin, W., & Free, K. (2013). Barriers to psychologists 

seeking mental health care. Professional Psychology: Research and Practice, 1-8. 

Béland, Y. (2002). Canadian Community Health Survey – Methodological overview. 

Health Reports, 13(3). Retrieved August 29, 2009 from 

http://prod.library.utoronto.ca:8090/datalib/codebooks/cstdli/cchs/2001/summarye.

pdf 

Berghofer, G., Schmidl, F., Rudas, S., Steiner, E., & Schmitz, M. (2002). Predictors of 

treatment discontinuity in outpatient mental health care. Social Psychiatry and 

Psychiatric Epidemiology, 37, 276-282.   

Bertakis, K., Azari, R., Helmes, L. J., Callahan, E. J., & Robbins, J. A., (1999). Gender 

differences in the utilization of health care services. The Journal of Family 

Practice, 49, 147-152. 

  



 152 

Bonin, J-P., Fournier, L., & Blais, R. (2007). Predictors of mental health service 

utilization by people using resources for homeless people in Canada. Psychiatric 

Services, 58, 936-941. 

Boscarino, J. A., Galea, S., Ahern, J., Resnick, H., & Vlahov, D. (2002). Utilization of 

mental health services following the September 11
th

 terrorist attacks in Manhattan, 

New York City. International Journal of Emergency Mental Health, 4, 143-155. 

Canadian Psychological Association. (1999). Geographical Locations Survey of Clinical 

Psychologists in Canada. Retrieved October 16, 2012 from 

http://www.cpa.ca/documents/geographic_survey.html 

Chaput, Y. J. A., & Lemel, M-J. (2007). Demographic and clinical profiles of patients 

who make multiple visits to psychiatric emergency serves. Psychiatric Services, 58, 

335-341. 

Chinn, S. (2000). A simple method for converting an odds ratio to effect size for use in 

meta-analysis. Statistics in Medicine, 19, 3127-3131. 

Cohen, J. (1992). A power primer. Psychological Bulletin, 122, 155–159. 

Cole, E., Stevenson, M., & Rodgers, B. (2009). The influence of cultural health beliefs on 

self-reported mental health status utilization in an ethnically diverse sample of older 

adults. Journal of Feminist Family Therapy, 21, 1-17. 

Conn, D. (2002). Mental health issues of particular groups: seniors living in long-term 

care facilities. Writings in Gerontology: Mental Health and Aging, 18, 81–96. 

Data Library Services – University of Regina. (n.d.). Weight variables in the General 

Social Survey (GSS): how should they be used? Retrieved August 27, 2009 from 

http://uregina.ca/library/weight.html 



 153 

Department of Health Services. (2009). What is health services research? Retrieved 

October 23, 2009 from http://depts.washington.edu/hserv/hs-research-definitions 

Drapeau, A., Lesage, A., & Boyer, R. (2005). Is the statistical association between sex 

and the use of services for mental health reasons confounded or modified by social 

anchorage? Canadian Journal of Psychiatry, 50, 599-604. 

Eady, A., Dobinson, C., & Ross, L. E. (2011). Bisexual people’s experience with mental 

health services: A qualitative investigation. Community Mental Health Journal, 47, 

378-389. 

Farrer, L., Leach, L., Griffiths, K. M., Christensen, H., & Jorn, A. F. (2008). Age 

differences in mental health literacy. BMC Public Health, 8. Retrieved October 24, 

2009 from http://www.biomedcentral.com/1471-2458/8/125 

Fasoli, D. R., Glickman, M. E., & Eisen, S. V. (2010). Predisposing characteristics, 

enabling resources and need as predictors of utilization and clinical outcomes for 

veterans receiving mental health services. Medical Care, 48, 288-295. 

Field, A. P. (2009). Discovering Statistics Using SPSS (3
rd

 ed.). London: Sage 

Publishing. 

Fleury, M-J., Grenier, G., Bamvita, J-M, & Caron, J. (2011). Mental health service 

utilization among patients with severe mental disorders. Community Mental Health 

Journal, 47, 365-377. 

Folsom, D. P., Hawthorn, W., Lindamer, L., Gilmer, T., Bailey, A., Golshan, S., et al. 

(2005). Prevalence and risk factors for homelessness and utilization on mental 

health services among 10,340 patients with serious mental illness in a large public 

mental health system. American Journal of Psychiatry, 162, 370-376. 



 154 

Folsom, D. P., Gilmer, T., Barrio, C., Moore, D. J., Bucardo, J., Lindamer, L. A., et 

al. (2007). A longitudinal study of the use of mental health services by persons with 

serious mental illness: Do Spanish-speaking Latinos differ from English-speaking 

Latinos and Caucasians? American Journal of Psychiatry, 164, 1173-1180. 

Forchuk, C., Brown, S. A., Schofield, R., & Jensen, E. (2008). Perceptions of health and 

health service utilization among homeless and housed psychiatric 

consumer/survivors. Journal of Psychiatric and Mental Health Nursing, 15, 399-

407. 

Gagné, C., Roberts, G., & Keown, L.A. (2011). Weighted Estimation and Bootstrap 

Variance Estimation for Analysing Survey Data: How to implement in selected 

software [Draft]. Statistics Canada.  

Golberstein, E., Eisenberg, D., & Gollust, S. E. (2008). Perceived stigma and mental 

health care seeking. Psychiatric Services, 59, 392-399. 

Goldsmith, L. (2002). A critical history of Andersen's Behavioral Model of Health 

Services Use: A Reflection of how we study access to health care. Retrieved 

October 23, 2009 from 

http://gateway.nlm.nih.gov/MeetingAbstracts/ma?f=102274156.html 

Goodwin, R., & Andersen, R. M. (2002). Use of the Behavioral Model of Health Care 

Use to identify correlates of use of treatment for panic attacks in the community. 

Social Psychiatry and Psychiatric Epidemiology, 37, 212-219.  

Hanson, L., Houde, D., McDowell, M., & Dixon, L. (2007). A population-based needs 

assessment for mental health services. Administration and Policy in Mental Health 

and Mental Health Services Research, 34, 233-242. 



 155 

Henshaw, E. J., & Freedman-Doan, C. R. (2009). Conceptualizing mental health care 

utilization using the Health Belief Model. Clinical Psychology: Science and 

Practice, 16, 420-439. 

Hunsley, J. (2003). Cost-effectiveness and medical cost-offset considerations in 

psychological service provision, Canadian Psychology, 44, 61-73. 

Hunsley, J., Lee, C. M., & Aubry, T. (1999). Who uses psychological services in 

Canada? Canadian Psychology, 40, 232-240. 

Hunsley, J., Ronson, A., & Cohen, K. R. (2012). Professional psychology in Canada: A 

survey of demographic and practice characteristics. Professional Psychology: 

Research and Practice. Advance online publication. doi: 10.1037/a0029672 

Iron, K., & Goel, V. (1998). Sex difference in factors related to hospital utilization: 

Results from the 1990 Ontario Health Survey. Journal of Women’s Health, 7, 359-

369. 

Jacobson, N., & Farah, D. (2012). Recovery through the lens of cultural diversity. 

Psychiatric Rehabilitation Journal, 35, 333-335. 

Jones, K., Colson, P. W., Holter, M. C., Lin, S., Valencia, E., Susser, E., & Wyatt, R. J. 

(2003). Cost-effectiveness of critical time intervention to reduce homelessness 

among persons with mental illness. Psychiatric Services, 54, 884-890. 

Kline, R. B. (2005). Principles and practice of structural equation modelling (2nd ed.). 

New York: Guilford Press. 

  



 156 

Lasser, K. E., Himmelstein, D. U., & Woolhandler, S. (2006). Access to care, health 

status, and health disparities in the United States and Canada: Results of a cross-

national population-based survey. American Journal of Public Health, 96, 1300-

1307. 

Leaf, P. J., Bruce, M. L., Tischler, G. L., Freeman, D. H., Weissman, M. M., & Myers, J. 

K. (1988). Factors affecting the utilization of special and general medical mental 

health services. Medical Care, 26, 9-26. 

Lefebvre, J., Lesage, A., Cyr, M., Toupin, J., & Fournier, L. (1998). Factors related to 

utilization of services for mental health reasons in Montreal, Canada. Social 

Psychiatry and Psychiatry Epidemiology, 33, 291-297. 

Lemming, M. R., & Calsyn, R. J. (2006). Ability of the Behavior Model to predict 

utilization of five services by individuals suffering from severe mental illness and 

homelessness. Journal of Social Service Research, 32, 153-172. 

Lesage, A., Vasiliadis, H. -M., Gagné, M. -A., Dudgeon, S., Kasman, N., & Hay, C. 

(2006). Prevalence of mental illnesses and related service utilization in Canada: 

An analysis of the Canadian Community Health Survey. A report for the Canadian 

Collaborative Mental Health Initiative. 

Lim, K. L., Jacobs, P., Ohinmaa, A., Schopflocher, D., & Dewa, C. S. (2008). A new 

population-based measure of the economic burden of mental illness in Canada. 

Chronic Diseases in Canada, 28, 92-98. 

  



 157 

Lunsky, Y., Garcin, N., Morin, D., Cobigo, V., & Bradley, E. (2007). Mental health 

services for individuals with intellectual disabilities in Canada: Findings form a 

national survey. Journal of Applied Research in Intellectual Disabilities, 20, 439-

447. 

Lynch, D. J., McGrady, A. V., Nagel, R. W., & Wahl, E. F. (2007). The patient-physician 

relationship and medical utilization. The Primary Care Companion to the Journal 

of Clinical Psychiatry, 9, 266-270. 

Mach, L., Dumais, J., & Robidou, L. (2005). A study of the properties of a bootstrap 

variance estimator under sampling without replacement. Retrieved October 23, 

2009 from http://www.fcsm.gov/05papers/Mach_Dumais_Robidou_VA.pdf 

MacMillan, H. L., MacMillan, A. B., Offord, D. R., & Dingle, J. L. (1996). Aboriginal 

health. Canadian Medical Association Journal, 155, 1569-1678.  

Mann, M., Hosman, C. M. H., Schaalma, H. P., & de Vries, N. K. (2004). Self-esteem in 

a broad-spectrum approach for mental health promotion. Health Education 

Research, 19, 357-372. 

Massé, R., Poulin, C., Dassa, C, Lambert, J., Bélair, S, & Battaglini, M. A. (1998). 

Élaboration et validation d’un outil de mesure de la détresse psychologique dans 

une population non clinique de Québécois francophones, Canadian Review of 

Public Health, 89, 183–189. 

McLeod, L. (2004). Health Region Peer Group 2003. Retrieved October 23, 2009 from 

http://secure.cihi.ca/indicators/2005/en/downloads/workingpaper.pdf 

http://secure.cihi.ca/indicators/2005/en/downloads/workingpaper.pdf


 158 

Meyer, I. H. (2003). Prejudice, social stress, and mental health in lesbian, gay, and 

bisexual populations: Conceptual issues and research evidence. Psychological 

Bulletin, 129, 674-697. 

Ministry of Industry. (2007a). The Research Data Centres Researcher Guide. Statistics 

Canada: Ottawa.  

Minister of Industry. (2007b). The Evolving Linguistic Portrait, 2006 Census. Statistics 

Canada: Ottawa. 

Patten, S. B. (2004). Major depression and mental health care utilization in Canada: 1994 

to 2000. Canadian Journal of Psychiatry, 49, 303-309. 

Pescosolido, B. A., Wright, E. R., Alegria, M., & Vera, M. (1998). Social networks and 

patterns of use among the poor with mental health problems in Puerto Rico. 

Medical Care, 36, 1057-1072. 

Pietrzak, R. H., Johnson, D. C., Goldstein, M. B., Malley, J. C., & Southwick, S. M. 

(2009). Received stigma and barriers to mental health care utilization among OEF-

OIF veterans. Psychiatric Services, 60, 1118-1122. 

Pickard, J. G., & Guo, B. (2008). Clergy as mental health service providers to older 

adults. Aging and Mental Health, 12, 615-624. 

Power, T. J., Eiraldi, R. B., Clarke, A. T., & Mazzuca, L. B. (2005). Improving mental 

health service utilization for children and adolescents. School Psychology 

Quarterly, 20, 187-205. 

Privacy Act. 1980-81-82-83, c. 111, Sch. II "1". 

  



 159 

Quan, H., Fong, A., De Coster, C., Wang, J., Musto, R., Noseworthy, T.W., & Gahli, 

W.A. (2006). Variation in health services utilization among ethnic populations. 

Canadian Medical Association Journal, 174, 787-791. 

Rao, J. N. K., and A. J. Scott. 1984. On chi-squared tests for multiway contingency tables 

with cell proportions estimated from survey data. Annals of Statistics, 12, 46-60. 

Sareen, J., Jagdeo, A., Cox, B. J., Clara, I., ten Have, M., Belik, S-L., de Graaf, R., & 

Stein, M. B. (2007). Perceived barriers to mental health service utilization in the 

United States, Ontario, and the Netherlands. Psychiatric Services, 58, 357-364. 

 

Schonbrun, Y. C., & Whisman, M. A. (2010). Marital distress and mental health care 

service utilization. Journal of Consulting and Clinical Psychology, 78, 732-736. 

Standing Senate Committee on Aboriginal Peoples. (2003, October). Urban Aboriginal 

Youth: An Action Plan for Change. Retrieved November 28, 2012 from 

http://www.parl.gc.ca/Content/SEN/Committee/372/abor/rep/repfinoct03-e.htm 

StataCorp. (2011). Stata: Release 12. Statistical Software. College Station, TX: 

StataCorp LP. 

Sirey, J. A., Bruce, M. L., Alexopoulos, G.S., Perlick, D.A., Raue, P., Friedman, S.J., & 

Meyers, B.S. (2001). Perceived stigma as a predictor of treatment discontinuation 

in young and older outpatients with depression. American Journal of Psychiatry, 

158, 479-481. 

Snowden, L. R. (2003). Bias in mental health assessment and intervention: Theory and 

evidence. American Journal of Public Health, 93, 239-243. 

Statistics Act. 1970-71-72, c. 15, s. 1. 



 160 

St. Pierre, M., & Senn, C. Y. (2010). External barriers to help-seeking encountered by 

Canadian gay and lesbian victims of intimate partner abuse: An application of the 

Barriers Model. Violence and Victims, 25, 536-552 

Statistics Canada. (n.d.). Estimation of the variation using bootstrap weights user’s guide 

for the BOOTVARE_V30.SPS program (Version 3.0). Retrieved August 27, 2009 

rom http://www.statcan.gc.ca/rdc-cdr/SPSSBootvar_v30_20090505.zip  

Statistics Canada. (2006). Canadian Community Health Survey (CCHS) Cycle 3.1 

(2005): Public use microdata file (PUMF) user guide. Retrieved August 27, 2009 

from http://www.statcan.gc.ca/dli-ild/meta/cchs-escc/cycle3-1/guide-eng.pdf 

Statistics Canada. (2007). Canadian Community Health Survey, 2005 (3.1) dummy 

variables for remote access to the master files. Retrieved August 27, 2009 from 

http://prod.library.utoronto.ca/datalib/codebooks/cstdli/cchs/cycle3_1/Documentati

on/GUIDE_E.PDF 

Statistics Canada. (2009a). What is the Data Liberation Initiative (DLI)? Retrieved 

August 27, 2009 from http://www.statcan.gc.ca/dli-ild/about-apropos-eng.htm 

Statistics Canada. (2009b). Canadian Community Health Survey (CCHS) – Annual 

Component. User guide 2007-2008 microdata files. [Digital Guide] 

Statistics Canada. (2009c). Privacy Notice. Retrieved August 27, 2009 from 

http://www.statcan.gc.ca/reference/privacy-privee-eng.htm 

Statistics Canada (2009d). Canadian Community Health Survey (CCHS) 2008 (Annual 

component) and 2007-2008. Derived Variable (DV) Specifications   Master and 

share files and Public Use Microdata File (PUMF). [Digital Guide] 

  

http://www.statcan.gc.ca/dli-ild/meta/cchs-escc/cycle3-1/guide-eng.pdf


 161 

Steele, L. S., Glazier, R. H., & Lin, E. (2006). Inequality in mental health care under 

Canadian universal health coverage. Psychiatric Services, 57, 317-324. 

Stephens, T., Dulberg, C., & Joubert, N. (1999). Mental health of the Canadian 

population: A comprehensive analysis. Chronic Diseases in Canada, 20, 118-126. 

Taylor, S. L., Burnam, M. A., Sherbourne, C., Andersen, R., & Cunningham, W. E. 

(2004). The relationship between type of mental health provider and met and unmet 

mental health needs in a nationally representative sample of HIV-positive patients. 

Journal of Behavioral Health Services and Research, 31, 149-163. 

Thompson, A. H. (2005). Variations in the prevalence of psychiatric disorders and social 

problems across Canadian provinces. Canadian Journal of Psychiatry, 50, 637-642. 

Van der Veden, P. G., Grievink, L., Kleber, R. J., Drogendijk, A. N., Roskam, A.-J. R., 

Marcelissen, F. G. H., Olff, M., Meewisse, M. L., & Gersons, B. P. R. (2006). Post-

disaster mental health problems and the utilization of mental health services: A 

four-year longitudinal comparative study. Administration and Policy in Mental 

Health and Mental Health Services Research, 33, 279-288. 

Vasiliadis, H-L., Lesage, A. Adair, C., & Boyer, R. (2005). Service use for mental health 

reasons: Cross-provincial differences in rates, determinants, and equity of access. 

Canadian Journal of Psychiatry, 50, 614-619.  

Vasiliadis, H-M., Lesage, A., Adair, C. Wang, P. S., & Kessler, R. C. (2007). Do Canada 

and the United States differ in prevalence of depression and utilization of services? 

Psychiatric Services, 58, 58-63. 

  



 162 

Wuensch, K. L. (2011). Binary Logistic Regression with PASW/SPSS. Retrieved 

December 1, 2012 from http://core.ecu.edu/psyc/wuenschk/MV/Multreg/Logistic-

SPSS.pdf. 

Ziller, E. C., Anderson, N. J., & Coburn, A. F. (2010). Access to rural mental health 

services: Service use and out-of-pocket costs. The Journal of Rural Health, 26, 

214-224. 

  



 163 

Appendix A 

Copy of Acceptance Letter from SSHRC 

  



 164 



 165 

Appendix B 

 

 

Figure 5. Map of Health Region Peer Groups
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Appendix C 

Hierarchical Multiple Linear Regression Analyses 

To supplement findings from the hierarchical logistic models using the outcome variables 

consultation with a psychologist and subsample respondents receiving mental health care 

used in the second phase of the study, two hierarchical linear regression models 

operationalizing utilization by the number of consultations in the past year for each 

outcome variable were also tested. For these models, standardized coefficients (β) were 

examined to compare and contrast the contribution each predictor variable had on each 

model. The adjusted R-squared (Adj. R
2
) were reported to indicate the amount of variance 

in utilization is explained by the model, and the change in R
2
 (ΔR

2
) were reported to 

outline the impact of each step. The hierarchical block-wise multiple regression analyses 

served as confirmatory analyses to the logistic regressions, and therefore only statistically 

significant and important findings were discussed. 

The first model involved a hierarchical linear regression analysis was performed 

using the number of consultations with a psychologist as the outcome variable. The 12 –

predictor model were not as successful in explaining the variance in utilization (Adj. R
2
 = 

.046) as the logistic regression used in the second phase of the study. Similar to the 

logistic regression analysis, the second block of variables related to need (i.e., self-rated 

mental health, life stress, Psychological Well-Being Scale score) had the largest 

collective influence on the model. Self-rated mental health and the number of physician 

visits continued to make the most individual contributions to the model (β = .133 and β =  

.101 respectively). However, unlike the logistic regression model, an individual’s age, 

which was the third highest contributor to the logistic regression model, did not have a 
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statistically significant impact on the model for number of consultations with a 

psychologist (β = .003). Sex, which was not a statistically significant contributor in the 

logistic regression model, was the third highest contributor to the linear regression model 

(β = -.039; Table 29).  

A hierarchical linear regression analysis was performed using the number of 

mental health care consultations within the Subsample in the previous twelve months as 

the outcome variable. The variance explained by this model less than that of the 

corresponding logistic regression model used in the second phase of the study, Adj. R
2
 = 

.209 verses Adj. R
2
 =.042 (Table 29). Unlike the corresponding logistic regression model 

in the second phase of the study, the block of predictors related to need did not have the 

strongest influence on the linear regression model. The block that included individual 

predisposing predictors (i.e., age, sex, relationship status, and visible minority) made a 

greater impact for number of consultations than the step with need-related predictors in 

the linear regression model, ΔR
2 

= .019 and ΔR
2 

= .016 respectively. Further, the enabling 

predictors (i.e., household income decile, hours worked in a week) which made 

statistically significant individual contributions in the logistic model, did not made 

statistically significant individual contributions to the linear regression model, β = -.002 

and -.003 respectively. The predictors that made the greatest contribution to the final 

linear regression model for number of consultations with a mental health care 

professional in the previous twelve months included number of physician visits (β = 

.391), sedentary activity level (β = .117), and sex (β = .108; Table 30). 
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Table 29 

Linear Regression for Number of Consultations with a Psychologist (N = 304,649) 

 

 Step 1 Step 2 Step 3 Step 4 

Adj. R
2
 .017 .044 .044 .046 

ΔR
2
 -- .027 .000 .002 

Predictors β B (S.E.) β B (S.E.) β B (S.E.) β B (S.E.) 

General Health .040*** .037 (.002) -.028*** -.026 (.002) -.029*** -.027 (.002) -.018*** -.017 (.002) 

Sedentary Activity .021*** .009 (.001) .012*** .005 (.001) .013*** .005 (.001) .014*** .006 (.001) 

Physician Visits .111*** .022 (.000) .104*** .024 (.000) .105*** .021 (.000) .101*** .020 (.002) 

S-R Mental Health   .131*** .126 (.002) .131*** .126 (.002) .133*** .128 (.002) 

Psyc. Well-Being   -.074*** -.005 (.000) -.074*** -.005 (.000) -.068*** -.004 (.000) 

Life Stress   .018*** .015 (.002) .017*** .015 (.002) .014*** .012 (.001) 

Hrs work / wk     .007*** .000 (.000) .019*** .001 (.000) 

HH Income Decile     -.003 -.001 (.001) .003 .001 (.001) 

Relationship Status       -.007*** -.013 (.004) 

Age       -.039*** -.012 (.001) 

Sex       .029*** .048 (.003) 

Visible Minority       .011*** .045 (.007) 

Note. B (S.E.) = Regression Coefficient (Standard Error) 

**p < .01. ***p < .001. 
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Table 30 

Linear Regression for Number of Consultations for Mental Health Care (N = 304,649) 

 

 Step 1 Step 2 Step 3 Step 4 

Adj. R
2
 .175 .189 .190 .209 

ΔR
2
 -- .016 .001 .019 

Predictors β B (S.E.) β B (S.E.) β B (S.E.) β B (S.E.) 

General Health .028*** .097 (.019) -.017** -.060 (.060) -.015** -.054 (.020) -.025*** -.087 (.021) 

Sedentary Activity .095*** .161 (.009) .089*** .015 (.009) .094*** .159 (.009) .117*** .198 (.009) 

Physician Visits .386*** .208 (.003) .385*** .207 (.003) .385*** .207 (.003) .391*** .210 (.003) 

S-R Mental Health   .090*** .327 (.022) .089*** .326 (.022) .084*** .305 (.022) 

Psyc. Well-Being   .005 .001 (.001) .007 .005 (.000) .007 .001 (.001) 

Life Stress   .090*** .319 (.018) .085*** .302 (.019) .081*** .286 (.019) 

Hrs work / wk     .022*** .005 (.001) -.003 -.001 (.001) 

HH Income Decile     .001 .001 (.006) -.002 -.003 (.006) 

Relationship Status       -.003 -.017 (.034) 

Age       .071*** .092 (.007) 

Sex       .108*** .683 (.032) 

Visible Minority       .038*** .446 (.060) 

Note. B (S.E.) = Regression Coefficient (Standard Error) 

p < .01. ***p < .001. 
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Appendix D 

Supplementary Tables and Figures 
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Table 31 

Odds Ratios from Logistic Regression for Consultation with a Psychologist (N = 

304,649) 

 

 Step 1 Step 2 Step 3 Step 4 

Model 
χ

2
(3) = 

3806.11*** 

χ
2
(6) = 

9721.52*** 

χ
2
(8) = 

10336.83*** 

χ
2
(12) = 

11250.33*** 

Step 
χ

2
(3) = 

3806.11*** 

χ
2
(3) = 

5915.41*** 

χ
2
(2) = 

615.31*** 

χ
2
(4) = 

913.50*** 

Goodness of 

Fit 

χ
2
(8) = 

1493.33*** 

χ
2
(8) = 

1486.01*** 

χ
2
(8) = 

2770.93*** 

χ
2
(8) = 

4427.45*** 

Negelkerke R
2
 .050 .126 .134 .145 

Predictors OR (95% CI) OR (95% CI) OR (95% CI) OR (95% CI) 

General 

Health 

1.243 (1.216, 

1.271) 

0.854 (0.833, 

0.876) 

0.890 (0.868, 

0.913) 

0.936 (0.912, 

0.961) 

Sedentary 

Activity 

1.128 (1.116, 

1.140) 

1.444 (1.099, 

1.123) 

1.107 (1.095, 

1.119) 

1.109 (1.097, 

1.122) 

Physician 

Visits 

1.083 (1.080, 

1.086) 

1.082 (1.079, 

1.085) 

1.082 (1.079, 

1.085) 

1.082 (1.079, 

1.085) 

Perceived 

Mental Health 
 

2.147 (2.090, 

2.206) 

2.256 (2.195, 

2.319) 

2.294 (2.231, 

2.358) 

Psyc. Well-

Being 
 

0.991 (0.989, 

0.992) 

0.990 (0.989, 

0.992) 

0.991 (0.989, 

0.992) 

Life Stress  
1.249 (1.217, 

1.281) 

1.250 (1.219, 

1.282) 

1.260 (1.228, 

1.292) 

Hrs work / wk   
0.993 (.992, 

0.995) 

0.993 (0.991, 

0.994) 

HH Income 

Decile 
  

1.107 (1.098, 

1.116) 

1.106 (1.097, 

1.116) 

Relationship 

Status 
   

1.583 (1.501, 

1.669) 

Age    
0.910 (0.902, 

0.918) 

Sex    
0.978 (0.935, 

1.023) 

Visible 

Minority 
   

2.079 (1.928, 

2.243) 
Note. ***p < .001
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Table 32 

Odds Ratios from Logistic Regression for Mental Health Care (N = 304,649) 

 

 Step 1 Step 2 Step 3 Step 4 

Model 
χ

2
(3) = 

12502.86*** 

χ
2
(6) = 

39779.84*** 

χ
2
(8) = 

41050.80*** 

χ
2
(12) = 

44046.04*** 

Step 
χ

2
(3) = 

12502.86*** 

χ
2
(3) = 

27276.98*** 

χ
2
(2) = 

1270.96*** 

χ
2
(4) = 

2995.24*** 

Goodness of 

Fit 

χ
2
(8) = 

3538.01*** 

χ
2
(8) = 

4387.29*** 

χ
2
(8) = 

2156.25*** 

χ
2
(8) = 

1203.59*** 

Negelkerke 

R
2
 

.081 .246 .253 .271 

Predictors OR (95% CI) OR (95% CI) OR (95% CI) OR (95% CI) 

General 

Health 

1.316 (1.299, 

1.333) 

0.834 (0.821, 

0.847) 

0.846 (0.833, 

0.860) 

0.921 (0.906, 

0.936) 

Sedentary 

Activity 

1.050 (1.044, 

1.057) 

1.013 (1.006, 

1.020) 

0.996 (0.989, 

1.003) 

0.995 (0.988, 

1.002) 

Physician 

Visits 

1.105 (1.103, 

1.107) 

1.112 (1.109, 

1.114) 

1.107 (1.104, 

1.109) 

1.098 (1.096, 

1.101) 

Perceived 

Mental Health 
 

2.302 (2.263, 

2.341) 

2.303 (2.264, 

2.342) 

2.348 (2.307, 

2.389) 

Psyc. Well-

Being 
 

0.970 (0.969, 

0.971) 

0.970 (0.969, 

0.971) 

0.973 (0.972, 

0.974) 

Life Stress  
1.331 (1.310, 

1.352) 

1.358 (1.337, 

1.380) 

1.345 (1.324, 

1.367) 

Hrs work / wk   
0.983 (0.983, 

0.984) 

0.989 (0.988, 

0.990) 

HH Income 

Decile 
  

0.994 (0.990, 

0.999) 

1.016 (1.011, 

1.021) 

Relationship 

Status 
   

1.005 (0.976, 

1.036) 

Age    
0.900 (0.895, 

0.905) 

Sex    
1.457 (1.418, 

1.497) 

Visible 

Minority 
   

1.901 (1.807, 

2.000) 

Note. ***p < .001
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Table 33 

Ratio of Registered Psychologists to Population and Utilization Rates Across Provinces 

Province/Territory Population 

(1996) 

Number of 

Psychologists 

(~ 1999) Ratio 

Utilization 

Rates (CCHS 

- 2007/2008) 

Ontario 10,753,573 2,005 5,363 (6
th

) 2.3% (T-7
th

) 

Quebec 7,138,795 6,184 1,154 (1
st
) 5.3% (1

st
) 

British Columbia 3,724,500 822 4,531 (4
th

) 3.3% (T-3
rd

) 

Alberta 2,696,826 1,417 1,903 (2
nd

) 3.8% (2
nd

) 

Manitoba 1,113,898 206 5,407 (7
th

) 2.6% (6
th

) 

Saskatchewan 990,237 70 14,146 (10
th

) 2.3% (T-7
th

) 

Nova Scotia 909,282 196 4,639 (5
th

) 3.3% (T-3
rd

) 

New Brunswick 738,133 177 4,170 (3
rd

) 2.9% (5
th

) 

Newfoundland 551,792 79 6,985 (8
th

) 1.9% (9
th

) 

Prince Edward Island 134,557 16 8,410 (9
th

) 1.1% (10
th

) 

Note. Population, number of psychologists, and ratio data from CPA, 1999. Utilization 

rates from CCHS -2007/2008.
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Figure 6. Utilization rates across age group 


